A study of how Virginia school leaders use student achievement data in decision making by Hutton, Susan Ann
W&M ScholarWorks 
Dissertations, Theses, and Masters Projects Theses, Dissertations, & Master Projects 
2007 
A study of how Virginia school leaders use student achievement 
data in decision making 
Susan Ann Hutton 
William & Mary - School of Education 
Follow this and additional works at: https://scholarworks.wm.edu/etd 
 Part of the Educational Administration and Supervision Commons 
Recommended Citation 
Hutton, Susan Ann, "A study of how Virginia school leaders use student achievement data in decision 
making" (2007). Dissertations, Theses, and Masters Projects. Paper 1550154097. 
https://dx.doi.org/doi:10.25774/w4-qz9z-0186 
This Dissertation is brought to you for free and open access by the Theses, Dissertations, & Master Projects at W&M 
ScholarWorks. It has been accepted for inclusion in Dissertations, Theses, and Masters Projects by an authorized 
administrator of W&M ScholarWorks. For more information, please contact scholarworks@wm.edu. 
A STUDY OF HOW VIRGINIA SCHOOL LEADERS USE 
STUDENT ACHIEVEMENT DATA IN DECISION MAKING
A Dissertation 
Presented to 
The Faculty of the School of Education 
The College of William and Mary
In Partial Fulfillment of the 
Requirements for the Degree 
Doctor of Philosophy
By
Susan Ann Hutton 
October 2007
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
©2007 
Susan Ann Hutton 
ALL RIGHTS RESERVED
ii
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
A Study of How Virginia School Leaders Use 
Student Achievement Data in Decision Making
by
Susan Ann Hutton
Approved October, 2007 by
Jamesj/L Stronge, Ph.D.
Chairperson of Dissertation Committee
Christopher R. Gareis, Ed.D.
Thomas J. W ^kdr., Ph.D.
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
DEDICATION
I dedicate this study to my parents, John (in memory) and Gisela Hutton, who 
love me unconditionally and always believe in me, and to my husband, Chris O’Beime, 
for his patience and loving support by being by my side during every step of this journey. 
I am blessed to have been bom to such wonderful parents and honored to have my best 
friend, Chris, as my husband.
iv
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
ACKNOWLEDGEMENTS 
I wish to acknowledge the people who have guided me during this process. First, I 
am extremely grateful to my doctoral committee members. To my Chair, Dr. James 
Stronge, thank you for your encouragement, your patience, and your feedback. I will 
remain grateful that you served as my doctoral chairperson. Dr. Thomas Ward, I 
appreciate your time and suggestions, especially with my survey and statistical analysis. 
Your guidance helped me immensely. Dr. Christopher Gareis, thank you for your 
attention to detail and always challenging my thinking. You helped me solidify and 
extend my learning throughout my coursework and this process.
Additionally, I thank the Hutton, O’Beime, and Dillon families for your patience, 
encouragement, and understanding during this journey. I could have not completed this 
undertaking without the support from all of you. A special thank you to Kay O’Beime, 
for providing a comforting, loving atmosphere while I worked on this project.
I also wish to recognize the many friends and colleagues who have helped me 
during this process and were compassionate about my “always having school work to 
do.” Thank you for checking on me and offering support. Importantly, I would like to 
thank Elizabeth Crawford for her never-ending encouragement and advice. The 
adventure we shared is unforgettable and the friendship we formed is priceless. My 
mentor and friend, Susan Rhew, provided feedback and offered motivation. I thank my 
colleagues and friends at the College of William and Mary, in York County School 
Division and in Newport News Public Schools who shared their wisdom and friendship. 
Lastly, I thank the administrators throughout the Commonwealth of Virginia, whose 
contributions made this study possible.
v
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
TABLE OF CONTENTS
Page
Dedication........................................................................................................  iv
Acknowledgements.......................................................................................... v
List of Tables................................................................................................   viii
List of Figures..................................................................................................  x
Abstract............................................................................................................  xi
Chapter
I INTRODUCTION.........................................................................................  1
Statement of the Problem...........................................................................  4
Statement of the Purpose........................................................................... 6
Research Questions..................................................................................... 7
Theoretical Rationale.................................................................................  8
Significance of the Study  ............................................................  8
Definition of Terms....................................................................................  10
Limitations of the Study.....................................................   12
Delimitations of the Study.........................................................................  12
Assumptions............................................................................................... 13
II REVIEW OF THE LITERATURE...........................................................  14
Accountability Movement in Public Schools.......................................... 14
School Reform................................................................  15
School Structure....................................................................................  18
Impact on Educational Leadership......................................................  20
Data-Driven Decision Making and Instructional Leadership.................  24
Theoretical Framework.............................................................................  29
Major Areas for Data-Driven Decision Making......................................  31
Program Evaluation.............................................................................  32
Financial and Human Resources Management................................... 33
Professional Growth and Development............................................... 34
Accountability.......................................................................................  35
Data-Driven Decision Making Domains.................................................. 37
Analyzing Data...................................................................    37
Reporting and Communicating Through Data.................................... 38
Using Data for School Improvement................................................... 40
Creating a Data-Friendly Culture......................................................... 41
Importance of Data-Driven Decision Making.........................................  43
Data Sources............................................................................................... 45
Definitions of Data-Driven Decision Making..........................................  46
Effective Data-Driven Decision Making.................................................. 47
Strategies................................................................................................ 49
Barriers to Data-Driven Decision Making...............................................  52
Summary.....................................................................................................  53
vi
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
III METHODOLOGY....................................................................................  55
Introduction.............................................................................................  55
Research Questions................................................................................. 54
Data Collection....................................................................................... 57
Sample................................................................................................... 57
Generalizability................................................................................... 57
Procedures............................................................................................  58
Instrumentation........................................................................................  60
Data Analysis...........................................................................................  64
Ethical Safeguards...................................................................................  68
IV DATA COLLECTION AND ANALYSIS.............................................  69
Introduction.............................................................................................  69
Description of the Sample......................................................................  69
Analysis of Research Questions.............................................................  75
Research Question 1.........................................................................  75
Research Question 2 .........................................................................  77
Research Question 3 .........................................................................  85
Research Question 4 .........................................................................  86
Research Question 5 .........................................................................  92
Research Question 6 .........................................................................  99
Research Question 7 .........................................................................  120
V SUMMARY, DISCUSSION, AND RECOMMENDATIONS  122
Introduction.............................................................................................  122
Overview of Research Findings............................................................. 122
Discussion of Results.............................................................................  133
Data-Driven Decision Making Domains..........................................  134
Data Sources.......................................................................................  135
Definition of Data-Driven Decision Making................................... 136
Barriers to Data-Driven Decision Making.......................................  136
Recommendations...................................................................................  138
Summary.................................................................................................. 143
REFERENCES............................................................................................  145
Appendix A: Invitation to Virginia Principals to Participate in Survey... 155 
Appendix B: Survey of Virginia School Leaders’ Use of Data-Driven
Decision M aking.........................................................................................  156
Appendix C: Survey Participation Reminder...........................................  159
Appendix D: A Priori Categories...............................................................  160
vii
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
LIST OF TABLES
Page
Table 1 Survey of Virginia School Leaders’ Use of Data-Driven Decision
Making Table of Specifications.............................................................. 64
Table 2 Data Analysis Table.................................................................................  67
Table 3 Survey Return Rate and Response Rate Percentage of Participating
Virginia Principals................................................................................... 71
Table 4 Survey Frequency and Percentage of Participating Virginia
Principals by Section..............................................................................  71
Table 5 Frequency and Percentage of Participating Virginia Principals, by
Principals’ Gender................................................................................... 72
Table 6 Frequency and Percentage of Participating Virginia Principals, by
Number of Years of Principal Experience.............................................  73
Table 7 Frequency and Percentage of Participating Virginia Principals, by
Grade Level Configuration...................................................................  74
Table 8 Frequency and Percentage of Participating Virginia Principals, by
Highest Level of Education Earned........................................................ 75
Table 9 Relevant Data-Driven Decision Making Research Matrix....................  76
Table 10 Principals’ Practice of Analyzing Data................................................... 79
Table 11 Principals Reporting and Communicating Through Data....................  81
Table 12 Principals’ use of Data for School Improvement...................................  83
Table 13 Principals Creating a Data-Friendly Culture..........................................  85
Table 14 Frequency and Percentage of Participating Principals’ Most
Important Reasons for Data-Driven Decision Making.........................  86
Table 15 Frequency and Percentage of Data Types Used to Make Instructional
Decisions by Participating Principals............... ..................................... 87
Table 16 Frequency Counts and Percentage of Principals’ of Data Types Used
to Make Instructional Decisions from the data source item, “Other
(please specify)” .....................................................................................  89
Table 17 Frequency Analysis of Principals’ Relative Importance Placed on
Data Types (Ranked first in order of importance)................................. 90
Table 18 Frequency Analysis of Principals’ Relative Importance Placed on
Data Types (Ranked second in order of importance)...........................  91
Table 19 Frequency Analysis of Principals’ Relative Importance Placed on
Data Types (Ranked third in order of importance).............................  92
Table 20 Frequency Analysis of How Principals’ Operationally Define Data-
Driven Decision Making Based on Message U n it..............................  95
Table 21 Frequency Analysis of How Principals’ Operationally Define Data-
Driven Decision Making Based on Word Count................................... 98
Table 22 ANOVA of Means Scores for Principals’ Practice of Analyzing Data
based on Grade Level Configuration (elementary, middle, high
school, and combined)............................................................................. 101
Table 23 Post Hoc for Principals’ Practice of Analyzing Data based on Grade
Level Configuration Question 1............................................................. 102
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
Table 24 Post Hoc for Principals’ Practice of Analyzing Data based on Grade 103
Level Configuration Question 2 .............................................................
Table 25 Post Hoc for Principals’ Practice of Analyzing Data based on Grade
Level Configuration Question 10........................................................... 104
Table 26 Post Hoc for Principals’ Practice of Analyzing Data based on Grade
Level Configuration Question 15........................................................... 104
Table 27 ANOVA of Means Scores for Principals Reporting and
Communicating Through Data based on Grade Level
Configuration...........................................................................................  105
Table 28 Post Hoc for Principals Reporting and Communicating Through
Data based on Grade Level Configuration Question 6 .........................  106
Table 29 Post Hoc for Principals Reporting and Communicating Through
Data based on Grade Level Configuration Question 7.........................  107
Table 30 Post Hoc for Principals Reporting and Communicating Through
Data based on Grade Level Configuration Question 9 .........................  108
Table 31 Post Hoc for Principals Reporting and Communicating Through
Data based on Grade Level Configuration Question 13....................... 108
Table 32 Post Hoc for Principals Reporting and Communicating Through
Data based on Grade Level Configuration Question 14.......................  109
Table 33 ANOVA of Means Scores for Principals’ use of Data for School
Improvement based on Grade Level Configuration.............................  110
Table 34 Post Hoc for Principals’ use of Data for School Improvement based
on Grade Level Configuration Question 4 ...........................................  I l l
Table 35 Post Hoc for Principals’ use of Data for School Improvement based
on Grade Level Configuration Question 16..........................................  112
Table 36 Post Hoc for Principals’ use of Data for School Improvement based
on Grade Level Configuration Question 17..........................................  113
Table 37 ANOVA of Means Scores for Principals Creating a Data-Friendly
Culture based on Grade Level Configuration.......................................  114
Table 38 Post Hoc for Principals Creating a Data-Friendly Culture based on
Grade Level Configuration Question 3.................................................  115
Table 39 Post Hoc for Principals Creating a Data-Friendly Culture based on
Grade Level Configuration Question 8..........................................  116
Table 40 Post Hoc for Principals Creating a Data-Friendly Culture based on
Grade Level Configuration Question 11.......................   117
Table 41 Post Hoc for Principals Creating a Data-Friendly Culture based on
Grade Level Configuration Question 18...............................................  117
Table 42 Combined Responses for each Domain based on Grade Level
Configuration...........................................................................................  119
Table 43 Comparison of Major Themes Identified in the Extant Literature
Regarding School Leaders’ Decision Making and the ways in which 
Principals use Data to Make Decisions.................................................  121
ix
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
LIST OF FIGURES
Figure 1 Conceptual Framework of Data-Driven Decision Making in 
Education...................................................................................
x
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
Page
31
A STUDY OF HOW VIRGINIA SCHOOL LEADERS USE 
STUDENT ACHIEVEMENT DATA IN DECISION MAKING
ABSTRACT
This study examined Virginia principals’ use of student achievement data in 
decision making with the purpose of gathering information on how data-driven decision 
making is being implemented at the school site level. Data were collected using an 
online, field-tested survey instrument designed specifically for Virginia principals. Study 
participants were derived from a list of principals from the Virginia Department of 
Education. A total of 1,767 principals were asked to participate in this study; of these 
principals, 31% (N = 452) completed the survey.
Principals’ responses to survey items were analyzed using content analysis, 
descriptive statistics, and analysis of variance (ANOVA). Findings indicate that 
principals’ descriptions of their data-driven decision making are generally consistent with 
the literature on data-driven decision making. Analyzing data was the most frequently 
cited practice in the literature and resulted in the highest principals’ mean.
These findings have implications for establishing practices for school leaders to 
increase the possibility of a data-friendly school culture, create common terms and 
expectations for data-driven decision making, and increase resources and professional 
development for data-driven decision making. Additionally, it is recommended that 
principals project school performance using historical data. Lastly, further research is 
needed concerning the use of technology for data-driven decision making and barriers 
impeding the process.
SUSAN ANN HUTTON 
PROGRAM IN EDUCATIONAL PLANNING, POLICY, AND LEADERSHIP 
THE COLLEGE OF WILLIAM AND MARY IN VIRGINIA
xi
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1Chapter I: The Problem 
Introduction
Educational leadership has become increasingly challenging as a result of the 
accountability and testing movement propelled forward in part by A Nation at Risk 
(National Commission of Excellence, 1983). This seminal report led to more specific 
standards and standardized testing benchmarks in kindergarten through 12th grade public 
schooling. Specifically, the 1989 national Education Summit led to the creation of broad, 
academic standards in certain academic content areas. Subsequent legislation reinforced 
the focus on accountability and testing, such as, the Goals 2000: Educate America Act of 
1994 which required states to develop and to align formal assessments with content 
standards. A year later, the 1995 reauthorization of the Elementary and Secondary 
Education Act (ESEA), entitled the Improving America’s School Act (IAS A), essentially 
forced states to comply with Goals 2000 by requiring annual testing of reading and 
mathematics in certain grades. Amended by the current Bush administration in 2001, 
IASA was renamed the No Child Left Behind Act (NCLB). NCLB (2001) language 
requires that states receiving federal funding establish academic standards and 
standardized testing to measure these standards. Further, NCLB mandates states to make 
adequate yearly progress (AYP) and have the goal for all children to be proficient in 
reading and mathematics by 2014 (NCLB, 2001).
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
2School reformers and researchers continually struggle with ways to improve 
education. Edmonds (1979) believed it was the responsibility of schools to educate all 
children and to bring all students’ basic skills to mastery. Edmonds is known as the 
father of the Effective Schools movement (Taylor, 2002). Effective schools research now 
has seven correlates that include the concept of instructional leadership and frequent 
monitoring of student progress (Taylor, 2002; Terry, 1996). These correlates include:
1. clearly stated and focused school mission;
2. safe and orderly climate for learning;
3. high expectations for students, teachers, and administrators;
4. opportunity to learn and student time-on-task;
5. instructional leadership by all administrators and staff members;
6. frequent monitoring of student progress; and
7. positive home/school relations.
Although many of the correlates relate to other educational research for school 
improvement, two correlates in particular focus on effective school leaders’ use of data in 
order to impact positively student achievement. These include frequent monitoring of 
student progress aligned with the idea of holistic or student-centered accountability 
permitting one to determine effective practices in schools, as well as the use of data by 
administrators and staff members to make decisions. The Effective Schools movement is 
just one example of many that emphasize instructional leadership to increase student 
achievement. Additional research suggests effective instructional leaders use data-driven 
decision making to increase student achievement (Lashway, 2002; Marzano, Waters, & 
McNulty, 2005; Supovitz & Poglinco, 2001; Taylor, 2002; Terry, 1996).
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
3Successful schools are led by principals described as instructional leaders who 
focus on improving student achievement (Supovitz & Poglinco, 2001). One facet of 
instructional leadership assumed to impact student achievement is the effective use of 
data to make decisions. Therefore, the definition of instructional leadership has grown to 
include the concept of using data to make decisions (Lashway, 2002). Holcomb (1999) 
suggests school leaders employ the use of data with their staff for school improvement. 
Holcomb provides three out of eight school improvement activities focused on data: 
compiling meaningful data; understanding the data; and analyzing the data. The National 
Association of Elementary School Principals (NAESP) (2001) refers to the concept of 
instructional leadership as “leading learning communities.” According to the NAESP, 
one of the instructional leader’s six roles includes the use of multiple sources of data to 
assess student learning.
Marzano, Waters, and McNulty’s (2005) meta-analysis validated earlier theories 
and beliefs about school leadership. Their findings include three of 21 responsibilities of 
school leaders that focus on gathering and using data: input; involvement in curriculum, 
instruction, and assessment; and monitoring/evaluating. In short, educational leaders are 
responsible for the effective use of data to make decisions. Creighton (2000) explained, 
“Data-driven decision making and instructional leadership must go hand in hand” (p. 11). 
Thus, as part of their instructional leadership responsibilities, educational leaders need to 
gather data and be able to analyze data for decision making leading to increased student 
achievement and school improvements.
Although there has been an increase in high-stakes testing, there is evidence that 
schools are not using student data effectively to make instructional decisions (Picciano,
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
2006; Schmoker, 1999). The accountability movement encourages the use of student 
assessment scores to hold teachers accountable in such a way that often creates a hostile 
working environment for educators (e.g., Brown, 2006; Picciano, 2006; Popham, 2003). 
However, in order to create a more realistic picture of student and teacher performance, 
school leaders need to use more than high-stakes test scores for their decision making. 
School leaders should create data-friendly cultures to help reduce the potential of a 
hostile working environment.
One way to create a data-friendly culture is to avoid an over-emphasis on 
standardized assessment scores when making school decisions based on student 
achievement. Holistic accountability or student-centered accountability includes various 
data sources beyond test scores to give a better understanding of what is occurring in 
schools. Administrators should embrace the concept of holistic accountability to provide 
additional data beyond test scores to improve instruction. Holistic accountability is more 
accurate, more constructive, and better for motivation by providing a context to build 
understanding around student test scores (Reeves, 2004). Collecting and using a variety 
of data sources on an ongoing basis can help inform educational decisions to a greater 
extent than annual test scores.
Statement of the Problem
Now more than ever, educational leaders are faced with having all children pass 
high-stakes assessments per NCLB legislation. Educational leaders need to be able to 
model and to assist teachers in the use of data to guide instruction and to make program 
decisions. Many schools are mandated to gather a variety of student performance data;
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
5however, the value of such data is in the instructional decisions made to help each child. 
Merely gathering data will not improve student learning.
Instructional leaders have become increasingly concerned with meeting 
accreditation and benchmarks set by NCLB and state-mandated assessment and 
accreditation requirements. Consequently, many schools focus their efforts on helping 
students to achieve passing scores on standardized assessments. Educational leaders need 
to understand the role of making data-driven decisions to impact positively student 
achievement and to make school improvements.
The accountability movement in contemporary schools has led to increased 
student testing, yet significant data-driven decisions rarely follow (Creighton, 2000; 
Reeves, 2004; Picciano, 2006). Research literature on how data-driven decision making 
can be used to formulate instructional practices is still limited. Clearly, data collection is 
critical; however, the analyses of these data are paramount to the effectiveness of data- 
driven decision making. As Creighton (2000) explains, “meaningful information can be 
gained only from a proper analysis of data” (p. 11). High-stakes testing in itself does not 
improve learning. The proper use of analyzing data to make instructional decisions can.
Educational leaders need to facilitate the use of data and to increase their 
teachers’ understanding of the relationship between data and high-stakes testing 
(Creighton, 2000). Too often, the outcome of high stakes testing has become the focus in 
education due to legislative demands. Instead, more emphasis must be placed on using 
data effectively to guide decision-making for increased student learning and school 
improvement.
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6Professional development on how to use data effectively to drive instructional 
decisions is one way educational leaders can aid teachers in their ability of using data- 
driven decision making. For example, school leaders and teachers should base school 
interventions and classroom evidenced-based instruction decisions on data. Although the 
use of data has become more common in education, the question of how data-driven 
decision making impacts student achievement needs further exploration (Feldman & 
Tung, 2001; Marsh, Payne, & Hamilton, 2006). Specifically, it is important to learn how 
school leaders are using data to make instructional and planning decisions in schools.
Statement of Purpose
The purpose of this study was to examine how school leaders use student 
achievement data in decision making in the Commonwealth of Virginia. Specifically, the 
researcher collected survey data on Virginia principals’ use of data. All public school 
districts in Virginia were invited to participate in the study. The names of the schools 
and principals were obtained from the Virginia Department of Education.
The standards and accountability movement have led to an increase in the 
collection of student data. Currently, the trend in education is to extend beyond data 
collection to adopt proper data analysis practices. It is imperative for school leaders to 
understand the value in using data as a tool for making educational improvements and as 
part of the cycle for continuous improvement (Jandris, 2001). Principals directly impact 
their teachers’ resources and set the tone for data-driven decision making within schools.
Therefore, this research study aimed to gather data on principals’ data-driven 
decision making. Initially, the researcher identified major themes of data-driven 
decision making according to the literature. Next, a survey based on the literature review
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7was conducted of Virginia principals’ (a) use of data to make instructional decisions; (b) 
perceptions of the importance of data-driven decision making; (c) use and importance 
placed on data sources; and (d) operational definition of data-driven decision making. 
Finally, this study examined whether there was a discrepancy between the literature on 
data-driven decision making and the ways in which Virginia principals use data to make 
decisions.
Research Questions 
The major intentions of this study were completed in three phases: (a) Phase I: 
Identify the major themes of school leaders’ use of data-driven decision making 
according to the literature; (b) Phase II: Explore Virginia principals’ perceptions of data- 
driven decision making; and (c) Phase III: Compare Virginia principals’ perceptions with 
the research. This study’s specific research questions were as follows:
Research Question for Phase I
1. What major themes are identified in the extant literature regarding school 
leaders’ use of student achievement data in decision making?
Research Questions for Phase II
2. In what ways do Virginia principals use data to make instructional decisions?
3. What do Virginia principals feel are important reasons for using data-driven 
decision making?
4. What data do Virginia principals use to make instructional decisions and how 
do they place relative importance on such data?
5. How do Virginia principals operationally define data-driven decision making?
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
6. Do Virginia principals differ in their use of data based on the grade level 
configuration (e.g., elementary, middle, or high) of their schools?
Research Question for Phase III
7. Is there a discrepancy between the major themes identified in the extant 
literature regarding school leaders’ decision making and the ways in which 
Virginia principals use data to make decisions?
Theoretical Rationale 
Broadly speaking, systems theory is the theoretical framework guiding this study 
as it relates to the workings of schools. Systems theory aligns with the purpose of this 
study because the major components of a system and their interrelationship set the 
foundation for the decision making process such as data-driven decision making 
(Picciano, 2006; Streifer, 2002). This study examined diverse schools and districts; thus, 
systems theory helped to provide a consistent casing to describe the procedural aspects of 
the decision-making process. Similarly, Marsh, Payne, and Hamilton’s (2006) 
conceptual framework was adapted from the literature to frame the concept of data-driven 
decision making. The framework (see Figure 1) and the theoretical rationale are 
explained in more detail in the literature review (see Chapter II).
Significance of the Study 
Educators need to understand the role of reliable data resources, the connection to 
research methods, and techniques necessary to effectively use data-driven decision 
making (Picciano, 2006). The accountability movement is based on the premise that 
using data will lead to improvements in student achievement (Hamilton, Stecher, &
Klein, 2002). However, school leaders have had a difficult time implementing the
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9process for data-driven decision making by using accurate and timely data (Creighton, 
2000; Picciano, 2006; Reeves, 2004). Educational leaders gather data, but more research 
needs to be conducted on the analysis and interpretation of data to make significant 
instructional and planning decisions. As Marsh, Pane, and Hamilton (2006) state, “There 
remain many unanswered questions about the interpretation and use of data to inform 
decisions, and about the ultimate effects of the decisions and resulting actions on student 
achievement and other educational outcomes” (p. 1). There are significant reasons for 
moving beyond data collection and using the process of data-driven decision making in 
education.
Efficient and accurate data-driven decision making allows school leaders to 
comply with the legal requirements thus securing federal funds (Picciano, 2006). Other 
significant reasons for school leaders to use data-driven decision making are to: measure 
student progress consistently; address achievement gaps; evaluate program effectiveness; 
guide curriculum development; allocate resources wisely; offer a means for school 
improvement; promote accountability; report to the community; maintain educational 
focus; and show trends (AASA, 2002; McEwan, 2003; Sanders, 2000). Research 
suggests, however, that barriers exist for school leaders to implement the principles of 
data-driven decision making.
According to the literature, there are a plethora of data-driven decision making 
barriers including, but not limited, to a lack of necessary skills and abilities (Bernhardt, 
2004; Holcomb, 1999), deficient knowledge of what to do with data (Cromey & Hanson, 
2000; Lambert, 2003), and a lack of a systems approach focusing on more than outputs 
(Streifer, 2002). A leader that lacks the skills and knowledge is less likely to engage in
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
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data-driven decision making. Furthermore, political pressures in the form of rewards and 
sanctions create additional barriers for effective data-driven decision making (Elmore & 
Fuhrman, 2001).
Although the research on data-driven decision making applies to schools across 
the nation, the process for analyzing data varies greatly because standards and curriculum 
vary among states. Even within states, district goals and areas of emphasis differ. 
Therefore, a closer look to see if any patterns emerge about how and what data are being 
interpreted is important. Hopefully, the data collected will help build a better 
understanding of the impact of data-driven decision making on school improvement and 
student achievement.
Superintendents set the tone for the district’s philosophy, but principals directly 
influence the teachers’ use of data to drive instruction. Principals communicate their 
beliefs about initiatives, such as data-driven decision making, through their selection of 
professional development, their allocation of resources, and their modeling processes. 
Principals who utilize data-driven decision making are more likely to expect the same 
from their staff (Mandich, Honey, & Light, 2006). As instructional leaders, they will 
model the process and provide appropriate professional development to improve data- 
driven decision making. Again, principals have the most direct impact on teachers and, 
therefore, this study gathered data on how principals use student achievement data in 
decision making.
Definition of Terms
Assessment is the gathering and interpretation of student performance to increase 
learning (Bernhardt, 2004).
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Data are factual information (such as measurements or statistics) used as a basis for 
reasoning, discussion or calculation. Data can be qualitative or quantitative and must be 
both reliable and valid (AASA, 2002).
Data mining refers to searching or “digging into” a data file for information to 
understand better a particular phenomenon (Picciano, 2006).
Data warehousing uses a computerized database information system that is capable of 
storing and maintaining data longitudinally or historical data (Picciano, 2006). 
Data-driven decision making is the effective use and proper analysis of data to help 
with school improvement plans and identify the reasons for students’ successes and 
failures (Creighton, 2000) and include four domains: (a) analyzing data; (b) reporting and 
communicating through data; (c) using data for school improvement; and (d) creating a 
data-friendly culture.
Disaggregated (disaggregation) data are broken down by specific student subgroups 
(e.g., grade, race, gender, socioeconomic status, and disability) (AASA, 2002). 
High-stakes testing is assessment tied to content standards and has consequences for the 
school and students (Abrams & Madaus, 2003)
Instructional leadership builds a community of learners for students and adults, sets 
high expectations for performance, aligns the curriculum, and uses data to make decisions 
(Lashway, 2002).
Standards of Learning (SOLs) are state-developed standards which describe the 
expectations of Virginia Public Schools’ student learning and achievement in 
kindergarten through 12th grade.
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Limitations
Elements of a study that a researcher fails to control are considered limitations 
(Rudestam & Newton, 2001). The research study was conducted in the Commonwealth 
of Virginia, thereby reducing the generalizability to other states. There may be factors 
beyond the scope of this study that impacted the participants’ responses beyond the use of 
data to increase student achievement and to make school improvements. The study 
considered only the participants’ responses of how they, as school leaders, described their 
use of data to make instructional decisions. Thus, the validity of the study is limited by 
their responses. By Virginia law, schools are currently required to collect and analyze 
data; therefore, some principals may have felt pressured to answer according to 
legislative regulations and may not be complying with the degree stated on their survey 
responses.
Delimitations
Restrictions deliberately placed on a study by the researcher are considered 
delimitations (Rudestam & Newton, 2001). The researcher delimited her research to data 
from the Virginia school districts and principals who chose to participate. Only 
individuals who agreed to participate in the study were included in the research findings. 
Although effective educational leaders exhibit many skills and characteristics, this study 
primarily focused on how school leaders described their use of data-driven decision 
making to increase student achievement and to make school improvements. The use of 
technology and barriers are included in the research on data-driven decision making. 
However, the researcher did not specifically address the issue of technology or barriers in 
the research questions for this study.
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Assumptions
The major assumptions that underlie this study include:
1. Principals are central players in data-driven decision making at the school site 
level.
2. The survey instrument in this study provides a valid measure of the constructs.
3. Principals have the ability to communicate accurately their perception of effective 
data-driven decision making.
4. Effective data-driven decisions lead to improvements in student learning.
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Chapter II: Review of the Literature 
This chapter overviews briefly the literature on the accountability movement, the 
concept of educational leadership, and the impact the standards movement has had on 
educational leadership. Further sections in the chapter explore the instructional leaders’ 
use of data-driven decision making, theoretical framework of the study, and more in- 
depth details on data-driven decision making. Specifically, the chapter elaborates on 
data-driven decision making by stating the major areas, the domains, the importance, the 
data sources, the definitions, the suggestions for effective data-driven decision making 
strategies, and the barriers. In conclusion, the chapter provides a summary.
The purpose of this study was to examine how school leaders use student 
achievement data in decision making in the Commonwealth of Virginia. This research 
study aimed to provide data on how Virginia principals use data to make instructional 
decisions; describe the importance of data-driven decision making; list the data sources 
primarily used; and operationally define data-driven decision making. In addition, the 
study examined whether there is a discrepancy between the literature on data-driven 
decision making and the ways in which Virginia principals use data to make decisions.
Accountability Movement in Public Schools 
Over 20 years ago, the publication of A Nation at Risk (National Commission on 
Excellence in Education, 1983) raised serious doubts about the quality of the United 
States’ public education system and the nation’s ability to compete globally. The
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Commission assumed all children could learn and, therefore, it recommended more 
stringent educational reform. The recommendations included: increased high school 
graduation requirements, establishment of rigorous and measurable academic standards, 
and increased teacher preparation. The means for achieving such educational reform 
resulted in the plan to provide appropriate financial and leadership support. However, the 
demand for educational reform and increased accountability of public schools was a 
political issue for many years prior to the publication of A Nation at Risk and continues to 
create anxiety among politicians, community members, and educators.
School Reform
School reform to increase student achievement has been a nationwide concern. 
The current United States Secretary of Education Margaret Spellings, states that school 
reform is “an economic issue, a civic issue, a social issue, and a national security issue. 
And it’s everybody’s issue” (U.S. Department of Education, 2006a, p. 1). During the 
past fifty years, national education reform has been in direct relation to the nation’s 
anxiety about its future and is an ongoing disquiet.
In 1954, the Supreme Court addressed the inequities in public schools in the 
landmark Brown v. Board o f Education o f Topeka et al. decision (Cooter, 2004). A few 
years later, the United States felt threatened by the Soviet Union’s launch of Sputnik and 
some United States’ citizens blamed the country’s vulnerability on public education. 
Consequently, during the Eisenhower administration, Congress passed the National 
Education Act of 1958, which increased the focus on mathematics and science instruction 
in the schools. This was one attempt to respond to the criticism (Popham, 2005).
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Educational reform movements continued and focused on federal funds for public 
schools.
In 1965, the “War on Poverty” launched under President Johnson aimed to 
provide public education funds targeted to help economically disadvantaged children.
The funding was provided by Title I of the Elementary and Secondary Education Act 
(ESEA), initiated by President Johnson. ESEA allowed federal funds for public 
education and held the schools accountable for student achievement (Popham, 2005). 
ESEA has been reauthorized many times over the years (NCLB, 2001; U.S. Congress 
1965, Sec. 201).
In 1966, researchers addressed the questions of how to provide equal education 
and measure the nation’s progress. The Equality of Education Survey (popularly known 
as the Coleman Report) reported that educational inequalities still existed (Coleman, 
1966). The Coleman Report found that student achievement was not as highly impacted 
by the school’s resources as previously thought. Following the study, the focus shifted 
from inputs, such as resources, to outputs including minimum competency testing. 
Unfortunately, the 1983 publication of A Nation at Risk illustrated that average student 
achievement was declining, despite previous educational reform efforts. Among other 
attempts to change public education, minimum competency testing was not sufficient.
Despite former attempts to improve public education, none of the reforms were 
deemed adequate (Valencia & Wixson, 1999). In 1989, former President Bush met with 
the state governors at an Education Summit to address concerns about public education. 
This meeting led educational professional organizations to create broad, academic 
standards in certain subject areas. The Goals 2000: Educate America Act of 1994
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included eight broad educational goals but also required states to develop and to align 
assessments to content standards. Policymakers focused more on accountability through 
assessments based on standards and many states chose to adopt state standards.
In 1995, the reauthorization of ESEA became known as the Improving America’s 
Schools Act of 1994 (IAS A). The goal of IAS A was for public schools to produce the 
highest level of student achievement in the world. IASA held states responsible for 
having standards and ensuring all students make adequate progress (Redfield & Sheinker, 
2004; Wong, 2003). The accountability measures of IASA included annual testing of 
reading and mathematics ability in select grades. IASA basically forced states to comply 
with the Goals 2000 expectation of content standards. Educational reform still failed to 
meet the needs of all children.
In 2001, President Bush’s administration reauthorized ESEA, thereby amending 
IASA and renaming it as the No Child Left Behind Act (NCLB)(U.S. Department of 
Education, 2006). NCLB aimed to ensure that all students performed at proficient level 
based on the set standards and required the states to use assessments aligned with their 
academic content and standards. Among other changes, NCLB increased the frequency 
of student testing to an annual basis in third- through eighth-grade and at least once in 
grades 10 through 12 in reading and mathematics. NCLB also considered the 
percentages of students meeting proficiency standards and addressed the achievement gap 
between disadvantaged and advantaged students (NCLB, 2001; Redfield & Sheinker, 
2004).
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
18
School Structures
The structures of the grade level configurations in K-12 schools are a subject of 
educational reform. For example, early educational reform starting over 60 years ago 
focused on the creation of junior high schools (Grades 7-9) ostensibly to help with the 
transition to high school. In the 1960s, reformers felt sixth grade students would be 
better served by being separated from elementary school students (Bedard & Do, 2005). 
The reform movement pushed for separate elementary, middle, and high schools 
providing K - 5, 6 -  8, and 9-12 school configurations (NCES, 2000). This 
organizational structure change created a large increase in middle schools. However, the 
school structure is ultimately determined at the state and local levels.
Despite reform efforts, differences in school structures exist. In general terms, 
however, the United States public school structure includes 12 years of schooling along 
with a year or two of pre-school education, which may include kindergarten or pre­
kindergarten programs. The beginning years of school are referred to as Early Childhood 
Education (e.g., infant development, pre-school, and kindergarten). Elementary education 
ranges from first grade through grades four, five, or six are based on state and district 
regulations. Children’s first year of schooling until transition to secondary (e.g., high 
school) is considered the primary level of education. Following elementary school, 
students typically attend a junior high school or middle school prior to attending high 
school. In some countries middle or junior high school is called upper primary education. 
There is no universal definition of “middle school” but the most common configuration is 
grades 6-8 (NCES, 2000). In the United States, the states and school districts determine 
the structure.
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Differences exist between elementary and secondary schools (Hartzell, 2003). 
School structure impacts, among others, student grouping, school programs, goals, 
activities, curriculum, student achievement, extra-curricular activities, role of the 
principal, and school capacity (Hallinger & Murphy, 1985; NCES, 2000). For example, 
most elementary schools are designed for fewer students than middle or high school. The 
average primary school enrolls less than 500 students and the average secondary 
population is more than 700 students (NCES, 2000). Additionally, elementary students 
often spend the school day with one teacher and one group of students whereas secondary 
students are taught by various teachers and tend to be more child-centered (Hartzell,
2003). Elementary teachers have general elementary education certifications or specialty 
certifications. Secondary schools are usually departmentalized and teachers have subject- 
specific certifications (NCES, 2000). Often elementary schools are separate from 
secondary schools. Even if a school combines elementary and secondary education on 
one campus, the two levels typically are managed as separate entities within the one site. 
Middle schools have most characteristics similar to secondary schools and some to 
elementary schools. Similar to secondary schools, middle school teachers teach in 
departmentalized settings and have more subject-centered training. However, middle 
schools and elementary are more likely to use team teaching (NCES, 2000). As a 
principal, the structure of the school impacts leadership (Portin, 2004). For example, 
working with approximately 35 elementary teachers is unlike working with 100 or more 
high school teachers (Hartzell, 2003). At the same time, principals at all school levels do 
not differ in their perception of their influence on staff evaluation practices and choice of 
professional development at the school site (NCES, 2000).
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According to McClure (2005), the accountability movement including standards- 
based reform was initially implemented in elementary and middle grades. Although 
many states have adopted end-of-course or minimum competency skills tests, states are 
still determining the number of tests and subjects required for high school graduation. In 
McClure’s own words, “Standards-based reform has brought some coherence to 
education at the elementary and middle school grades. Systemic reform really hasn’t 
taken hold at the high school level” (p. 4). Elementary schools have a more standardized 
curriculum than secondary schools and generally are not departmentalized (Hartzell,
2003).
Impact on Educational Leadership
The accountability movement and school reforms impacted educational 
leadership. The increased demands and dynamic school reform movements required 
strong educational leadership. School leaders are held accountable for student 
achievement. Education critics believe most current leaders are unprepared for making 
the necessary reform. Some critics even blame school leaders for the problems 
occurring in public education, especially the lack of all students achieving the standards. 
In addition, critics feel that school leaders do not respond appropriately to the 
accountability movement in education and, among other things, need to be instructional 
leaders (Hoy & Miskel, 2005). The accountability movement led to more stringent 
student testing measures aligned to standards, which equally increased the demands and 
stress on educational leaders to increase student achievement.
Basic leadership skills are essential to the role of school superintendent, principal, 
or other administrator, despite differences between leadership in the public and private
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sectors (Kousez & Posner, 2002; Ramsey, 2006). However, leadership in schools is 
unique and more complicated than that in most private sector situations (Lezotte & 
McKee, 2002; Streifer, 2002). Fullan (1991) states the principal’s role “has become 
dramatically more complex, overloaded, and unclear over the past decade” (p. 144). 
Educational leaders must do the tasks required by all leaders and they must additionally 
cope with demands placed on schools by the accountability movement. The role of the 
principal has become increasingly difficult and demanding over the past couple of 
decades (Brown, 2006, Creighton, 2005; King, 2002; Ramsey, 2006; Raham, 2001; 
Robbins, 2003).
Educational leaders are expected to be both the leader of the organization and an 
expert in instruction (Ramsey, 2006; Robbins & Alvy, 2003). The role of educational 
leaders includes guiding teachers and modeling ways to increase student achievement. 
However, educational leaders cannot simply ignore the basic needs of the organization. 
Basic needs include safety, order, and management of the school site. As Pierce (2000) 
explained:
two leaders are needed in every school: a principal teacher and a principal 
administrator. The principal teacher would have a well-established teaching 
history rooted in strong instructional practice. This person would spend the year 
supervising teaching teams, coaching, giving feedback, and teaching teachers to 
engage in deep, reflective practice based on unambiguous learning outcomes. The 
principal teacher would be accountable for student achievement, curriculum, and 
technology, and have authority to hire and fire. Meanwhile, the principal 
administrator's responsibilities would focus on plant management, (p. 7)
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Educational leadership is multifaceted and unlike other types of leadership. School 
reform required reform of educational leaders as well. The demands placed on 
educational leaders by school reform mirror the trend of increased accountability for 
students’ achievement.
Educational reform leading to increased accountability and the standards 
movement spread to educational leadership (Schwartz & Robinson, 2000). In 1994, the 
Interstate School Leaders Licensure Consortium (ISLLC) was formed by the National 
Policy Board for Educational Administration (NBPEA) to develop standards for 
educational leaders. The Council of Chief State School Officers (CCSSO) published the 
standards created by ISSLC in 1996. The ISLLC standards established common 
expectations and a national model for educational administrators. Other standards were 
created by various educational organizations but many contain similar concepts as the 
ISLLC standards and were based on the same educational research (Gupton, 2002).
More than 40 states use the ISLLC standards or a variation of the standards to delineate 
the expectations for educational leaders (Sanders & Simpson, 2006).
The theme of the ISLLC standards is to promote achievement for all students 
(Tannenbaum, 1997). The ISLLC standards are based on prior research connecting 
educational leadership and productive schools focused on student achievement. The 
Consortium considered current research on educational leadership as well. Effective 
educational leadership is complex and unique, so the standards attempted to provide 
guidelines. According to CCSSO (1996), the ISLLC standards are based on the concept 
that:
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
23
effective school leaders are strong educators, anchoring their work on central 
issues of learning and teaching and school improvement. They are moral agents 
and social advocates for the children and the communities they serve. Finally, 
they make strong connections with other people, valuing and caring for others as 
individuals and as members of the educational community, (p. 5)
The standards have been adopted by more than 40 states and are used in many education 
leadership degree programs. Each of the six ISLLC standards contains the knowledge, 
dispositions, and performance descriptors for educational leaders:
• Standard One: A school administrator is an educational leader who promotes the 
success of all students by facilitating the development, articulation, 
implementation, and stewardship of a vision of learning that is shared and 
supported by the school community.
• Standard Two: A school administrator is an educational leader who promotes the 
success of all students by advocating, nurturing, and sustaining a school culture 
and instructional program conducive to student learning and staff professional 
growth.
• Standard Three: A school administrator is an educational leader who promotes the 
success of all students by ensuring management of the organization, operations, 
and resources for a safe, efficient, and effective learning environment.
• Standard Four: A school administrator is an educational leader who promotes the 
success of all students by collaborating with families and community members, 
responding to diverse community interests and needs, and mobilizing community 
resources.
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• Standard Five: A school administrator is an educational leader who promotes the 
success of all students by acting with integrity, fairness, and in an ethical manner.
• Standard Six: A school administrator is an educational leader who promotes the 
success of all students by understanding, responding to, and influencing the larger 
political, social, economic, legal, and cultural context. (CCSSO, 1996)
The standards clearly emphasized the expectation for educational leaders to focus on 
academic achievement for all students. Based on leadership and educational leadership 
theory, the standards encompass concepts such as vision, mission, culture, management, 
and community partnership. The standards expect educational leaders to be politically 
savvy and act with integrity. Other standards for educational leaders contain similar 
expectations (e.g., Gupton, 2002; McEwan, 2003). Regardless of the standards selected, 
today’s educational leaders are expected to function as a manager and instructional 
leader. A school requires a leader to function as a manager specified in the third ISSLC 
Standard, but the crux of a highly effective school leader based on the standards is the 
instructional component.
Data-Driven Decision Making and Instructional Leadership 
The role of an educational leader focuses on two areas: management and 
instruction. The demand for increased student achievement requires the skills of an 
instructional leader. Instructional leaders build a community of learners for students and 
adults, set high expectations for performance, align the curriculum, and use data to make 
decisions (Lashway, 2002). The instructional leader changes practices based on student 
achievement data and commits to collaborative goal setting. Equally important, 
instructional leaders align decisions for students and staff based on data (Grant, 2004).
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Teaching and learning easily relate to the concept of instruction. Therefore, an 
educational leader using instructional leadership does not seem to require a large leap of 
faith or a technical understanding of the term. In fact, the concept of instructional 
leadership has been part of educational literature for the past couple of decades. 
Unfortunately, the mere definition of instructional leaders has not even been agreed upon 
(Flath, 1989; Greenfield, 1987; Marzano, Waters, & McNulty, 2005).
One of the first attempts to provide a model of instructional leadership includes 
five dimensions: technical, human, educational, symbolic, and cultural (Sergiovanni, 
1984; 1991). According to Sergiovanni, the technical and human leadership skills are 
essential for all leaders and generic to educational leaders. Conversely, the educational, 
symbolic, and cultural aspects of the model are specific to school leadership and, 
specifically, instructional leaders. The educational component requires school leaders to 
be knowledgeable about learning theory, effective instruction, and curriculum, setting the 
foundation for instructional leadership. Additionally, an instructional leader is expected 
to represent the school and share its values and beliefs. Sergiovanni (2001) later 
incorporated the concept of servant leadership into his earlier proposed model of 
instructional leadership. Specifically, he believes principals should serve their schools as 
moral leaders and help restore spirit by sharing values and beliefs. Similar to the 
expectations set forth in educational standards (e.g., ISLLC), Sergiovanni set high 
expectations for educational leaders to go beyond the management of the school by being 
moral, instructional leaders.
According to the literature review conducted by Leithwood, Jantzi, and Steinbach
(1999), one of the most often mentioned concepts in educational leadership is
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instructional leadership. Attempts have been made to define and capture the meaning of 
an instructional leader, even though the concept is not well defined (Flath, 1989; 
Greenfield, 1987; Marzano, Waters, & McNulty, 2005). Acheson and Smith (1986) 
define instructional leadership as being “directly related to the process of instruction 
where teachers, learners, and the curriculum interact” (p. 3). This relatively simple 
definition brings the difference between educational leaders and instructional leadership 
to the surface. The definition focuses on the leader’s ability to collaboratively impact 
instruction instead of other facets required of educational leaders. King (2002) 
functionally describes authentic behaviors and activities of effective instructional leaders 
as “the everyday acts of people who take responsibility for improving teaching and 
learning in the entire school community, and its effectiveness will be revealed in a variety 
of measures of student achievement” (p. 63). Even though being an instructional leader 
rather than a manger makes sense in education, it is not always common practice.
Research indicates that instructional leadership impacts student achievement 
(Andrews & Soder, 1987; Fink & Resnick, 2001; Lashway, 2002, McEwan, 2003); 
however, in practice many principals find it challenging to act as an instructional leader. 
McEwan (2003) lists several barriers facing educational leaders attempting to be effective 
instructional leaders including lack of skills and training, lack of teacher cooperation, 
lack of time, lack of support, and lack of vision. Stronge’s (1988) data show elementary 
school principals spent 62.2% of their time focused on school management and only 
6.2% of their time focused on program issues. Stronge (1988) states, “a typical principal 
performs an enormous number of tasks each day - but only 11% relate to instructional 
leadership” (p. 32). Principals who embrace the concept of instructional leadership may
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
27
find themselves dealing with more of the managerial tasks rather than focusing time on 
instruction during the typical school day. Defining instructional leadership and having 
educational leadership standards is not enough. The task for school leaders is daunting. 
School leaders need to know how they can behave like instructional leaders while 
managing the daily operations of their schools. Theory and standards based on 
instructional leadership research are important. However, understanding the behaviors 
and characteristics are critical to become an effective instructional leader.
The characteristics of instructional leaders impact classroom instruction.
Effective instructional leaders foster collegiality, teacher autonomy, professional 
dialogue, change, respect, and professional community in schools (Blase & Blase, 2001; 
Cotton, 2003; Little, 1993; Louis & Kruse, 1996). Principals acting as instructional 
leaders share the schools’ vision, promote reflection, and professional growth. Other 
effective behaviors for leaders impacting student achievement include active involvement 
in curricular and instructional activities at the school; protecting instructional time; 
monitoring student progress and sharing findings; using data to make program 
improvements; promoting student achievement; conducting classroom observations and 
providing feedback; and acting as role models (Cotton, 2003; Glickman, 2003).
According to McEwan (2003), instructional leaders differ from educational 
leaders because of their intense focus on student learning. Behaviors of instructional 
leaders involve establishing, implementing, and achieving academic standards, being an 
instructional resource, creating a school culture and climate conducive to learning, 
communicating the vision and mission of the school, setting high expectations, 
developing teacher leaders, and having positive relationships with stakeholders.
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Strategies for instructional leaders include offering feedback, modeling, 
questioning, praise, and guidance through suggestions. Instructional leaders increase 
teacher reflective practice by providing structures for professional learning and 
discussions in collaborative settings. Effective instructional leaders promote teachers’ 
staff development by using several strategies: focus professional development on 
teaching and learning, provide time for collaboration with peers, support necessary 
program changes, apply principles of adult learning, and use action research (Blase & 
Blase, 2001, Glickman, 2002; Lashway, 2002; Supovitz & Poglinco, 2001). School 
leaders acting as instructional leaders use specific strategies to increase their teachers’ 
motivation and self-efficacy, which lead to increased student achievement. All 
educational leaders are now required to practice the qualities of instructional leaders 
while also managing their organization.
The accountability movement and instructional leadership have the same goal -  
improve student achievement for all students. Both concepts include the expectation for 
school leaders to use student data to drive instructional decisions. Corporate America has 
used data-driven decision making for many years but it is an emerging skill for 
educational leaders (Lezotte & McKee, 2002; Streifer, 2002). Effective instructional 
leaders monitor student progress and use data to make decisions (Cotton, 2003;
Creighton, 2000; King, 2002; Krug, 1993, Lezotte & McKee, 2002). Currently, 
educational leaders are required to do so by law (NCLB, 2001). The accountability 
movement forces educational leaders to make decisions based on students’ test 
performance aligned with state standards. However, instructional leaders go beyond 
analyzing high-stakes test scores by looking at various data sources to align strategies for
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school change and to make improvements. Data-driven decision making is an important 
strategy for instructional leaders when used correctly (Creighton, 2000; Creighton, 2005; 
Lezotte & McKee, 2002; Marzano, Waters, & McNulty, 2005; Picciano, 2006; Reeves, 
2004).
Although data-driven decision making is part of the accountability reform movement 
in education, instructional leaders reach beyond the basic expectations. Instructional 
leaders model and show how to use data to for school decisions. Effective instructional 
leaders make data-driven decisions resulting in increased school achievement and, 
respectively, student achievement. Instructional leaders understand and connect the 
curriculum, instruction, and assessment. The primary focus areas for such leaders are 
school improvement and increased student achievement.
Theoretical Framework 
Data-driven decision making is one part of what effective school leaders do to 
increase school performance. Often social scientists describe schools as social systems. 
The systems approach of input, process, and output applies to the decision making 
process in schools. Picciano (2006) states, “Successful leaders understand how to use the 
dynamics of the systems approach by integrating people and information in decision 
processes, thereby creating a synergy that moves their organizations forward” (p. 10).
Systems theory provides a basic framework for the information used for decision 
making in schools. Internal and external factors further impact the decision making 
process resulting in the course of action (e.g., output). The systems approach is a 
valuable way to think about the dynamics and complexity involved in organizational 
processes (Lezotte & McKee, 2002; Senge, 1990). The complexity of using data to
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make school decisions in the context of systems theory allows for a more reliable, 
integrated understanding (Picciano, 2006; Streifer, 2002).
A conceptual framework for data-driven decision making in education (Marsh, 
Pane, & Hamilton, 2006) provides a more specific format for understanding the process. 
The framework (Figure 1) specifies four types of data: input, process, outcome, and 
satisfaction. The data are analyzed, yielding information. The information becomes 
actionable knowledge or possible solutions to inform decision making. Although the 
concept is a continuous cycle, it is more complex when the process is applied to decision 
making. For example, during actionable knowledge, one may need to gather more data 
before making a decision. The framework shows how data-driven decision making 
interrelates with the larger context of schools, reinforcing the idea of systems theory. The 
conditions and pressures of each level influence the process of data-driven decision 
making.
Decisions typically either require the use of data to provide information or to act. 
Additional data collection occurs to assess the decisions made, which continues the cycle. 
In relation to systems theory, the framework shows how data-driven decision making 
relates to the larger educational system. The framework relies on the assumption that 
valid data are collected and resources are available for data-driven decisions to occur.
The complexity of data-driven decision making in education often lends itself to multiple 
steps occurring within the framework. For example, brainstorming solutions (actionable 
knowledge) could require additional data to be gathered before making a decision. The 
pressures and influences on the classroom, school, and district further impact data-driven
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decision making as indicated by the framework. Although not represented in the 
conceptual framework, the state and federal influences additionally impact the process.
_____________
School
CUwroom
Types of data
♦ Input
* Process
♦ Outcome
* Satisfaction
information Actionable knowledge
Types of decisions 
> Set and assess progress toward goals
• Address individual or group needs
• Evaluate effectiveness of practices
■ Assess w hether client needs are being met
• Reallocate resources in reaction to outcomes
■ Enhance processes to  improve outcomes
----------1
Figure 1. Conceptual Framework of Data-Driven Decision Making in Education_______
From “Making sense of data-driven decision making in education. Evidence from recent 
RAND research,” by J. Marsh, J. Pane, and L. Hamilton (2006). RAND Corporation 
Occasional Papers.
Major Areas for Data-Driven Decision Making 
School organizations collect data and NCLB legislation requires schools, districts, 
and states to disaggregated data such as student performance based on tests scores and 
graduation rates. However, most school organizations gather a variety of data and keep 
databases on students, curriculum, personnel, financial, and facilities (Creighton, 2000; 
Holcomb, 1999; Lambert, 2003; Nolan, 2002; Picciano, 2006; Reeves, 2004). Data 
collection and decision making can be broken into four major areas: program evaluation 
(Holcomb, 1999; Sanders, 2000), financial and human resources management (Creighton,
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2000, Picciano, 2006; Streifer, 2002); professional growth and development (Creighton, 
2000; Lambert, 2003; Picciano, 2006) and accountability (Nolan, 2002; Reeves, 2004). 
These four areas focus on the school organizations’ primary data collection used to make 
decisions.
Program Evaluation
According to Sanders (2000), program evaluation is the process essential to the 
improvement of school programs. The process includes systematic gathering data and 
making informed decisions about school programs. Program evaluation involves others 
during the process and sharing learned information. The process allows school leaders to 
monitor programs, adjust programs, and make decisions about program resources based 
on the results in comparison to the desired outcomes. The systematic process includes 
documenting results so others can learn from a school’s strengths and weaknesses.
In reference to data-driven decision making, program evaluation considers the 
group being analyzed and its purpose; deciding the correct and appropriate analysis; and 
deciding if appropriate data are available (Streifer, 2002). Another component of 
program evaluation is using benchmarks to measure progress. Program evaluation 
should be done at the district and the school levels (Picciano, 2006). Student data, 
demographics, and enrollments are used to make program decisions regarding the 
allocation of resources, increasing student achievement, and planning teachers’ 
professional development. Holcomb (2004) suggests using five questions for program 
evaluation:
• What are the new program’s underlying values and beliefs? Do those values 
and beliefs fit ours?
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• What results does this program promise? Are they the same results that we 
want to achieve through our goals?
• What evidence is there that our program has achieved those results in other 
schools?
• What steps are required to implement this new program? Are there other 
processes in place in which we do what the new program requires?
• What resources are needed to implement this program? Can we afford it? (pp. 
222-223)
The five questions provide guidance and a catalyst for discussion about whether a new 
program should be implemented considering strategies currently used at the school. 
Financial and Human Resources Management
Effective school financial management requires administrators to plan, monitor, 
and evaluate the allocation of resources using data to make decisions (Picciano, 2006). 
Picciano (2006) cites Brimley and Garfield’s (2002) definition of a financial plan having 
four elements: planning; receiving funds; spending funds; and evaluating results (p. 106). 
The concept of financial management is to allocate resources carefully and effectively. 
Financial management includes the aspect of human resources management because 
expenditures for staff salaries must be included.
Data should be analyzed by school leaders to determine whether allocation of 
financial and human resources are being used wisely to increase school improvement. 
Data-driven decision making leading to school improvements must include managing the 
financial and human resources for expenditures including funding for professional 
development, staffing, program evaluation, technology, resource allocation (Creighton,
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2000; Streifer, 2002). School leaders may use data to determine the allocation of school 
and district funds. Importantly, school leaders should plan for the financial resources 
needed to increase the skills and the resources for effective data-driven decision making 
in education.
Professional Growth and Development
Danielson’s (2007) framework for formative teacher evaluation includes four 
domains. The fourth domain focuses on the teachers’ professional expectations including 
ongoing professional growth and development. School leaders are responsible for 
evaluating and assisting the professional development of teachers. Data-driven decision 
making can be used to assist with the evaluation and professional development of 
teachers (Picciano, 2006). However, using high-stakes test score results to evaluate 
teachers must be done with great caution. Picciano (2006) points out that teacher 
evaluation is complex due to the many variables impacting teaching and learning. 
Suggestions for using data-driven decision making to support teachers’ professional 
growth include strategies to develop shared meaning of data through group discussions 
(Holcomb, 2004; Picciano, 2006). It is critical for school leaders to provide the resources 
and knowledge to support teachers’ effort for using data-driven decision making for their 
own professional growth. Recommendations for teacher evaluation leading to 
professional growth include using both summative and formative processes (Danielson, 
2007; Glickman, 2003; Picciano, 2006).
Additionally, the skills required for effective data-driven decision making to 
translate data for all stakeholders require professional growth and development 
(Creighton, 2000; Lambert 2003). The lack of appropriate skills is one barrier to data-
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driven decision making (Holcomb, 2004). The ability to engage in the entire process of 
data-driven decision making is critical to school improvement. Picciano (2006) cautions, 
“Test data alone, however, will not improve teaching and learning” (p. 122). Often the 
only resource local school districts receive from federal and state agencies requiring data- 
driven decision making is the data itself instead of providing the assistance to develop the 
required skills for data-driven decision making. In order for data-driven decision making 
to lead to school improvement, teacher must be able to do so effectively (Lambert, 2003; 
Nolan, 2002). Both school leaders and teachers must receive professional growth and 
development on the skills required for data-driven decision making. Some of the skills 
include translating data into useable information (Creighton, 2000; Lambert, 2003); 
shared leadership (Lambert, 2003); reflective practice (Lambert, 2003); ability to use 
technology for data collection and analysis (Streifer, 2002); and knowing the right 
questions to ask (Holcomb, 2004).
Accountability
The accountability movement requires schools to monitor student progress based 
on test results. Data-driven decision making allows school leaders to help meet the 
expectations of the accountability movement by using data to plan, monitor, and evaluate 
student achievement and their use of resources (Picciano, 2006). A focus on increasing 
student achievement is one valid reason to expect schools to be accountable (Leithwood, 
Aitken, & Jantzi, 2001) and use data to make decisions. Holcomb (2004) explains, 
“Public demands for accountability are motivating an increased awareness of the need to 
provide evidence of a school’s effectiveness” (p. 53). Increased school accountability has 
resulted in adjustments to school funding and offering school choice to parents.
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Darling-Hammond (2004) explains that there are different types of accountability 
facing the educational system including, among others, political accountability, 
bureaucratic accountability, and market accountability. The various types of 
accountability require schools to adhere to governmental regulations while 
communicating options and reporting progress to stakeholders. Neill (2004) espouses the 
following as part of schools’ accountability system:
• Shared vision and goals for education and schools;
• Adequate resources for schools to meet accountability demands;
• Fair and wise use of resources;
• Participation and democracy among stakeholders;
• Student achievement data used for prioritizing goals;
• Use of multiple forms of evidence including a variety of data sources;
• Inclusion of all students;
• Goal of improving the quality of schools and learning
• Balance between bottom-up and top-down responsibility for meeting 
accountability mandates; and
• Interventions from higher levels of government beyond the local district, (pp. 
107-109)
Schools are often being held accountable for factors beyond their control (Neill,
2004). Despite the consequences, educational funding is often being tied to schools 
complying with the federal agencies’ and state education departments’ accountability 
requirements, which often makes things stressful for school leaders. Reeves (2004) 
explains that accountability often has a negative connotation in education because
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schools are focused mainly on high-stakes testing results. As Reeves suggests, educator 
should “embrace accountability, [so] they can profoundly influence educational policy 
for the better” (p. 6). Specifically, Reeves describes using student-centered 
accountability, which goes beyond test scores, because it is more accurate, more 
constructive, and increases staff motivation.
Regardless if the accountably demands placed on schools is fair, the 
accountability movement in education will continue to create more pressure on school 
leaders, including analyzing data to find out strengths and weaknesses for allocating 
resources effectively (Streifer, 2004). Federal and state governments have increased their 
role in school accountability over the recent years. In the past, local school boards 
governed and managed the schools. Streifer (2004) suggests that educators accept the 
expectations of school accountability presented by current law and use data-driven 
decision making to make changes to improve student achievement or face more federal 
and state control by ignoring the policies.
Data-Driven Decision Making Domains
There are four main categories, or domains, that describe the data-driven decision 
making process. The domains are as follows: (a) analyzing data; (b) reporting and 
communicating through data; (c) using data for school improvement; and (d) creating a 
data-friendly culture (see Table 9, Chapter IV).
Analyzing Data
According to the conceptual framework for data-driven decision making, 
analyzing data yield information (Marsh, Pane, & Hamilton, 2006). Data analysis is used 
to measure student progress, address achievement gaps, and guide instruction (AASA,
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2002; McEwan, 2003; NAESP, 2001; Sanders, 2000). Additionally, data analysis is used 
to inform decision making of educators (Picciano, 2006) and connects instruction to 
student achievement (Hoyle, Fenwick, & Steffy, 1998). Data analysis includes data 
disaggregation (McEwan, 2003). Data disaggregation can include the use of software 
tools to break down student data based on demographics or certain characteristics 
(Picciano, 2006). A major emphasis in the literature, analyzing data is a key component 
of data-driven decision making (Ackley, 2001; AASA, 2002; Brunner, et al., 2005; 
Cotton, 2003; Creighton, 2000; Cromey, 2000; Cromey & Hanson, 2000; Earl & Fullan, 
2003; Englert, et al., 2004; Feldman & Tung, 2001; Hamilton, Stecher, & Klein, 2002; 
Holcomb, 1999; Holcomb, 2004; Jandris, 2001; Lambert, 2003; Lezotte & McKee, 2002; 
Mandinach, Honey, & Light, 2006; Marzano, 2003; Marzano, Waters, & McNulty, 2005; 
Picciano, 2006; Reeves, 2004; Popham, 2003; Streifer, 2002) and, in summary, include 
the following practices:
• Selecting student achievement data;
• Gathering student achievement data;
• Analyzing data to guide instruction;
• Data mining;
• Evaluate return on resources; and
• Achievement gap (comparing demographics with achievement).
Reporting and Communicating Through Data
The conceptual framework includes the notion of actionable knowledge. It is 
during this time that brainstorming to communicate should occur and again after 
decisions have been made to report findings. It is critical for stakeholders to be regularly
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informed about assessment results and how it will impact the school (Holcomb, 2004). 
Reporting and communicating through data is essential to data-driven decision making 
(AASA, 2002; Brunner et al., 2005; Cotton, 2003; Cromey & Hanson, 2000; Early & 
Fullan, 2003; Englert et al., 2004; Feldham & Tung, 2001; Holcomb, 1999, 2004; Jandris, 
2001; Lambert, 2003; Lezotte & McKee, 2002; Marsh, Honey, & Light, 2006; Picciano, 
2006; Reeves, 2004; Popham, 2003) leading to increased student achievement and, in 
summary, include the following practices:
• Sharing student achievement data with parents;
• Conducting progress updates with stakeholders;
• Using data to advocate for financial support; and
• Proactive in communicating school performance data.
In using student achievement data to report and communicate school progress and 
updates with multiple audiences, Holcomb (2004) outlines the following for schools to 
first identify for each audience: specify the purpose for communication and identify 
appropriate venues for communicating. The schools’ audience or stakeholders include 
the media, community members, teacher, students, parents, and various organizations. 
School leaders need to understand what, when, and how to communicate the data and 
results of data-driven decision making with each audience (Holcomb, 2004). Other 
considerations for reporting and communicating through data include how the data are 
displayed, interpreted, and utilized for decision making.
Although assessment has been an ongoing practice in education, only recently 
have test scores been used to communicate by educators at all levels (Picciano, 2006). 
Technology has afforded quick return rates for testing results and a means for managing
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and sharing data. The accountability movement has resulted in educators using student 
achievement data to measure school progress (Picciano, 2006). School leaders need to 
help staff and stakeholders monitor and share data in meaningful ways to avoid 
overburdening staff members and potentially confuse stakeholders (Holcomb, 2004; 
Picciano, 2006). Local communication needs to be done briefly and simply (Holcomb,
2004); avoiding educational acronyms and terms can help avoid confusion.
Using Data for School Improvement
Another major emphasis in the literature on data-driven decision making is using 
data for school improvement (Ackley, 2001; AASA, 2002; Brunner, et al., 2005; Cotton, 
2003; Creighton, 2000; Cromey, 2000; Cromey & Hanson, 2000; Earl & Fullan, 2003; 
Englert, et al., 2004; Feldman & Tung, 2001; Hamilton, Stecher, & Klein, 2002; 
Holcomb, 1999; Holcomb, 2004; Jandris, 2001; Lambert, 2003; Lezotte & McKee, 2002; 
Mandinach, Honey, & Light, 2006; Marzano, 2003; Marzano, Waters, & McNulty, 2005; 
Picciano, 2006; Reeves, 2004; Streifer, 2002), which, in summary, includes the following 
practices:
• Making decisions to increase student achievement based on data;
• Using data to plan for school improvement;
• Projecting school performance; and
• Using data to identify barriers.
Effective data collection and analysis used to monitor continually the progress of student 
learning is a way for school leaders to achieve school improvement (McEwan, 2003). 
Actionable knowledge according to the conceptual framework is required for making 
decisions leading to school improvement. The knowledge gained from analyzing data
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provides a means for making decisions for make school improvements (Holcomb, 2004; 
Sanders, 2000). Schools must be provided with student achievement data that are timely 
and accurate (Picciano, 2006). The data must be current and relevant to address student 
needs and must be easily managed.
School leaders need to help teachers practice data-driven decision making for 
improving student achievement, ultimately leading to school improvement (Picciano, 
2006). However, Streifer (2004) warns that data-driven decision making will not lead to 
school improvement on its own. Some answers for school improvement cannot be 
answered through the use of data. Instead, the process allows educators to focus their 
efforts and help guide their decision making. Effective data-driven decision making can 
positively impact student achievement (Streifer, 2004). School improvement depends on 
the right questions being asked, use of accurate data, and having the correct skills and 
resources to engage in data-driven decision making. Holcomb (2004) explains the 
importance of using data to align school improvement with student achievement. This 
includes using data for an initial review, focus priorities, decide on areas for further 
study, document results, and make plans for collecting data.
Creating a Data-Friendly Culture
School leaders creating data-friendly cultures help reduce the potential of a hostile 
working environment attributed to the accountability movement. Principals should 
create a school environment that is comfortable with using data, since it is critical to 
effective data-driven decision making (AASA, 2002; Ackley, 2001; Brunner, et al., 2005; 
Cotton, 2003; Cromey, 2000; Earl & Fullan, 2003; Englert, et al., 2004; Feldman &
Tung, 2001; Holcomb, 2004; Jandris, 2001; Lezotte & McKee, 2002; Mandich, Honey, &
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Light, 2006; Marsh, Pane, & Hamilton, 2006; Marzono, 2003; Marzano, Waters, 
McNulty, 2005; NAESP, 2001; Picciano, 2006; Reeves, 2004). The practices for 
creating a data-friendly culture, in summary, include:
• Fostering a data-friendly culture focused on school improvement;
• Allocating resources for staff to analyze data;
• Providing staff with the information and skills to translate data; and
• Using multiple methods for analyzing data.
One way to create a more data-friendly culture is using a variety of student achievement 
data to make school decisions instead of focusing solely on standardized assessment 
scores for decision making. Educators should embrace the concept of holistic 
accountability to provide additional data beyond test scores to improve instruction. 
Holistic accountability or student-centered accountability includes using various data 
sources beyond test scores to give a better understanding of what is occurring in schools. 
Holistic accountability is more accurate, more constructive, and better for motivation by 
providing a context to build understanding around student test scores (Reeves, 2004). 
Collecting and using a variety of data sources on an ongoing basis can help inform 
educational decisions to a greater extent than annual test scores.
Holcomb (2004) explains that the process of data-driven decision making requires 
more than having the necessary skills and resources. When educational leaders 
encourage schools to use data to measure effectiveness, according to Holcomb they “are 
challenging the existing culture” (p. 32). Therefore, creating a data-friendly culture that 
encourages collaboration and engages teachers in the practice of gathering and analyzing 
data are key (Holcomb, 2004). A barrier to data-driven decision making is a culture that
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is non-collaborative, so school leaders needs to create cultures of collective 
responsibility. According to Holcomb, one strategy for creating a data-friendly culture is 
to establish various teams to participate in data-driven decision making and a means to 
share major changes with all staff members. School leaders need to provide time and 
resources for teams to engage in the process of data-driven decision making.
Importance of Data-Driven Decision Making 
Federal law under NCLB mandates schools to expand the testing of students and 
the monitoring of their progress. Efficient and accurate data-driven decision making 
allows school leaders to comply with the legal requirements thus securing federal funds 
(Picciano, 2006). Another important reason for using data to inform the instruction and 
learning processes according to Picciano is to, “empower administrators and help them 
take command of their school’s progress and destiny” (p. 5). Furthermore, data-driven 
decision making connects instruction to student achievement (Hoyle, Fenwick, & Steffy, 
1998) and provides a means for school improvement (Holcomb, 2004; Sanders, 2000). 
The AASA (2002) states:
In data-driven districts, superintendents work side by side with other 
administrators, teachers, principals and parents to ensure all children achieve. 
Everyone strives toward common goals. Data provide quantifiable proof, taking 
the emotion and rancor out of what can be tough calls for superintendents and 
school boards (e.g., dismantling a popular but ineffective program or closing a 
school). Data additionally provide the substance for meaningful, ongoing dialogue 
within the educational community, (p. 1)
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Other significant reasons for school leaders to use data-driven decision making are to 
measure student progress, address achievement gaps, evaluate program effectiveness, 
guide curriculum development, allocate resources wisely, promote accountability, report 
to the community, maintain educational focus, and show trends (AASA, 2002; McEwan, 
2003; Sanders, 2000).
Data-driven decision making is only one tool for school leaders to increase 
student learning and to make school improvements. The process depends on many 
factors including strong leadership, accurate data, and ability to make good decisions. 
Data-driven decision making is merely a tool to increase efficiency and on its own will 
not lead to school improvement. Streifer (2002) states:
There is a danger that the craft of data-driven decision making will overtake the 
essential purpose of school improvement. Doing data-driven decision making 
outside a larger context makes no more sense than evaluating teachers on criteria 
that are unrelated to the essence and nature of their craft. Thus, the goal is 
balance between organizational goals and culture and the tools to achieve them.
(p. 118)
Data-driven decision making on its own will not make school improvements 
(Creighton, 2005; Holcomb, 2004; Lezotte & McKee, 2002; Picciano, 2006, Streifer, 
2002). Critics of the accountability movement voice concerns about measuring student 
achievement and school performance based on high-stakes tests. Some people have a 
negative connotation with the term “data” because they relate it merely to test scores 
(Holcomb, 2004; Reeves, 2004). Similarly, the term data-driven decision making can 
create anxiety in education. However, the process of data-driven decision making tied
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with the concepts of instructional leadership, effective schools research, and systems 
theory into one force can lead to school improvement (Cotton, 2003; Lezotte & McKee, 
2002). Furthermore, the practices involved in the process of data-driven decision making 
extend well beyond the collection and analysis of data (AASA, 2002; Brunner, et al., 
2005; Cotton, 2003; Cromey & Hanson, 2000; Earl & Fullan, 2003; Englert, et al., 2004; 
Feldman & Tung, 2001; Holcomb, 2004; Jandris, 2001; Lezotte & McKee, 2002; Marsh, 
Pane, & Hamilton, 2006; Picciano, 2006; Reeves, 2004).
Data Sources
In effective data-driven decision making, various types of data are used for 
decision making including input, process, outcome, and satisfaction data. Input data are 
those data that the school has little control over, process as reasonably controllable, and 
outcomes as measurable results (Streifer, 2002). For example, student demographics and 
resources are categorized as input data. The instructional process is an example of 
process data including the curriculum, teaching materials, and professional development. 
Outcome data has become the typical focus of data-driven decision making (Streifer, 
2002). Some examples of outcome data are test scores, drop out rates, and college 
enrollment rates. Satisfaction data are often perceptions, such as stakeholder perceptions. 
Data are analyzed considering the context to capitulate information. Brainstorming of 
possible themes and solutions based on the information leads to actionable knowledge. 
Actionable knowledge helps to inform multiple decisions including, for example, goal 
setting, needs, evaluation, and improvements of outcomes.
Testing data are the most common source for information about student 
achievement (AASA, 2002; Sanders, 2000). The two main categories for gathering data
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on student achievement are: (a) norm-referenced tests and (b) criterion-referenced tests. 
Norm-referenced tests compare students against others taking the test. Examples of such 
data sources are the Stanford Achievement Test and the Iowa Test of Basic Skills. 
Criterion-referenced tests measure a student’s performance on a set of standards or 
objectives. Examples of criterion-referenced tests include state proficiency assessments, 
Advanced Placement (AP) exams, and unit tests.
In order to collect data, schools often use performance tests to offer more 
information about student learning beyond norm- and criterion-referenced tests.
Examples of performance assessments include portfolios, performance tasks, and 
experiments. As previously mentioned, outcome data are the most common source of 
data in decision making. However, additional data sources including all data areas (input, 
process, outcome, and satisfaction) are used by school leaders in data-driven decision 
making. Examples of other data sources include attrition rates, graduation rates, 
promotion rates, surveys, questionnaires, interviews, focus groups, observations, grade 
point averages, discipline data, and course grades (AASA, 2002).
Definitions of Data-Driven Decision Making 
Data-driven decision making has been defined in different ways. Creighton
(2000) defined it as the effective use and proper analysis of data to help with school 
improvement plans and identify the reasons for students’ successes and failures. In a 
broader sense, Streifer (2002) defines data-driven decision making “as the process of 
selecting, gathering, and analyzing data to address school improvement or student 
achievement problems and challenges and acting on those findings” (p. 8). Similarly, 
Picciano (2006) defines data-driven decision making as the “use of data analysis to
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inform when determining course of action involving policy and procedures. Note that 
data analysis is used to inform not replace the experience, expertise, intuition, judgment, 
and acumen of competent educators” (p. 6, 226). In the context of this study, data-driven 
decision making is defined by the practices outlined in the four domains as described 
earlier in this chapter: (a) analyzing data; (b) reporting and communicating through data; 
(c) using data for school improvement; and (d) creating a data-friendly culture.
Effective Data-Driven Decision Making
Effective data-driven decision making goes beyond the use of test scores to make 
instructional and planning decisions (Creighton, 2000; Creighton, 2005; Reeves, 2004; 
Picciano, 2006). A systematic application for using a variety of data to make hypotheses 
and to provide feedback is critical to understanding what works in education (Marzano, 
Waters, & McNulty, 2005). Rich data collection and analysis to make school decisions 
provides a broader context and better understanding than test scores alone. Constructive 
data analysis in successful schools use a variety of data while using common 
assessments, collaboration, frequent feedback, and engagement in action research 
(Cotton, 2003; Holcomb, 2004; Lezotte & McKee, 2002). Other practices include:
• use of legacy or historical data; collecting trend data to evaluate progress over 
time (Holcomb, 2004; Leithwood, Aitken, & Jantzi, 2001; McEwan, 2003; 
Picciano, 2006; Streifer, 2002);
• analyses of all types of data for inputs, processes, and outcomes (Holcomb, 
2004; Leithwood, Aitken, & Jantzi, 2001; McEwan, 2003; Picciano, 2006; 
Streifer, 2002);
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• strong commitment from school leaders to create a data-driven culture 
(Holcomb, 2004; Kerr, 2006; Leithwood, Aitken, & Jantzi, 2001; Picciano, 
2006);
• invest in sufficient resources for data-driven decision making (Holcomb, 2004; 
Kerr, 2006; Leithwood, Aitken, & Jantzi; Picciano, 2006); and
• accurate and valid data must be used (Creighton, 2000; Picciano, 2006; Kerr, 
2006).
Additionally, school districts should provide leaders with the resources for 
database management systems. The database system should include school information 
resources in five areas: students, curriculum, personnel, financial, and facilities. In 
addition, school districts should assign the role of database administration to an 
individual (Picciano, 2006). Instructional leaders help teachers use and understand 
student data gathered from multiple sources (Creighton, 2000; Ramsey, 2006). Ramsey 
(2006) offers guidelines for effective use of data-driven decision making:
• Base major decisions on trends or patterns instead of isolated student testing
results.
• Analyze data to understand what the data show and their limitations.
• Triangulate the data.
• Decisions based on strengths and weaknesses.
• Increase test reliability and validity by reducing stress.
• Use data to decide how to help students and improve student achievement, (p. 11-
12)
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Strategies
School leaders are expected to use data-driven decision making for continuous 
improvements. The assumption of state and federal legislation is that school leaders and 
teachers are capable and prepared to use data to establish instruction designed to increase 
student learning (Anderson & Jones, 2000; Cromey, 2000; Earl & Fullan, 2003). 
However, research indicates that schools, especially teachers, are not prepared to engage 
fully in the process of data-driven decision making (Ackley, 2001; Creighton, 2000; 
Creighton, 2005; Mandinach, Honey & Light, 2006). It is important to have a system for 
reporting and analyzing data in conjunction with offering staff assistance and resources 
for effective data-driven decision making to occur (Cotton, 2003; Holcomb, 2004; Kerr, 
2006; Lezotte & McKee, 2002; NAESP, 2001; Streifer, 2002).
Holcomb (1999) identified three out of eight school improvement activities to 
increase student achievement using data. The activities included compiling meaningful 
data, understanding the data, and analyzing the data. In addition, Holcomb (2004) 
describes the need for the organizational infrastructure to impact the school culture in 
order for all stakeholders to engage in the use of data to make decisions. Strategies to 
achieve this include: using a data team; proactively sharing data and resulting 
instructional changes with stakeholders; and motivating others to be passionate about the 
use of data to increase student achievement. Other strategies include managing barriers, 
establishing priorities, and clarifying roles.
The National Association of Elementary School Principals (NAESP) (2001) 
includes data as part of the performance standards for principals. Specifically, one 
standard expects principals to use “multiple sources of data as diagnostic tools to assess,
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identify, and apply instructional improvement” (p. 2). NAESP offers five strategies for 
principals including using a variety of data sources; analyzing data using multiple 
methods; using data to identify barriers, to plan improvement strategies, and to guide 
instruction; examining benchmarks; and creating a positive environment for data-driven 
decision making. Specifically, the following detail the recommended NAESP strategies:
• variety of data: triangulation of data by using multiple measures of student 
progress beyond standardized test scores including quantitative and qualitative 
data (norm-referenced tests, performance assessments, portfolios, student work, 
interviews, observations, and grades);
• analyzing data using a variety of strategies: disaggregating data, drilling down 
into data, and looking for trends;
• using data as tools to identify barriers to success, design strategies for 
improvement, and plan daily instruction: using data as a diagnostic tool instead 
of showing areas of weakness, regular assessment of student progress to make 
instructional decisions, and offering resources for reflective practices;
• examining benchmarks: looking towards other similar schools for ways to 
improve student achievement; and
• creating a school environment comfortable using data: creating a common 
understanding of what data are, modeling immersion into the data, commitment 
to data for improvement, and presenting data in easy to understand formats to 
be meaningful to stakeholders.
Effective principals using these strategies will increase the likelihood that data are used 
as a tool for decision making (NAESP, 2001). Currently, data-driven decision making is
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an expectation for school leaders but barriers exist. Many districts and school leaders 
vary in their ability to model and use data-driven decision making to increase student 
achievement.
Based on a research study focused on three urban school districts, Kerr (2006) 
suggested the following strategies for increasing data-driven decision making in schools:
• Developing interim assessments and a system for analyzing and reporting 
data;
• Offering professional development and/or technical assistance on how to 
interpret and use student test results;
• Revamping school improvement planning processes;
• Encouraged structured review of student work; and
• Using a classroom observation protocol to assess the quality of classroom 
instruction.
School applications using technology provide assistance to conduct data-driven 
decision making practices more competently. The use of data warehouses, information 
technologies, and decision support tools makes the decision making process more 
effective due to easier access and analysis of data (Streifer, 2002). For example, the 
National Science Foundation and the National Center for Educational Statistics 
developed an information management and data-warehousing system allowing 
educational leaders to access data. This tool can help increase the school leaders use of 
data-driven decision making due to the easy access to multiple data.
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Barriers to Data-Driven Decision Making 
Despite research indicating the importance of data-driven decision making 
(Lashway, 2002; Taylor, 2002; Terry, 1996) barriers exist for school leaders attempting 
to implement the process. According to the literature, there are a plethora of data-driven 
decision making barriers including, but not limited to, a lack of necessary skills and 
abilities (Bernhardt, 2004; Holcomb, 1999), deficient knowledge of what to do with data 
(Cromey & Hanson, 2000; Lambert, 2003), and a lack of a systems approach focusing on 
more than outputs (Streifer, 2002). Additionally, barriers for successful data-driven 
decision making include too many school initiatives, lack of proper training, difficulty in 
efficiently managing and disaggregating data, and complexity of picking the best areas to 
focus school improvement efforts (Creighton, 2001; Holcomb, 1999; Reeves, 2004; 
Picciano, 2006). A leader who lacks the skills and knowledge is less likely to engage in 
data-driven decision making. Furthermore, political pressures in the form of rewards and 
sanctions create additional barriers for effective data-driven decision making (Elmore & 
Fuhrman, 2001) due to the hostile environment created by schools competing for 
resources based on student achievement on high-stakes tests.
Although the use of technology can help make data-driven decision making 
more effective, it can also be a barrier. The processes for data gathering and analysis are 
complicated and time consuming. According to Streifer (2002), 90% of data-driven 
decision making time will be spent on the gathering and analysis of data unless 
technology is used. Unfortunately, technology is a barrier as educators are often 
unprepared to use statistics, including databases and spreadsheets, for data analysis 
(Creighton, 2000; Holcomb, 1999; Streifer, 2002). Furthermore, school and district data
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are often gathered using different systems (Streifer, 2002). Although data warehouses 
can link the data together, building a data warehouse is complicated and costly. Despite 
the various barriers that face educational leaders, there are suggestions and strategies for 
effective data-driven decision making as mentioned in previous sections of this chapter.
Summary
Regardless of the educational research perspective, it is clear that instructional 
leadership characteristics and strategies lead to the greatest school improvement (Duke, 
2006; Northwest Educational Cooperative, 1985; Northwest Regional Educational 
Laboratory, 1984; Raham, 2001). Instructional leadership should be a rule rather than the 
exception for educational leaders. The current accountability movement in education 
demands increased student achievement for all students. Educational reform, standards, 
and assessment will continue to be a focus for the United States. One critical component 
of effective instructional leadership is the systematic gathering and use of data to make 
instructional and planning decisions in schools.
Although aspects of data-driven decision making are mandated by legislation and 
common practice in educational research, understanding how principals in the field are 
using the process of data-driven decision making to increase student achievement is 
important. This chapter reviewed the four major areas for data collection and decision 
making: program evaluation, financial and human resources management; professional 
growth and development; and accountability. For the purposes of this study on 
principals’ use of student achievement data for decision making, the researcher focused 
primarily on the area of accountability.
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In order to increase the effectiveness of data-driven decision making in schools, 
data need to be collected on how leaders use and define data-driven decision making.
This literature review yielded significant findings. Notably, data-driven decision making 
is a complex process that is described and defined broadly in the literature. Following a 
comprehensive review of the literature, the researcher specified four domains that 
describe and define the most common practices for data-driven decision making as: (a) 
analyzing data; (b) reporting and communicating through data; (c) using data for school 
improvement; and (d) creating a data-friendly culture. In addition, the researcher 
discovered several significant reasons for using data-driven decision making and the 
importance of using a variety of data sources.
Several areas correlated to the process and understanding of data-driven decision 
making befitting further investigation. First, having principals assess their own use of 
data-driven decision making is necessary to compare the literature with current decision 
making practices occurring at schools. In addition, principals’ awareness of the 
importance of data-driven decision making is essential to understanding what practices 
are emphasized at the school level. Finally, principals describing the data sources they 
use and how they operationally define data-driven decision making can offer additional 
insight on how school leaders are using this practice in the field. In sum, this research 
study aimed to determine how principals across the Commonwealth of Virginia describe 
their use of student achievement data in decision making.
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Chapter III: Methodology
Although schools have been collecting data for many years, the current 
accountability movement under NCLB requires public schools to go beyond collecting 
data and use data to make educational decisions. However, legislation does not mandate 
how school districts should use data-driven decision making and each district chooses its 
own process. Moreover, research indicates that effective school leaders should use data 
to make decisions related to student achievement and school improvements (Creighton, 
2000; Fitch & Malcolm, 1998; Holcomb, 1999; McNamara, 1996; Picciano, 2006). 
However, data are seldom used as a daily part of education practitioners’ routine because 
there is a lack of understanding and comfort level of how to use statistics efficiently 
within school settings (Bracey, 1997; Holcomb, 1999; Picciano, 2006; Streifer, 2001).
Teachers should be trained on how to use statistics and data analysis in a practical 
manner. Educational leaders need to facilitate the use of data and increase teachers’ 
understanding of how to properly analyze data to inform decisions (Creighton, 2000). 
Research suggests that data-driven decision making, which includes analyzing data, is 
part of being an effective instructional leader to increase student achievement (Lashway, 
2002; Marzano, Waters, & McNulty’s, 2005; Supovitz & Poglinco, 2001; Taylor, 2002; 
Terry, 1996). This researcher examined how Virginia principals use student achievement 
data in their decision making.
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In order to address Phase II of this study, this study employed a mixed-method 
research design to gather data by conducting a survey on how Virginia principals 
describe their (a) use of data to make instructional decisions; (b) perceptions of the 
importance of data-driven decision making; (c) use of data sources and importance placed 
on such data sources; and (d) operational definition of data-driven decision making. Data 
collection was conducted through the distribution of a field-tested survey instrument 
adapted by the researcher specifically for Virginia principals.
This chapter describes the research methods for the study including: (a) 
restatement of the research questions, (b) data collection, (c) instrumentation, (d) data 
analysis, and (e) discussion of the ethical safeguards.
Research Questions
The primary research issues addressed by this study were completed in three 
phases: (a) Phase I: Identify the major themes of school leaders’ use of data-driven 
decision making according to the literature; (b) Phase II: Explore Virginia principals’ 
perceptions of data-driven decision making; and (c) Phase III: Compare Virginia 
principals’ perceptions with the research. Specific research questions included:
Research Question for Phase I
1. What major themes are identified in the extant literature regarding school 
leaders’ use of student achievement data in decision making?
Research Questions for Phase II
2. In what ways do Virginia principals use data to make instructional decisions?
3. What do Virginia principals feel are important reasons for using data-driven 
decision making?
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4. What data do Virginia principals use to make instructional decisions and how 
do they place relative importance on such data?
5. How do Virginia principals operationally define data-driven decision making?
6. Do Virginia principals differ in their use of data based on the grade level 
configuration (e.g., elementary, middle, or high) of their schools?
Research Question for Phase III
7. Is there a discrepancy between the major themes identified in the extant 
literature regarding school leaders’ decision making and the ways in which 
Virginia principals use data to make decisions?
Data Collection
Sample
Study participants included active PK-12 public school principals throughout 
Virginia. The names and addresses of potential participants were gathered from the 
Virginia Department of Education. All PK-12 principals were invited to participate, 
except those listed by Virginia Department of Education as Public Centers (e.g., 
Alternative, Career and Tech. Ed.). The school leaders included principals from public 
elementary, middle, and high schools in Virginia. All school districts in Virginia were 
invited to participate in the study, allowing all persons equal chance to participate in the 
study.
Generalizability
The results of this study may be generalized to Virginia PK-12 principals. 
Generalizations beyond Virginia are not intended and should be avoided due to external 
validity threats. The study was conducted using only those principals willing to
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
58
participate, which results in limited generalizability. It is possible that principals less 
comfortable with the topic were the participants more likely to decline to participate in 
the study.
The school districts complying with the Virginia Standards of Learning (SOL) 
testing as required by the Virginia Department of Education and No Child Left Behind 
(NCL B) are expected to use data for decision making. As part of the accountability 
movement, one factor for measuring the schools’ and districts’ adequate progress and 
accreditation status is students’ SOL test results. The SOL assessments are, therefore, 
considered high-stakes testing and basic data-disaggregation is an expectation by law. 
This further limits the generalizability of the study since using SOL test results in 
decision making is mandated by law. Finally, the pressures school leaders perceive due 
to the high-stakes testing environment and the accountability movement, which expect 
school leaders to use data, may have impacted the responses to the survey, thus limiting 
the generalizability of the findings.
Procedures
The data collection method consisted of the researcher-adapted survey on school 
leaders’ use of data-driven decision making. The researcher sent the survey to all 
Virginia public school principals via electronic correspondence inviting them to use a 
link to complete the online survey. All PK-12 principals were invited to participate 
including those employed in traditional public schools and excluding those principals 
employed in “Public Centers” (e.g., Alternative, Career and Tech. Ed.) as defined by the 
Virginia Department of Education. Initial contact was made with each principal via 
electronic correspondence inviting principals to participate in the study and complete the
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survey within a specific timeframe of two weeks (Appendix A). Principals were given 
the opportunity to send a separate, electronic correspondence if they desired to receive a 
summary of the research findings. The letter gave the participants a website link to 
complete the online survey titled “Survey of Virginia School Leaders’ Use of Data- 
Driven Decision Making” (Appendix B).
As stated, the researcher used an initial electronic correspondence to invite 
participants to be a part of the study. Any undeliverable messages, responses declining 
participation in the study, or requests for district authorization were listed as 
“nonparticipants” on the revised contact list. Specifically, individual principals who sent 
the researcher an electronic correspondence declining to participate in the study were 
additionally removed from the contact list. Also, nonparticipating districts were 
identified by their district representative and, subsequently, the entire list of principals 
from the district was removed from the participant list. This included districts requiring 
board or district approval prior to the distribution of the online survey. (Note: Some 
principals from nonparticipating districts completed the initial survey request prior to the 
researcher being contacted by a district representative. Those submitted responses are 
included in the sample as there were no means to identify the anonymous responses for 
removal.) Furthermore, any electronic mail addresses that came back with an error 
message (e.g., delivery failure, undeliverable, returned host/user unknown) or out-of- 
office assistant messages stating the principal would be out past the survey deadline were 
removed from the contact list.
The data-collection time period was open for two weeks. The length of the data 
collection for this electronic survey was shortened from the recommended two months
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
60
for mail surveys to 14 days because of the quicker turnaround allotted by online 
surveying methods (Fowler, 2002). To increase participation, an electronic 
correspondence reminder (Appendix C) was sent one week after initial contact. Based on 
the revised contact list all principals, excluding “nonparticipating” principals, were sent 
the reminder. The timeframe for follow-ups and the timeline for keeping the survey tool 
active is based on previously published research finding that a majority of respondents 
(over 50%) respond within the first six days (Deutskens, deRuyter, Wetzels, &
Oosteveld, 2004). As previously stated, the participants in the study were all the school 
leaders who agreed to complete the survey.
To obtain permission from the study participants, the first statement of the survey 
asked the participants to agree to be in the study (see Appendix B). This statement 
outlined the purposes of the study, guaranteed that participants’ responses would be 
anonymous, and offered participants voluntary choice to participate in or withdraw from 
the study at anytime without penalty. By selecting “Next” on the first screen of the 
survey, participants agreed to be in the study. Participants had the option to exit the 
survey at any time. To ensure participants’ confidentiality, the researcher designed the 
online survey to collect anonymous responses and chose not to store respondents’ IP 
addresses with the survey results.
Instrumentation
After a thorough literature review of data-driven decision making, the researcher 
adapted a survey on data-driven decision making given to Pennsylvania school leaders 
(Jordan, 2003). Permission to adapt Jordan’s survey was granted on April 12, 2007, via 
written correspondence. Jordan’s own survey was created and revised from feedback by
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Jordan’s survey was modified by this researcher based on the review of literature, the 
sample, and the purpose of this study.
This researcher adapted Jordan’s survey items, which were then reviewed by a 
focus group and further field-tested to increase both the reliability and the validity of the 
survey. The survey was analyzed by a focus group and field-tested after permission was 
granted from the Protection of Human Subjects Committee at the College of William and 
Mary. The focus group consisted of doctoral students and administrators. The focus 
group received consent letters, which were explained in-person prior to conducting the 
review. Revisions were made to the survey based on the suggestions made by the focus 
group. The researcher requested the focus group review the survey’s mechanics, 
structure, and feasibility. The focus group suggested that the 36 questions be 
consolidated to 17 questions and that demographic and definition items be done by 
selecting terms. The focus group further suggested certain questions be eliminated that 
the group felt were redundant or created confusion. The wording of several statements 
was changed and the structure simplified to help increase the potential for responses.
After the researcher made revisions to the survey based on the focus group, the 
survey instrument was field-tested for clarity and relevance by a group of 24 
administrators across the Commonwealth of Virginia. Questions concerning clarity and 
relevance of survey items were measured on a nominal scale (i.e., Yes = 1 and No = 2) 
and analyzed using descriptive statistics. Open-ended questions provided additional 
comments and suggestions for survey improvements, which were analyzed using
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qualitative methods of content analysis. Survey items were further refined, removed, or 
added based on the results of the descriptive statistics and content analysis.
The final version of the survey was converted to a web-based online survey 
software program (see Appendix B). The online survey tool this study utilized was 
SurveyMonkey.com. The survey tool allowed the researcher to send out electronic 
correspondence with the survey link embedded in it. The survey tool further helped to 
design the survey into the final online version, collect the responses, and analyze the data.
Data were gathered using the online survey (see Appendix B) with nine sections 
asking principals to describe their: (a) Section 1: Use of data to make instructional 
decisions; (b) Section 2: Perceptions of the importance of data-driven decision making;
(c) Sections 3 and 4: Use and importance placed on data sources; (d) Section 5: 
Operational definition of data-driven decision making; and (e) Sections 6 through 9: 
Demographic characteristics. Survey research includes the use of questionnaires or 
interviews to collect data (Gall, Gall, & Borg, 2003). Furthermore, a well-designed 
survey using an easy to understand five-point Likert scale “makes converting the 
responses for subsequent data analysis straightforward, with minimal data errors” 
(Picciano, 2006, p. 88). Therefore, the researcher used a Likert-type scale survey for one 
portion of the data collection, allowing the researcher to analyze standardized 
information.
Table 1 delineates the survey items used to measure the principals’ description of 
their use of data in relation to the data-driven decision making domains along with the 
other survey sections. Section 1 of the online survey, consisted of 18 Likert-scale 
questions focused on the principals’ use of data to make instructional decisions. In this
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study the broad term “data-driven decision making” is categorized by the four domains 
based on the research (see Chapter 2). The domains are: (a) analyzing data; (b) reporting 
and communicating through data; (c) using data for school improvement; and (d) creating 
a data-friendly culture. A research matrix outlining the domains informed the final 
version of the Likert-scale survey items (see Chapter IV, Table 9). Specifically, 
principals’ use of data in decision making were measured on a five-point Likert scale 
ranging from 1 (Never) to 5 (Always) in Section 1 of the survey for each domain. 
Although some data-driven decision making practices overlap (Section 1), the primary 
domain addressed by each item based on the research is indicated on the table. 
Participants were able to provide information beyond their use of data in the subsequent 
sections of the online survey. Eight sections followed the 18 Likert-scale items (Section 
1) to gather this additional data.
Section 2 of the online survey allowed respondents to select three out of 11 
phrases they felt were the most important reasons for using data-driven decision making. 
The 11 phrases were selected based on the data-driven decision making research.
Section 3 of the survey allowed respondents to select the data types they use to make 
instructional decisions. Based on the research, 12 data sources were listed and the 
respondents had the choice to select “Other” if they wanted to provide open-ended 
responses regarding data types used to make decisions. Section 4 of the survey was 
presented on the same online screen as Section 3 because it requested respondents to list 
the top three data sources critical to data-driven decision making based on the list 
provided in Section 3. Section 5 of the survey requested respondents to briefly state their 
working definition of data-driven decision making as an open-ended survey item. The
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final sections (Sections 6 - 9 )  were presented on one screen to measure demographic 
variables. Principals’ demographic characteristics included: gender; years of experience; 
school level served as a principal; and highest level of education completed.
Table 1
Survey o f Virginia School Leaders ’ Use o f Data-Driven Decision Making
Table o f Specifications_____________________________________________________
Data-Driven Decision Making Survey Section
Analyzing Data Section 1 (Questions 1,2, 10, 12, 15)
|  Reporting and Communicating through , (Ques(ions 6> % 13_ , 4)
q  Using Data for School Improvement Section 1 (Questions 4, 5, 16, 17)
Creating a Data-Friendly Culture Section 1 (Questions 3, 8, 11, 18)
Survey Section
Importance of Data-Driven Decision Making Section 2
Data Sources Sections 3 & 4
Definition of Data-Driven Decision Making Section 5
Demographic Characteristics Section 6 - 9
Data Analysis
Results from the Virginia School Leaders’ use of Data-Driven Decision Making 
survey were analyzed to determine principals’ perceptions on their use of data, 
importance of data-driven decision making, data sources, and whether significant 
differences exist among school leaders at various school levels (e.g., elementary, middle, 
and high school). The raw data collected by the online tool were exported into Microsoft 
® Office Excel 2003. The data were revised to allow the Statistical Package for Social 
Sciences (SPSS) 15.0 to open and read the data set for statistical analysis. Open-ended 
responses were coded for content analysis using Microsoft ® Office Excel 2003.
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This mixed-design study included descriptive statistics and content analysis of 
school leaders’ use of data-driven decision making. Descriptive statistics attempts to 
describe and explain conditions by using “frequency distributions, contingency tables, 
and means. Descriptive research can rely on data gathered from a broad range of sources 
such as written documents, personal interviews, test results, and surveys” (Picciano,
2006, p. 44). The researcher used frequency tables to describe the survey responses. In 
particular, means and frequency distributions were provided to summarize responses 
answering the questions in Phase II of the study.
Quantitative strategies were used to analyze the first three sections of the survey. 
Inferential statistics were run by using a statistical software package (i.e., SPSS). The 
inferential statistics included an analysis of variance (i.e., ANOVA) procedure to 
compare the mean factor scores to determine if any significant statistical differences 
existed among the groups for research question number six. Research question number 
six asked, “Do Virginia principals differ in their use of data based on the grade level 
configuration (e.g., elementary, middle, or high) of their schools?” ANOVAs and post 
hoc tests were used to statistically analyze variances within and between groups based on 
the Likert-scale survey results and principals’ grade level configuration. The dependent 
variable for this analysis was the principals’ use of data. The independent variable was 
the principals’ grade level configuration (i.e., elementary, middle, and high school).
Content analysis was used for the data gathered by open-ended survey items. 
Content analysis “may be briefly defined as a systematic, objective, quantitative analysis 
of message characteristics” (Neuendorf, 2002, p. 1). Content analysis entailed both 
quantitative and qualitative analyses. The unit of analysis was the “message unit”
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
(Neuendorf, 2002) for research questions four and five. An additional content analysis 
was conducted for research question five to further describe the principals’ operational 
definition for data-driven decision making using the “word count” as the unit of analysis. 
In this study, the coding unit for the message unit and the word count was based on the 
data-driven decision making domains. However, in analyzing research question four, the 
coding unit was the data sources based on the literature review research.
In regard to the qualitative text content analysis, the researcher used an 
interpretivist paradigm. Therefore, the researcher neither attempted to change the school 
leaders’ data-driven decision making, nor explored the topic with the participants. 
Content analysis included a qualitative review of the written data and coding scheme 
based on the predetermined, or a priori, categories. Responses were coded and 
categorized, however, emergent categories formed if principals’ responses did not relate 
to the pre-determined categories. In sum, descriptive statistics and content analysis were 
used to address the specific research questions in Phase II. Table 2 displays a visual 
model of the qualitative and quantitative data analysis for each of the three phases and 
each of the seven research questions.
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Table 2
Data Analysis Table
Research Questions Data Source Data Analysis
Phase I 1. What major themes are identified in
the extant literature regarding school Literature Content
leaders’ use of student achievement Matrix Analysis
data in decision making? (Domains)
Phase II 2. In what ways do Virginia principals Survey
use data to make instructional Section 1 Descriptive
decisions? (Items 1 -1 8 ) Statistics
Phase II 3. What do Virginia principals feel are
important reasons for using data- Survey Descriptive
driven decision making? Section 2 Statistics
Phase II 4. What data do Virginia principals use Descriptive
to make instructional decisions and Survey Statistics and
how do they place relative Sections Content
importance on such data? 3 & 4 Analysis 
(Data Sources)
Phase II 5. How do Virginia principals Survey Content
operationally define data-driven Section 5 Analysis
decision making? (Domains and 
Word Count)
Phase II 6. Do Virginia principals differ in their
use of data based on the grade level Survey ANOVA and
configuration (e.g., elementary, Sections Post-hoc
middle, or high) of their schools? 1 & 8
Phase III 7. Is there a discrepancy between the
major themes identified in the extant Survey Comparative
literature regarding school leaders’ Section 1 & Analysis
decision making and the ways in Literature (Domains)
which Virginia principals use data to Matrix
make decisions?
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Ethical Safeguards 
Prior to conducting this study, the researcher obtained permission from the 
Human Subjects Committee at the College of William and Mary. Ethical safeguards 
were conducted in a manner to protect the anonymity of the school district and 
confidentiality of the individuals participating in the study. Permission requesting 
participants to be in the study was completed by the first statement of the online survey. 
Each prospective participant received the details of the study, choice to refrain from 
answering the questions, and opportunity to withdraw from the study at anytime. The 
researcher designed the online survey for anonymous responses. Specifically, 
respondents’ IP addresses were not stored with the survey results.
The researcher used a cover letter for the focus group and the field-test 
participants stating the researcher’s commitment to protect the anonymity of all involved. 
The researcher did not use any school names or individual names in the reporting any 
research findings from the survey. The researcher conducted this study in accordance 
with acceptable ethical research practices and according to the Code of Federal 
Regulations for the Protection of Human Subjects.
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Chapter IV: Data Collection and Analysis 
This study investigated school leaders’ use of data-driven decision making. A 
mixed-design survey design was employed to collect data from the sample of principals 
in Virginia’s public schools. Chapter IV presents the data analysis findings that address 
the school leaders’ use of data-driven decision making.
This chapter describes data collection and analysis, which is organized first by the 
description of the sample and followed by the analysis of each research question. As a 
reminder, this study focused on data-driven decision making that was completed in three 
phases: (a) Phase I: Identify the major themes of school leaders’ use of data-driven 
decision making according to the literature; (b) Phase II: Explore Virginia principals’ 
perceptions of data-driven decision making; and (c) Phase III: Compare Virginia 
principals’ perceptions with the research.
Description of the Sample 
A total of 1,767 Virginia public school PK-12 principals were invited to 
participate in this study, including those employed in traditional public schools and 
excluding those principals employed in “Public Centers” (e.g., Alternative, Career and 
Tech. Ed.) as defined by the Virginia Department of Education. Table 3 illustrates the 
survey return rate and response rate percentage. Of the 1,767 principals contacted, 26% 
initially participated in the initial online survey. The final response rate of 31% was
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computed after a follow-up reminder was sent and the nonparticipating Virginia districts, 
undeliverable addresses, and unavailable principals were removed from the contact list.
The process for identifying study participants started with the list of principals 
from the Virginia Department of Education. The contact list was updated based on 
electronic responses from individuals or district representatives. Any undeliverable 
messages, responses declining to participate in the study, or requests for district 
authorization were listed as “nonparticipants” on the revised contact list. Specifically, 
nonparticipating Virginia districts were identified by their district representative and, 
subsequently, the entire list of principals from the district was removed from the 
participant list. This included districts requiring board or district approval prior to 
distribution of the online survey. (Note: Some principals from nonparticipating districts 
responded to the initial survey request prior to being contacted by a district 
representative. Those responses are included in the sample as there were no means to 
identify the anonymous responses.)
Individual principals who sent the researcher an electronic correspondence 
declining to participate in the study were also removed from the contact list.
Furthermore, any electronic mail addresses that came back with an error message (e.g., 
delivery failure, undeliverable, returned host/user unknown) or out-of-office assistant 
messages (e.g., stating the principal would be out past the survey deadline) were removed 
from the contact list. After one week, an electronic correspondence was sent as a thank 
you and follow-up reminder to the revised contact list of 1,474 Virginia principals. This 
resulted in the overall survey response rate of 31% (N = 452).
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Table 3
Survey Return Rate and Response Rate Percentage o f Participating Virginia 
Principals_______________________________________________________
Principals Invited to N Total Response Rate
Participate in Survey
Initial Contact List 1,767 452 26%
Second Contact List 1,474 452 31%
Table 4 summarizes the frequency and percentage of principals’ survey response
rate for each survey section based on the 452 responses received. Section 1 included 18 
Likert scale questions and resulted in 100% participation. Four participants skipped 
Section 2 of the survey asking the most important reasons for data-driven decision 
making, resulting in a completion rate of 99%. Section 3 requested participants to select 
the data types used to make instructional decisions had a completion rate of 98%. The 
opened-ended question on critical data sources in Section 4 had a completion rate of 
95%. Seventy-two participants skipped Section 5, which asked respondents to briefly 
state their working definition of data-driven decision making, resulting in an 84% 
completion rate. The final part of the survey (Sections 6 - 9 )  requested demographic 
characteristics. The completion rate for the demographic section of the survey was 96%. 
Table 4
Survey Frequency and Percentage o f Participating Virginia 
Principals by Section
Section Frequency (/) Percentage of Sample
1 452 100%
2 448 99%
3 443 98%
4 431 95%
5 379 84%
6 436 96%
7 436 96%
8 435 96%
9 435 96%
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The principals’ demographic data were analyzed and are summarized in Tables 5 
through 8. The demographic portion of the survey (Sections 6 - 9 )  measured the 
following important characteristics: gender; years of experience, grade level 
configuration served as a principal and highest level of education completed.
Table 5 illustrates the frequency and percentage of the principals’ gender. Two 
hundred thirty-seven Virginia principals identified themselves as female, while 199 were 
male. Sixteen principals did not report these data.
Table 5
Frequency and Percentage o f Participating Virginia Principals, by Principals ’ Gender
Gender Frequency (/) Percentage of Sample
Female 237 52.4%
Male 199 44.1%
Missing 16 3.5%
Total 452 100.0%
Table 6 illustrates the sample’s frequency and percentage for the number of years 
respondents reported they worked as a principal. The majority of principals in the sample 
reported zero to 10 years of experience, with 170 (37.6%) principals selecting zero to five 
years and 118 (26.1%) principals selecting six to 10 years. The principals with zero to 
five years of principal experience (n = 170) combined with those having six to 10 years 
of principal experience (n=  118) total 63.7%. The principal experience range of 16 to 20 
years was the smallest number of participants (n = 32). Sixteen participants’ data 
pertaining to years of experience were missing.
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Table 6
Frequency and Percentage o f Participating Virginia Principals, by Number o f Years o f  
Principal Experience_______________________________________________________
Years of Experience Frequency ( f ) Percentage of Sample
0 - 5 170 37.6%
6 - 1 0 118 26.1%
11-15 45 10.0%
1 6 -2 0 32 7.1%
21+ 71 15.7%
Missing 16 3.5
Total 452 100.0
Table 7 illustrates the sample and population frequency and percentages based on 
the grade level configuration served by the principals. The grade level configuration is 
based on the school level principals served (e.g., elementary, middle, and high). Not 
surprisingly, most participants reported being elementary school level principals (n = 
251), representing 55.5% of the sample. The sample percentage of elementary principals 
is a slight under-representation of the population (62.4%). However, the percentage of 
elementary principals is the largest in the sample and population. Only 0.8% (n = 4) 
reported being an early childhood or preschool level principal, which closely represents 
the population percentage of 1.0%. The sample of middle school and high school level 
principals nearly matches the population percentage («17%) as shown on Table 7. The 
respondents of the combined school level principals (6.0%) do not match the population 
(2.9%). In considering the results of the survey, the sample of the combined school level
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principals is an over-sampling. The data pertaining to principals’ school level were 
missing for 17 participants.
Table 7
Frequency and Percentage o f Participating Virginia Principals, by Grade Level 
Configuration_______________________________________________________
School Level Sample
Frequency
V)
Sample
Percentage
Population
Frequency
(f)
Population
Percentage
Early Childhood/ 
Preschool 4 0.8% 18 1.0%
Elementary School 251 55.5% 1103 62.4%
Middle School 73 16.2% 298 16.9%
High School 80 17.7% 296 16.8%
Combined 
(e.g., K-8, 5-12) 27 6.0% 52 2.9%
Missing 17 3.8% 0 0%
Total 452 100.0% 1767 100.0%
Table 8 illustrates the frequency and percentage of principals’ highest level of 
education earned. Most principals in the sample identified their highest level of 
education earned as a master’s degree (n -  328). A small number of principals (n = 26) 
of the sample identified their highest level of education earned as a Doctor of Philosophy. 
Only one participant (0.1%) in the sample identified himself as having a Juris Doctorate 
degree as the highest level of education received. Seventeen participants’ data pertaining 
to education were missing.
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Table 8
Frequency and Percentage o f Participating Virginia Principals, by Highest Level o f  
Education Earned
Education Frequency if) Percentage of Sample
Master’s 328 72.6%
EdD 80 17.7%
PhD 26 5.8%
JD 1 0.1%
Missing 17 3.8%
Total 452 100.0%
Analysis of Research Questions 
This study was conducted in three phases: (a) Phase I: Identify the major themes 
of school leaders’ use of data-driven decision making according to the literature; (b)
Phase II: Explore Virginia principals’ perceptions of data-driven decision making; and (c) 
Phase III: Compare Virginia principals’ perceptions with the extant literature. The results 
are presented by individually addressing the research questions in each phase of the 
study.
Research Question for Phase 1
1. What major themes are identified in the extant literature regarding school leaders ’ 
use o f student achievement data in decision making?
This research question was addressed through the literature review and 
summarized in Table 9. The literature review was the basis for the majority of the 
survey. Specifically, Section 1 of the survey (18 Likert-scale questions) was divided into 
four domains based on the research: (a) analyzing data; (b) reporting and communicating
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through data; (c) using data for school improvement: (d) and creating a data-friendly 
culture. Again, the domains were the basis for the a priori categories used in analyzing 
the principals’ operational definition of data-driven decision making. Finally, the 
domains were further used to analyze if principals differ in their use of data based on 
their GLC (e.g., elementary, middle, or high) of their schools. After conducting a 
thorough review of the literature, relevant data-driven decision making domains emerged 
as follows:
Table 9
Relevant Data-Driven Decision Making Research Matrix
Domains Analyzing
Data
Reporting and 
Communicat­
ing Through 
Data
Using Data 
for School 
Improve­
ment
Creating a 
Data-Friendly 
Culture
Source
Ackley, 2001 • • •
American Association of 
School Administrators 
(AASA), 2002
• • • •
Bernhardt, 2004 •
Brunner et al., 2005 • • • •
Cotton, 2003 • • • •
Creighton, 2000 • •
Cromey, 2000 • • •
Cromey & Hanson, 2000 • • • •
Earl & Fullan, 2003 • • • •
Englert et al., 2004 • • • •
Feldman & Tung, 2001 • • • •
Hamilton, Stecher & Klein, 
2002 • •
Holcomb, 1999 & 2004 • • • •
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Table 9
Relevant Data-Driven Decision Making Research Matrix
Domains Analyzing
Data
Reporting and 
Communicat­
ing Through 
Data
Using Data 
for School 
Improve­
ment
Creating a 
Data-Friendly 
Culture
Source
Jandris, 2001 • • • •
Lambert, 2003 • • •
Lezotte & McKee, 2002 • • • •
Mandinach, Honey & 
Light, 2006
• • •
Marsh, Pane & Hamilton, 
2006
• • • •
Marzano, 2003 • • •
Marzano, Waters & 
McNulty, 2005 •
• •
Picciano, 2006 • • • •
Reeves, 2004 • • • •
Popham, 2003 • •
Streifer, 2002 • •
Total 24 15 22 18
Based on the review of the literature, it is apparent that the major areas of 
emphasis in data-driven decision making are analyzing data and using data for school 
improvements. The other two domains, reporting and communicating through data and 
creating a data-friendly culture were less emphasized in the literature yet remain 
essential components to data-driven decision making.
Research Questions for Phase II (2 -  6)
2. In what ways do Virginia principals use data to make instructional decisions?
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This research question was addressed by analyzing principals’ responses to the 
close-ended items on Section 1 of the survey instrument. Descriptive statistics were 
computed for each item and summarized in Tables 10-13. A total of 18 Likert-scale 
questions were used to elicit responses from principals on their use of data for decision­
making purposes. The survey items pertaining to principals’ use of student achievement 
data in decision making were coded such that responses of always were given a value of 
5, often was given a value of 4, sometimes was given a value of 3, rarely was given a 
value of 2, and never was given a value of 1. Missing data were calculated for 
frequencies, but were not included in other analyses to avoid skewing the data.
The 18 survey items in Section 1 were categorized into four data-driven decision 
making domains: (a) analyzing data; (b) reporting and communicating through data; (c) 
using data for school improvement; and (d) creating a data-friendly culture. The 
combined responses for all four domains on principals’ use of data to make instructional 
decisions resulted in a mean rating of 4.29 (SD = 0.71). The principals’ overall responses 
fell between the categories of often and always with domain means ranging from 4.22 
(SD = 0.75) to 4.37 (SD = 0.67). The following four sections detail the descriptive 
statistics for each domain and summarize the data for each survey item.
Analyzing Data
Five of the survey questions in Section 1 addressed principals’ practice of 
analyzing data and descriptive statistics for this domain are summarized on Table 10.
The participants responses for the five questions on analyzing data were combined for 
this domain and resulted in the mean rating of 4.37 (SD = 0.67). The majority (89.6%) of 
principals chose often (40.1%) or always (49.5%) for questions related to the domain of
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analyzing data practices. A few participants chose sometimes (8.5%) or rarely (1.9%) in 
regard to their practice of analyzing data. Only one participant chose never (0.2%) for 
one of the five questions related to analyzing resource data for achievement gaps 
referring to the practice of evaluating the return on resources invested in intervention 
programs designed to address achievement gaps.
Table 10
Principals ’ Practice o f Analyzing Data
Survey Section 1 Some­ M SD
Never Rarely times Often Always N
1 .1 use student 
achievement data to 
guide instruction.
0.0%
(0)
0.0%
(0)
1.3%
(6)
35.8%
(162)
62.8%
(284) 452 4.62 0.51
2 .1 use data to
evaluate the
alignment of the 
school's actions 
with student
0.0%
(0)
0.0%
(0)
1.6%
(7)
36.7%
(165)
61.8%
(278) 450 4.60 0.52
achievement.
10.1 evaluate the
return on resources
invested in 
intervention 
programs designed 
to address
0.2%
(1)
6.1%
(27)
19.8%
(88)
48.0%
(213)
25.9%
(115) 444 3.93 0.85
achievement gaps.
12.1 examine the
relationship 
between students' 
demographic 
variables and their
0.0%
(0)
3.1%
(14)
15.5%
(69)
40.6%
(181)
40.8%
(182) 446 4.19 0.81
academic
achievement.
15.1 monitor
student progress by 
analyzing student 
achievement data.
0.0%
(0)
0.2%
(1)
4.3%
(19)
39.4%
(175)
56.1%
(249) 444 4.51 0.59
Total for Analyzing Data 4.37 0.67
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Reporting and Communicating through Data
Table 11 summarizes descriptive statistics for the five survey questions that 
addressed principals’ response on their use of reporting and communicating through 
data. The mean rating of participants’ responses to the five reporting and 
communicating through data items were combined and resulted in the mean of 4.22 (SD 
= 0.75). The majority (84.1%) of principals chose often (44.4%) or always (39.7%) for 
the questions related to the domain of reporting and communicating through data. A few 
participants chose sometimes (14.0%) or rarely (1.5%) in regard to their use of data for 
reporting and communicating. Although the majority of principals chose often or always, 
Questions 7 and 9 elicited a combined response rate of over 20% of principals choosing 
never, rarely, and sometimes. Only 1.3% of participants chose never for practices 
aligned to reporting and communicating through data including conducting progress 
updates with stakeholders and using data to advocate financial support for school 
programs or initiatives.
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Table 11
Principals Reporting and Communicating Through Data
Survey Section 1
Never Rarely
Some­
times Often Always N
M SD
6 .1 share student 
achievement data 
with parents.
0.0%
(0)
0.4%
(2)
10.7%
(48)
40.5%
(182)
48.3%
(217) 449 4.37 0.69
7 .1 conduct
progress updates 
with stakeholders 
using student 
achievement data.
0.2%
(1)
1.3%
(6)
18.8%
(84)
45.7%
(204)
33.9%
(151) 446 4.12 0.77
9 .1 use student 
achievement data 
to advocate for 
financial support 
for school
1.1%
(5)
3.8%
(17)
17.9%
(80)
43.5%
(195)
33.7%
(151) 448 4.05 0.88
programs or 
initiatives.
13.1 am proactive 
in communicating 
school
performance data.
0.0%
(0)
0.5%
(2)
7.7%
(34)
45.0%
(200)
46.8%
(208) 444 4.38 0.65
14.1 reference
multiple
assessment
measures when
communicating
about school
performance.
0.0%
(0)
1.6%
(7)
15.0%
(67)
47.5%
(213)
35.9%
(161) 448 4.18 0.74
Total for Reporting and Communicating Through Data 4.22 0.75
Using Data for School Improvement
Four survey questions in Section 1 elicited data on principals using data for  
school improvement and descriptive statistics for this section are summarized on Table 
12. The participants’ responses to the four items on using data for school improvement
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were combined, which resulted in the mean rating of 4.24 (SD = 0.72). Most principals 
(83%) chose often (37.3%) or always (45.7%) to describe their use of data for school 
improvement for the questions related to this domain. Specifically, a large number of 
participants (96.6%) selected often and always for Question 17 regarding principals’ use 
of student achievement data to plan for school improvements. Similarly, 94.5% selected 
often and always regarding principals disaggregating student achievement data to make 
decisions about school improvement initiatives (Question 4). A small number of 
principals (17.1%) chose sometimes (13.2%), rarely (2.8%), or never (1.1%) on practices 
related to using data for school improvement. However, 192 participants (42.9%) chose 
sometimes, rarely, or never for Question 5 on the practice of using historical student data 
to project school performance over the next three years yielding a mean of 3.60 for this 
item.
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Table 12
Principals ’ use o f  Data for School Improvement
Survey Section 1
Never Rarely
Some­
times Often Always N
M SD
4. When I make 
decisions about 
school
improvement 
initiatives, I 
disaggregate 
student
achievement data.
0.0%
(0)
0.0%
(0)
5.5%
(25)
32.6%
(147)
61.9%
(279) 451 4.56 0.6
5 .1 project school 
performance over 
the next 3 years 
using historical 
student
4.0%
(18)
9.6%
(43)
29.3%
(131)
36.9%
(165)
20.1%
(90) 447 3.60 1.0
achievement data.
16.1 use data to 
identify barriers 
to school 
improvement 
initiatives.
0.2%
(1)
1.1%
(5)
15.0%
(67)
49.8%
(222)
33.9%
(151) 446 4.16 0.73
17.1 use student 
achievement data 
to plan for school 
improvements.
0.0%
(0)
0.4%
(2)
2.9%
(13)
29.9%
(134)
66.7%
(299) 448 4.63 0.57
Total for Using Data for School Improvement 4.24 0.72
Creating a Data-Friendly Culture
Table 13 summarizes the descriptive statistics for the four survey questions in 
Section 1 that addressed principals’ task of creating a data-friendly culture. The four 
questions on participants’ responses for creating a data-friendly culture were combined, 
which resulted in the mean rating of 4.32 (SD = 0.71). The majority (87.7%) of principals
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described themselves as creating a data-friendly culture by choosing often (42.1%) and 
always (45.6%) for the four questions related to this domain. A few principals (12.1%) 
chose sometimes (10.9) or rarely (1.2%) to describe their practices related to the creation 
of a data friendly culture. Importantly, 195 participants (96.2%) selected often (38.7%) 
or always (57.5%) for Question 3 referencing the practice of principals fostering a data- 
friendly culture. In contrast, Question 8 yielded 78.2% of the principals describing 
themselves as using the practice of allocating resources for the staff to analyze student 
achievement data as often (42.1%) or always (36.1%). Only one question (Question 8) 
elicited five participant responses as never in reference to their practice of allocating 
resources for the staff to analyze student achievement data.
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Table 13
Principals Creating a Data-Friendly Culture
Survey Section 1 Some­ M SD
Never Rarely times Often Always N
3 .1 foster a data-
friendly culture 
focused on school 
improvement.
0.0%
(0)
0.0%
(0)
3.8%
(17)
38.7%
(175)
57.5%
(260) 452 4.54 0.57
8 .1 allocate
resources for the 
staff to analyze 
student
1.1%
(5)
3.1%
(14)
17.6%
(79)
42.1%
(189)
36.1%
(162) 449 4.09 0.87
achievement data.
11.1 provide the 
staff with the
information and 
skills needed to 
translate student
0.0%
(0)
0.4%
(2)
9.4%
(42)
45.1%
(201)
45.1%
(201) 446 4.35 0.67
achievement data.
18.1 use multiple 
methods for 0.0% 1.1% 12.8% 42.3% 43.8% 447 4.29 0.73analyzing student 
achievement data.
(0) (5) (57) (189) (196)
Total for Creating a Data-Friendly Culture 4.32 0.71
3. What do Virginia principals feel are important reasons for using data-driven 
decision making?
Based on a review of the literature, the researcher identified 11 important reasons 
for using data-driven decision making. Table 14 summarizes the frequency counts and 
percentages that principals reported as being important reasons for data-driven decision 
making. This closed-ended question allowed participants to select three phrases they felt 
were important reasons for using data-driven decision making. The most highly selected 
reasons for the importance of data-driven decision making by principals were to measure
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
86
student progress (68.8%) and to assess instructional effectiveness (67.0%). Another 
important reason for data-driven decision making was to address achievement gaps 
(53.1%). The lowest rated item was using data-driven decision making to report to the 
community (1.8%). Other least selected reasons were to show trends (7.4%) and allocate 
resources wisely (9.2%).
Table 14
Frequency Counts and Percentage o f Participating Principals ’ Most Important 
Reasons for Data-Driven Decision Making______________________________
Statement Frequency (/) Percentage of Sample
Measure student progress 308 68.8%
Address achievement gaps 238 53.1%
Measure program 
effectiveness 123 27.5%
Assess instructional 
effectiveness 300 67.0%
Guide curriculum 
development 83 18.5%
Allocate resources wisely 41 9.2%
Promote accountability 86 19.2%
Report to the community 8 1.8%
Meet state and federal 66 14.7%reporting requirements
Maintain educational focus 107 23.9%
Show trends 33 7.4%
4. What data do Virginia principals use to make instructional decisions and how 
do they place relative importance on such data?
The first part of this question regarding the data sources principals use to make 
instructional decisions was addressed by Section 3 of the survey. Section 3 listed 12 
possible data sources for principals to select. In addition to the 12 data sources listed, the
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choice of “other” was given as an option. Table 15 summarizes the frequency counts and 
percentages of data types selected by respondents. The most common selected data 
source used to make instructional decision chosen by respondents was criterion tests 
(e.g., state proficiency assessments, AP exams) with a frequency of 426 (96.2%). 
Following criterion tests, observations (78.3%) and performance tests (74.7%) were 
selected most often. The least selected data type was attrition rates (11.3%).
Table 15
Frequency Counts and Percentage o f Data Types Used to Make Instructional Decisions 
by Participating Principals__________________________________________________
Data Source Category Frequency (/) Percentage of Sample
Norm-referenced tests (e.g., Iowa, 
Stanford)
Criterion (e.g., state proficiency 
assessments, AP exams) 
Performance tests (e.g., portfolio, 
performance, experiments)
230
426
331
51.9%
96.2%
74.7%
Attrition rates 50 11.3%
Graduation rates 72 16.3%
Promotion rates 134 30.3%
Surveys/questionnaires 200 45.1%
Interviews/focus groups 119 26.8%
Observations 347 78.3%
Grade point average 98 22.1%
Discipline data 281 63.4%
Course grades 229 51.7%
Other (please specify) 74 16.7%
Survey Section 3 addressed the first part of the research question on data sources, 
which allowed the participants to select “other” as a data type. Seventy-four participants
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chose other and responded with open-ended statements as shown on Table 15. The 12 
data source choices for Section 3 of the survey were chosen based on the literature review 
(see Chapter II) and served as the basis the a priori categories for analysis (Appendix D).
Table 16 summarizes the frequency counts and percentages of the seventy-four 
principals who chose the open-ended data source item, “Other (please specify)’'’ for the 
data types used to make instructional decisions. Four of the a priori categories were 
included in the open-ended responses. These included: norm-referenced tests, criterion 
tests, performance tests, and course grades. Responses not reflective of the 12 data 
sources resulted in the emergence of the following additional categories: screenings, 
checklists/rubrics, summative, formative, demographic, attendance, subgroup data, 
external influences, teacher retention rates, technology, and unknown.
A content analysis of principals’ responses revealed additional information on 
data types as illustrated by Table 16. One-hundred eighteen message units were 
calculated. Of these, 30.5% described data sources that were criterion tests, 1.7% were 
norm-referenced tests, 1.7% were performance tests, and 0.9% were course grades.
These responses should have been included in the closed-ended portion of this question. 
However, only the 30.5% (n = 36) describing criterion tests resulted in a significant 
amount of responses for the a priori categories. The additional responses for this 
category support the 96.2% (n = 426) of principals who selected criterion tests as the data 
type used in the close-ended portion of the survey (Section 3).
Table 16 shows the frequency counts and percentage for the a priori categories 
and emergent categories. Emergent categories included 22.0% of the message units (n = 
26) categorized by principals as formative assessment data sources and 12.7% (n = 15) as
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summative assessment data sources. The responses for three responses were unknown or
unspecified data sources, representing 2.5% of the message units.
Table 16
Frequency Counts and Percentage o f Principals ’ o f Data Types Used to 
Make Instructional Decisions from the data source item, “Other (please 
specify) ”
Data Source Category Frequency Count Category Percentage
Norm-referenced tests 2 1.7%
Criterion tests 36 30.5%
Performance tests 2 1.7%
Course grades 1 0.9%
Screenings 9 7.6%
Checklists/rubrics 5 4.2%
Summative assessment 15 12.7%
Formative assessment 26 22.0%
Demographic data 1 0.9%
Attendance data 10 8.5%
Subgroup population data 3 2.5%
External influences 2 1.7%
Teacher retention rates 1 0.9%
Technology 2 1.7%
Unknown 3 2.5%
Total Message Units 118 100.00%
The second part of this research question was addressed by Section 4 of the 
survey, which asked principals to place relative importance on data types. Tables 1 7 -1 9  
illustrate the frequency analysis for the principals’ responses to the relative importance 
placed on data types. Participants were asked to list the top three data sources in order of 
importance critical to principals’ decision making based on the data sources listed in 
Section 3 of the survey. The responses were open-ended. The 12 data sources for 
Section 3 of the survey served as the a priori categories for analysis (see Appendix D) 
along with the emergent categories from the open-ended data source item, “Other (please 
specify).’'’ Four-hundred thirty-one principals responded to this open-ended survey item.
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Table 17 illustrates the frequency counts and percentages that principals reported 
as the most important data type. Four-hundred thirty-eight message units were calculated 
for the data types ranked as the first, or the most important, data source. The most 
commonly reported data type was criterion tests, representing 69.9% (n = 306) message 
units. Fourteen and one-tenth percent (n = 62) of the principals selected performance 
tests and eight and eight-tenths percent (n = 38) chose formative assessment as the most 
important data source critical to decision making.
Table 17
Frequency Counts and Percentage o f Principals ’ Relative Importance 
Placed on Data Types (Ranked first in order o f importance) ______
1st Data Source Category Frequency Count Category Percentage
Norm-referenced tests 22 5.0%
Criterion tests 306 69.9%
Performance tests 62 14.1%
Course grades 6 1.4%
Screenings 2 0.4%
Formative assessment 38 8.8%
Graduation 2 0.4%
Total Message Units 438 100.00%
Four-hundred sixty-four message units were calculated for the data types ranked 
as the second most important data source. The frequency counts and percentages for the 
second data choice in order of importance are summarized in Table 18. The most 
commonly reported data type was performance tests, representing 27.6% (n = 128) 
message units. Twenty-four and one-tenths percent (n = 112) of the principals selected 
criterion tests and 11.9% (n = 55) chose observations as the second most important data 
source critical to decision making. Again, the following table summarizes the data types 
listed second in order of importance.
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Table 18
Frequency Counts and Percentage o f Principals ’ Relative Importance
Placed on Data Types (Ranked second in order o f importance)
2nd Data Source Category Frequency Count Category Percentage
Norm-referenced tests 28 6.0%
Criterion tests 112 24.1%
Performance tests 128 27.6%
Course grades 52 11.2%
Observations 55 11.9%
Discipline 19 4.1%
Attendance 2 0.4%
Demographic 1 0.2%
Attrition 4 0.9%
Summative assessment 3 0.6%
Formative assessment 46 10.0%
Graduation 14 3.0%
Total Message Units 464 100.00%
Four-hundred forty-four message units were calculated for the data types ranked 
as the third most important data source. Table 19 summarizes the data types listed third 
in order of importance. The most commonly reported data type was observations, 
representing 18.0% (n = 80) message units. Fourteen and nine-tenths percent (n = 66) of 
the principals selected formative assessment and 14.2% (n -  63) chose criterion tests as 
the third most important data source critical to decision making.
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Table 19
Frequency Counts and Percentage o f Principals ’ Relative Importance 
Placed on Data Types (Ranked third in order o f importance)_______
3rd Data Source Category Frequency Count Category Percentage
Norm-referenced tests 41 9.2%
Criterion tests 63 14.2%
Performance tests 56 12.6%
Course grades 57 12.8%
Observations 80 18.0%
Discipline 49 11.0%
Attendance 2 0.5%
Unknown 2 0.5%
Attrition 8 1.8%
Formative assessment 66 14.9%
Graduation 20 4.5%
Total Message Units 444 100.00%
5. How do Virginia principals operationally define data-driven decision making?
Based on a review of the literature, the researcher identified four domains 
applicable to defining the process of data-driven decision making (for review, see 
Chapter II). The domains were categorized as: (a) analyzing data; (b) reporting and 
communicating through data; (c) using data for school improvement; and (d) creating a 
data-ffiendly culture. A content analysis using frequency counts and percentages of both 
the message unit and word count was conducted on how principals’ operationally defined 
data-driven decision making as summarized in Tables 20 and 21. The responses to this 
research question were addressed by the open-ended question, “In one sentence, briefly 
state your working definition of data-driven decision making.” in Section 5 of the survey. 
Three-hundred seventy-nine principals (representing 84% of the sample) responded to 
this open-ended question.
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The following are representative responses of principals’ operational definitions 
of data-driven decision making:
• Data driven decision making help me to provide valid guidance, support and 
direction to teachers and staff in matters of curriculum, planning and student 
achievement.
• We use assessment data to drive our instructional program.
• Data-Driven decision making should be based on findings from a complete and 
comprehensive set of variables and should reflect the ideals of students, faculties, 
and communities.
• Data-driven decision making is using all available data to inform instructional 
decisions.
• Data-driven decision making is what every educator must do to ensure that 
everyone is moving in the right direction because it enables them to determine 
achievement gaps and what needs to be done to improve achievement.
• Because of NCLB, I have to make decisions solely on the state SOL tests whether 
the students learn anything or not.
• Every professional development activity, all program materials and all 
student/teacher/staff activities at our school fulfill a need as indicated by our analysis 
of multiple sources of data.
• I look at data to make decisions about instruction.
• It is critical that we look at where we are in order to move forward — this is data- 
driven decision making — evaluating our current level of performance, setting goals, 
and making decisions to foster growth.
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• Using data derived from multiple sources to make decisions about curriculum and 
instruction.
• Monitoring, collecting, graphing, disaggregating information for the sole purpose 
of improving student achievement.
• Instructional decisions based on an analysis of multiple sources of data.
The first content analysis was conducted using the message unit for the domains 
based on the practices underlying each domain. All of the principals’ responses were 
reflective of at least one of the four domains the researcher used as the a priori 
categories for defining data-driven decision making (see Appendix D). Therefore, no 
emergent categories were identified in this content analysis. Table 20 illustrates the 
frequency analysis of how Virginia principals’ operationally defined data-driven 
decision making based on the four domains and the description based on the underlying 
themes for each domain. Six-hundred ninety-three message units were calculated. Of 
these, the most commonly reported practice or domain was analyzing data, 
representing 54.5% (n = 378) of message units. Twenty-seven and six-tenths percent 
(n = 191) of message units were related to using data for school improvement, 10.5%
(n = 73) addressed reporting and communicating through data, and 7.4% (n -  51) were 
concerned with creating a data-friendly culture.
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Table 20
Frequency Counts and Percentage o f How Principals Operationally Define Data-Driven 
Decision Making based on Message Unit________________________________________
Domain Description 
(practices underlying each domain)
Frequency
Count
Category
Percentage
Analyzing Data • Select Student Achievement Data
• Gather Student Achievement Data
• Analysis of Data to Guide Instruction
• Data Mining
• Evaluate Return on Resources
• Achievement Gap (Comparing 
Demographics with Achievement)
378 54.5%
Reporting and 
Communicating 
through Data
• Share Student Achievement Data with 
Parents
• Conduct Progress Updates with 
Stakeholders
• Data used to Advocate for Financial 
Support
• Proactive in Communicating School 
Performance Data
73 10.5%
Using Data for
School
Improvement
• Decisions made to Increase 
Achievement based on Data
• Data used to Plan for School 
Improvement
• Projecting School Performance
• Data used to Identify Barriers
191 27.6%
Creating a
Data-Friendly
Culture
• Foster a Data-friendly Culture 
focused on School Improvement
• Allocate resources for Staff to 
Analyze Data
• Provide Staff with Information and 
Skills to Translate Data
• Use of Multiple Methods to Analyze 
Data
51 7.4%
Total Message 
Units
693 100.00%
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To further describe the ways principals operationally defined data-driven decision 
making, a second content analysis was conducted using word count. In the context of 
this study, data-driven decision making is defined by the terms used in the four 
domains: (a) analyzing data; (b) reporting and communicating through data; (c) using 
data for school improvement; and (d) creating a data-friendly culture.
The word, or intent of the word, was counted based on a total of 34 terms 
including both a priori and emergent terms. Emergent terms were formed during the 
analysis based on principals’ responses. Seven out of eight a priori terms (see 
Appendix D) based on the definition of data-driven decision making for this study 
(ianalyzing, data, reporting, communicating, school, improvement, data-friendly, and 
culture) were mentioned in the principals’ definitions. None of the responses 
contained the a priori term culture. Twenty-seven emergent terms were identified 
during content analysis, which included the following: accountability, allocate 
resources, assessment, change, collecting, continuous, curriculum/ instruction, data- 
driven, disaggregate, effective, goal setting, high-stakes tests, historical, inform, 
learn(ing), making decisions, measure, monitor, multiple sources, performance, 
programs, process, shared leadership, staff development, student achievement, student 
needs and trends.
Table 21 illustrates the frequency analysis of how principals operationally defined 
data-driven decision making based on the a priori and emergent terms. Two thousand 
two-hundred thirty-four word counts were calculated. Of these, the most commonly 
reported term was data, representing 15.0% (n = 335) of the frequency counts. Eleven
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and seven-tenths percent (n = 262) of the responses included the term making decisions 
and 9.0% (n = 201) of the operational definitions included the term curriculum/ 
instruction. Other frequently used terms include: inform 6.1% (n =136), analyzing 
5.1% (n = 113), data-driven 5.2% (n = 116), improvement 5.2% (n =117), school 5.3% 
(n = 119), and student achievement 5.5% (n = 112). The least frequently used term in 
the principals’ operational definitions was data friendly with only one frequency count 
(0 . 1%).
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Table 21
Frequency Counts and Percentage o f How Principals Operationally 
Define Data-Driven Decision Making based on Word Count
Data Source Category Frequency Count Category Percentage
accountability 7 0.3%
allocate resources 22 1.0%
analyzing 113 5.1%
assessment 56 2.5%
change 36 1.6%
collecting 18 0.8%
communicating 8 0.3%
continuous 29 1.3%
curriculum/instruction 201 9.0%
data 335 15.0%
data-driven 116 5.2%
data-friendly 1 0.1%
making decisions 262 11.7%
disaggregate 20 0.9%
effective 34 1.5%
goal setting 59 2.6%
high-stakes tests 15 0.7%
historical 11 0.5%
improvement 117 5.2%
inform 136 6.1%
learning 44 2.0%
measure 13 0.6%
monitor 21 0.9%
multiple sources 72 3.2%
performance 26 1.2%
process 32 1.4%
programs 67 3.0%
reporting 10 0.5%
school 119 5.3%
shared leadership 24 1.1%
staff development 14 0.6%
student achievement 122 5.5%
student needs 68 3.0%
trends 6 0.3%
Total Word Counts 2234 100.00%
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6. Do Virginia principals differ in their use o f data based on the grade level
configuration (e.g., elementary, middle, or high) o f their schools?
An Analysis of Variance (ANOVA) was conducted with principals’ use of data as 
the dependent variable and the Grade Level Configuration (GLC) as the independent 
variable. ANOVA is a procedure for the mean differences between two or more samples 
or treatments. Instead of running multiple t tests, the ANOVA uses one test, with one 
alpha level, to reduce significantly the possibility of a Type I error. In this study, the 
ANOVA allowed the principals from different GLCs (e.g., elementary, middle, and high 
school) to be compared to determine similarities and differences. The GLC is based on 
the school site level the principals serve as administrators (e.g., elementary, middle, and 
high). Since only four principals reported their GLC as early childhood/pre-school 
(0.8%), this group was eliminated from the analysis. ANOVAs were performed to 
compare group means; however, the harmonic mean sample size was used because the 
remaining GLCs sample sizes differ.
The responses for the use of data from Section 1 of the survey were analyzed and 
descriptive statistics were used to describe principals from all GLCs as a whole (see 
Research Question 2). Section 1 of the survey contained 18 Likert scale questions 
regarding Virginia principals’ use of data and Section 8 of the survey allowed principals 
to report their GLC. The data from Section 1 and Section 8 allowed this researcher to run 
ANOVAs based on the GLCs. The 18 survey items in Section 1 were categorized into 
four data-driven decision making domains: (a) analyzing data; (b) reporting and 
communicating through data; (c) using data for school improvement; and (d) creating a 
data-friendly culture. The combined responses for all four domains on principals’ use of
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data to make instructional decisions based on the GLCs had means that ranged from 4.06 
to 4.37 (Elementary 4.37; Middle 4.33; High 4.06; Combined 4.13) with all means falling 
between the responses of “often” and “always.”
The following four sections detail the ANOVAs for each of the domains 
(Analyzing Data, Reporting and Communicating through Data, and Creating a Data- 
Friendly Culture) based on principals reported use of data and their GLCs. The data are 
summarized for each survey item to reveal those items where there were significant 
differences. Post hoc tests were used to reveal where these differences lie. These data 
are outlined in Tables 22-41.
Individual Item Analysis within each Domain 
Analyzing Data Domain
Questions 1,2, 10, 12, and 15 of survey Section 1 asked about practices related to 
the analyzing data domain for data-driven decision making. Table 22 summarizes the 
results of the ANOVA for this domain based on the GLC.
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Table 22
ANOVA o f Means Scores for Principals ’ Practice o f Analyzing Data based on Grade 
Level Configuration (elementary, middle, high school, and combined)_____________
Survey Section 1 Sum of 
Squares
df Mean
Square
F Sig.
1 .1 use student achievement Between 11.130 3 3.710 5.356 .000
data to guide instruction. Groups
Within 103.62 427 .242
Groups
Total 114.292 430
2 .1 use data to evaluate the Between 11.351 3 3.784 15.215 .000
alignment of the school's Groups
actions with student 
achievement. Within
Groups
Total
105.689
117.040
425
428
.249
10.1 evaluate the return on Between 9.881 3 3.294 5.018 .002
resources invested in Groups
intervention programs 
designed to address Within 277.655 423 .656
achievement gaps. Groups
Total 287.536 426
12.1 examine the relationship Between 4.234 3 1.411 2.221 .085
between students' Groups
demographic variables and 
their academic achievement. WithinGroups
Total
270.092
274.326
425
428
.636
15.1 monitor student progress Between 7.207 3 2.402 7.289 .000
by analyzing student Groups
achievement data.
Within
Groups
Total
139.735
146.942
424
427
.330
Results revealed that four out of the five practices for the analyzing data domain 
yielded significant differences (alpha = .05). Since the ANOVAs for questions 1,2, 10,
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and 15 were significant, post hoc tests (Tukey’s HSD test) were performed using 
homogenous subsets. The group sizes were unequal, so the harmonic mean sample size 
was used with a subset alpha at the .05 level. Tables 23 through 25 summarize the post 
hoc results.
Table 23 summarizes the results for the post hoc analysis for Question 1. The 
post hoc for Question 1 revealed that principals at the high school and combined GLCs 
do not significantly differ from each other in regard to their use of student achievement 
data to guide instruction. Additionally, the post hoc showed that middle and elementary 
principals do not significantly differ from each other in how they use student 
achievement data to guide instruction. However, the post hoc revealed that high school 
and combined GLC principals’ responses were significantly lower than those from 
middle and elementary principals on their use of student achievement data to guide 
instruction.
Table 23
Post Hoc for Principals ’ Practice ofAnalyzing Data
based on Grade Level Configuration
Question 1___________________________________
School Level N Subset for alpha = .05 
1 2
High School 80 4.31
Combined 27 4.41
Middle 73 4.67
Elementary 251 4.71
Means for groups in homogeneous subsets (Harmonic Mean Sample Size = 59.506) 
Table 24 summarizes the results for the post hoc analysis for Question 2. The 
post hoc for Question 2 revealed that principals at the high school and combined GLCs 
do not significantly differ from each other in regard to their use of data to evaluate the 
alignment of the school's actions with student achievement. Additionally, the post hoc
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in how they reported their use of data to evaluate the alignment of the school's actions 
with student achievement. However, the post hoc revealed that high school and 
combined GLC principals’ responses were significantly lower than middle and 
elementary school principals’ responses on their use of data to evaluate the alignment of 
the school's actions with student achievement.
Table 24
Post Hoc for Principals ’ Practice ofAnalyzing Data
based on Grade Level Configuration
Question 2___________________________________
School Level N Subset for alpha = .05 
1 2
High School 79 4.30
Combined 26 4.38
Middle 73 4.60
Elementary 251 4.71
Means for groups in homogeneous subsets (Harmonic Mean Sample Size = 58.137) 
Table 25 summarizes the results for the post hoc analysis for Question 10 on 
evaluating the return of resources invested in intervention programs designed to address 
achievement gaps. Although the ANOVA for Question 10 was significant, the post hoc 
did not detect where the differences lie based on the principals’ GLC. The post hoc 
analysis was probably unable to detect the differences based on the GLCs due to the 
unequal group size and use of the harmonic mean.
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Table 25
Post Hoc for Principals ’ Practice o f Analyzing Data
based on Grade Level Configuration
Question 10_________________________________
School Level N Subset for alpha = .05 
1
Combined 26 3.65
High School 80 3.69
Middle 73 3.99
Elementary 248 4.04
Means for groups in homogeneous subsets (Harmonic Mean Sample Size = 58.232)
Table 26 summarizes the results for the post hoc analysis for Question 15. The 
post hoc for Question 15 revealed that principals at the high school and combined GLCs 
do not significantly differ from each other in regard to the practice of monitoring student 
progress by analyzing student achievement data. Additionally, the post hoc showed that 
middle and elementary principals do not significantly differ from each other in how they 
analyze student achievement data to monitor student progress. However, the post hoc 
revealed that high school and combined GLC principals’ responses were significantly 
lower than those from middle and elementary school level principals’ monitoring of 
student progress by analyzing student achievement data.
Table 26
Post Hoc for Principals ’ Practice ofAnalyzing Data
based on Grade Level Configuration
Question 15_________________________________
School Level N Subset for alpha = .05 
1 2
Combined 26 4.27
High School 80 4.31
Middle 73 4.48
Elementary 249 4.61
Means for groups in homogeneous subsets (Harmonic Mean Sample Size = 58.244)
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Reporting and Communicating through Data Domain
An ANOVA was conducted to determine whether mean scores were significantly 
different among groups. Table 27 summarizes the results of the ANOVA for Reporting 
and Communicating through Data. Questions 6, 7, 9, 13, and 14 of Section 1 of the 
survey asked about practices related to the reporting and communicating through data 
domain for data-driven decision making based on the GLC.
Table 27
ANOVA o f Means Scores for Principals Reporting and Communicating Through Data 
based on Grade Level Configuration (elementary, middle, high school, and combined)
Survey Section 1 Sum of 
Squares
df Mean
Square
F Sig.
6 .1 share student achievement Between 3.696 3 1.232 2.667 .047
data with parents. Groups
Within 196.374 425 .462
Groups
Total 200.070 428
7 .1 conduct progress updates Between 5.236 3 1.745 2.996 .031
with stakeholders using Groups
student achievement data. Within 246.432 423 .583
Groups
Total 251.667 426
9 .1 use student achievement Between 5.955 3 1.985 2.690 .046
data to advocate for financial Groups
support for school programs or Within 315.093 427 .738
initiatives. Groups
Total 287.536 426
13.1 am proactive in Between 3.403 3 1.134 2.772 .041
communicating school Groups
performance data. Within 173.902 425 .409
Groups
Total 177.305 428
14.1 reference multiple Between 11.729 3 3.910 7.777 .000
assessment measures when Groups
communicating about school Within 214.670 427 .503
performance. Groups
Total 226.399 430
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Results revealed that the five practices for the reporting and communicating 
through data domain yielded significant differences (alpha = .05) based on the GLC.
Since all of the ANOVAs for this section (questions 6, 7, 9, 13 and 14) were significant, 
post hoc tests (Tukey’s HSD test) were performed using homogenous subsets. The group 
sizes were unequal, so the harmonic mean sample size was used with a subset alpha of 
.05 level. Tables 28 through 32 summarize the post hoc results.
Table 28 summarizes the results for the post hoc analysis for Question 6. The 
post hoc for Question 6 revealed that principals at all the GLCs (elementary, middle, 
high, and combined) do not significantly differ from each other in regard to the practice 
of sharing student achievement data with parents. Although the ANOVA for Question 6 
was significant, the post hoc did not detect where the differences lie based on the 
principals’ GLC. The post hoc analysis was probably unable to detect the differences 
based on the GLCs due to the unequal group size and use of the harmonic mean.
Table 28
Post Hoc for Principals Reporting and 
Communicating Through Data based on Grade Level 
Configuration
Question 6_____________________________________
School Level N Subset for alpha = .05 
1
High School 80 4.21
Middle 73 4.30
Elementary 249 4.43
Combined 27 4.52
Means for groups in homogeneous subsets (Harmonic Mean Sample Size = 59.478) 
Table 29 summarizes the results for the post hoc analysis for Question 7. The 
post hoc for Question 7 revealed that principals at all school levels (elementary, middle, 
high, and combined) do not significantly differ from each other in regard to the practice
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of conducting progress updates with stakeholders using student achievement data. 
Although the ANOVA for Question 7 was significant, the post hoc did not detect where 
the differences lie based on the principals’ GLC. The post hoc analysis was probably 
unable to detect the differences based on the GLCs due to the unequal group size and use 
of the harmonic mean.
Table 29
Post Hoc for Principals Reporting and 
Communicating Through Data based on Grade Level 
Configuration
Question 7_____________________________________
School Level N Subset for alpha = .05 
1
High School 79 3.91
Combined 27 4.00
Middle 73 4.15
Elementary 248 4.19
Means for groups in homogeneous subsets (Harmonic Mean Sample Size = 59.324) 
Table 30 summarizes the results for the post hoc analysis for Question 9. The 
post hoc for Question 9 revealed that principals at all GLCs (elementary, middle, high, 
and combined) do not significantly differ from each other in regard to the practice of 
using student achievement data to advocate for financial support for school programs or 
initiatives. Although the ANOVA for Question 9 was significant, the post hoc did not 
detect where the differences lie based on the principals’ GLC. The post hoc analysis was 
probably unable to detect the differences based on the GLCs due to the unequal group 
size and use of the harmonic mean.
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Table 30
Post Hoc for Principals Reporting and 
Communicating Through Data based on Grade Level 
Configuration
Question 9___________________________________
School Level N Subset for alpha = .05 
1
High School 80 3.84
Combined 27 3.96
Middle 73 4.11
Elementary 251 4.14
Means for groups in homogeneous subsets (Harmonic Mean Sample Size = 59.506)
Table 31 summarizes the results for the post hoc analysis for Question 13. The 
post hoc for Question 13 revealed that principals at all GLCs (elementary, middle, high, 
and combined) do not significantly differ from each other in regard to the practice of 
being proactive in communicating school performance data. Although the ANOVA for 
Question 13 was significant, the post hoc did not detect where the differences lie based 
on the principals’ GLC. The post hoc analysis was probably unable to detect the 
differences based on the GLCs due to the unequal group size and use of the harmonic 
mean.
Table 31
Post Hoc for Principals Reporting and 
Communicating Through Data based on Grade Level 
Configuration
Question 13____________________________________
School Level N Subset for alpha = .05 
1
High School 80 4.21
Combined 26 4.31
Middle 73 4.38
Elementary 250 4.44
Means for groups in homogeneous subsets (Harmonic Mean Sample Size = 58.258)
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
109
Table 32 summarizes the results for the post hoc analysis for Question 14. The 
post hoc for Question 14 revealed that principals at the high school and combined GLCs 
do not significantly differ from each other in regard to the practice of referencing 
multiple assessment measures when communicating about school performance. 
Additionally, the post hoc showed that combined, middle and elementary principals do 
not significantly differ from each other in how they reference multiple assessment 
measures when communicating about school performance. However, the post hoc 
revealed that high school GLC principals’ responses were significantly lower than those 
at the middle and elementary school GLC in reference to using multiple assessment 
measures when communicating about school performance.
Table 32
Post Hoc for Principals Reporting and 
Communicating Through Data based on Grade Level 
Configuration
Question 14____________________________________
School Level N Subset for alpha = .05 
1 2
High School 80 3.86
Combined 27 4.07 4.07
Middle 73 4.25
Elementary 251 4.29
Means for groups in homogeneous subsets (Harmonic Mean Sample Size = 59.506) 
Using Data for School Improvement Domain
An ANOVA was conducted to determine whether mean scores were significantly 
different among groups. Questions 4, 5, 16, and 17 of Section 1 of the survey asked 
about practices related to using data for school improvement domain for data-driven 
decision making. Table 33 summarizes the results of the ANOVA for this domain based 
on the GLC.
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Table 33
ANOVA o f Means Scores for Principals ’ Use o f Data for School Improvement based on 
Grade Level Configuration (elementary, middle, high school, and combined)_________
Survey Section 1 Sum of 
Squares
df Mean
Square
F Sig.
4. When I make decisions Between 6.909 3 2.303 6.679 .000
about school improvement Groups
initiatives, I disaggregate 
student achievement data. Within
Groups
Total
146.895
153.805
426
429
.345
5 .1 project school Between 2.836 3 .945 .876 .453
performance over the next 3 Groups
years using historical student 
achievement data. Within
Groups
Total
456.405
459.241
423
426
1.079
16.1 use data to identify Between 5.591 3 1.864 3.595 .014
barriers to school Groups
improvement initiatives. Within
Groups
Total
220.311
225.902
425
428
.518
17.1 use student achievement Between 9.132 3 3.044 10.196 .000
data to plan for school Groups
improvements. Within
Groups
Total
127.472
136.603
427
430
.299
Results revealed that principals reported three practices of using data for school 
improvement yielded significant differences (alpha = .05) based on GLC. Since the 
ANOVAs for questions 4, 16, and 17 were significant, post hoc tests (Tukey’s HSD test) 
were performed using homogenous subsets. The group sizes were unequal, so the
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harmonic mean sample size was used with a subset alpha of .05 level. Tables 34 through 
36 summarize the post hoc results.
Table 34 summarizes the results for the post hoc analysis for Question 4. The 
post hoc for Question 4 revealed that principals at the high school, middle school and 
combined GLCs do not significantly differ from each other in regard to the practice of 
disaggregating student achievement when making decisions about school improvement 
initiatives. Additionally, the post hoc showed that middle and elementary principals do 
not significantly differ from each other in how they make decisions about school 
improvement initiatives, by disaggregating student achievement data. However, the post 
hoc revealed that high school and combined principals’ responses were significantly 
lower than elementary school level principals’ responses on disaggregating student 
achievement when making decisions about school improvement initiatives.
Table 34
Post Hoc for Principals ’ use o f Data for School 
Improvement based on Grade Level Configuration 
Question 4_________________________________
School Level N Subset for alpha = .05 
1 2
Combined 27 4.33
High School 80 4.35
Middle 73 4.59 4.59
Elementary 250 4.65
Means for groups in homogeneous subsets (Harmonic Mean Sample Size = 59.492)
Table 35 summarizes the results for the post hoc analysis for Question 16. The 
post hoc for Question 16 revealed that principals at all GLCs (elementary, middle, high, 
and combined) do not significantly differ from each other in regard to the practice of 
using data to identify barriers to school improvement initiatives. Although the ANOVA 
for Question 16 was significant, the post hoc did not detect where the differences lie
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based on the principals’ GLC. The post hoc analysis was probably unable to detect the 
differences based on the GLCs due to the unequal group size and use of the harmonic 
mean.
Table 35
Post Hoc for Principals ’ use o f Data for School 
Improvement based on Grade Level Configuration 
Question 16________________________________
School Level N Subset for alpha = 
.05 
1
High School 79 3.96
Combined 27 4.96
Middle 73 4.21
Elementary 250 4.23
Means for groups in homogeneous subsets (Harmonic Mean Sample Size = 58.353)
Table 36 summarizes the results for the post hoc analysis for Question 17. The 
post hoc for Question 17 revealed that principals at the high school and combined GLCs 
do not significantly differ from each other in regard to the practice of using student 
achievement data to plan for school improvements. Additionally, the post hoc showed 
that combined and middle school principals do not significantly differ from each other in 
how they plan for school improvements using student achievement data. The post hoc 
revealed that middle school and elementary principals do not differ significantly either. 
However, the post hoc revealed that high school principals’ responses were significantly 
lower than those from middle and elementary school GLC while combined level 
principals were significantly lower only from elementary principals’ use of student 
achievement data to plan for school improvements.
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Table 36
Post Hoc for Principals ’ use o f Data for School Improvement 
based on Grade Level Configuration
Question 17_________________________________________
School Level N Subset for alpha = .05 
1 2 3
High School 80 4.36
Combined 27 4.44 4.44
Middle 73 4.64 4.64
Elementary 251 4.73
Means for groups in homogeneous subsets (Harmonic Mean Sample Size = 59.506) 
Creating a Data-Friendly Culture Domain
An Analysis of Variance (ANOVA) was conducted to determine whether mean 
scores were significantly different among groups based on the GLC. Questions 3, 8, 11, 
and 18 of Section 1 of the survey asked about practices related to creating a data-friendly 
culture domain for data-driven decision making. Table 37 summarizes the results of the 
ANOVA for this domain.
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Table 37
ANOVA o f Means Scores for Principals Creating a Data-Friendly Culture based on 
Grade Level Configuration (elementary, middle, high school, and combined)______
Survey Section 1 Sum of 
Squares
df Mean
Square
F Sig.
3 .1 foster a data-friendly Between 5.224 3 1.741 5.735 .001
culture focused on school Groups
improvement.
Within
Groups
Total
129.644
134.868
427
430
.304
8 .1 allocate resources for the Between 8.716 3 2.905 4.076 .007
staff to analyze student Groups
achievement data.
Within
Groups
Total
304.384
313.100
427
430
.714
11.1 provide the staff with the Between 10.133 3 3.378 8.263 .000
information and skills needed Groups
to translate student 
achievement data. Within
Groups
Total
173.718
183.851
425
428
.409
18.1 use multiple methods for Between 11.917 3 3.989 8.082 .000
analyzing student Groups
achievement data.
Within
Groups
Total
210.275
222.242
426
429
.494
Results revealed that the four practices for the creating a data-friendly culture 
domain yielded significant differences (alpha = .05) based on the GLC. Since all of the 
ANOVAs for this section (Questions 3, 8, 11, and 18) were significant, post hoc tests 
(Tukey’s HSD test) were performed using homogenous subsets. The group sizes were
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unequal, so the harmonic mean sample size was used with a subset alpha of .05 level. 
Tables 38 through 41 summarize the post hoc results.
Table 38 summarizes the results for the post hoc analysis for Question 3. The 
post hoc for Question 3 revealed that principals at the high school, middle school and 
combined school GLCs do not significantly differ from each other in regard to the 
practice of fostering a data-friendly culture focused on school improvement.
Additionally, the post hoc showed that middle and elementary principals do not 
significantly differ from each other in how they foster a data-friendly culture. However, 
the post hoc revealed that high school and combined school GLCs were significantly 
lower than responses from elementary school principals on fostering a data-friendly 
culture.
Table 38
Post Hoc for Principals Creating a Data-Friendly 
Culture based on Grade Level Configuration 
Question 3_________________________________
School Level N Subset for alpha = .05 
1 2
High School 80 4.34
Combined 27 4.48
Middle 73 4.52 4.52
Elementary 251 4.63
Means for groups in homogeneous subsets (Harmonic Mean Sample Size = 59.506)
Table 39 summarizes the results for the post hoc analysis for Question 8. The 
post hoc for Question 8 revealed that principals at all GLCs (elementary, middle, high, 
and combined) do not significantly differ from each other in regard to the practice of 
allocating resources for the staff to analyze student achievement data. Although the 
ANOVA for Question 8 was significant, the post hoc did not detect where the differences 
lie based on the principals’ GLC. The post hoc analysis was probably unable to detect
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the differences based on the GLCs due to the unequal group size and use of the harmonic 
mean.
Table 39
Post Hoc for Principals Creating a Data-Friendly
Culture based on school level
Question 8_________________________________
School Level N Subset for alpha = 
.05 
1
High School 80 3.84
Combined 27 3.89
Middle 73 4.14
Elementary 251 4.19
Means for groups in homogeneous subsets (Harmonic Mean Sample Size = 59.506)
Table 40 summarizes the results for the post hoc analysis for Question 11. The 
post hoc for Question 11 revealed that principals at the high school and combined GLCs 
do not significantly differ from each other in regard to the practice of providing the staff 
with the information and skills needed to translate student achievement data.
Additionally, the post hoc showed that combined, middle and elementary principals do 
not significantly differ from each other in how they provide the staff with the information 
and skills needed to translate student achievement data. However, the post hoc revealed 
that high school principals responses were significantly lower than response from 
elementary and middle school principals on the practice of providing the staff with the 
information and skills needed to translate student achievement data.
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Table 40
Post Hoc for Principals Creating a Data-Friendly 
Culture based on Grade Level Configuration 
Question 11________________________________
School Level N Subset for alpha = .05 
1 2
High School 80 4.05
Combined 27 4.26 4.26
Middle 73 4.37
Elementary 249 4.45
Means for groups in homogeneous subsets (Harmonic Mean Sample Size = 59.478).
Table 41 summarizes the results for the post hoc analysis for Question 18. The 
post hoc for Question 18 revealed that principals at the high school and combined GLCs 
do not significantly differ from each other in regard to the practice of using multiple 
methods for analyzing student achievement data. Additionally, the post hoc showed that 
combined, middle and elementary principals do not significantly differ from each other in 
how they use multiple methods for analyzing student achievement data. However, the 
post hoc revealed that high school principals’ responses were significantly lower than 
those from elementary and middle school principals on the practice of using multiple 
methods for analyzing student achievement data.
Table 41
Post Hoc for Principals Creating a Data-Friendly 
Culture based on Grade Level Configuration 
Question 18________________________________
School Level N Subset for alpha = .05 
1 2
High School 80 3.96
Combined 27 4.15 4.15
Elementary 250 4.37
Middle 73 4.42
Means for groups in homogeneous subsets (Harmonic Mean Sample Size = 59.492)
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Analysis of Combined Responses within each Domain 
In the previous section, the ANOVAs and post hoc tests were performed for each 
individual item within the domain. The overall grand mean, which combines GLCs and 
includes all four domains, resulted in a rating of 4.29 (SD = 0.71). The principals’ 
domain grand means for all GLC responses fell between the categories of “Often” and 
“Always” with domain means ranging from 4.22 (SD = 0.75) to 4.37 (SD = 0.67). In 
order to summarize and compare GLCs by domain, the responses for individual items for 
each domain were combined. An ANOVA was conducted to determine whether mean 
scores were significantly different among groups based on the GLC for the combined 
responses in each domain.
Table 42 summarizes the means of the combined responses for each of the four 
domains on how principals describe their use of data to make instructional decisions 
based on grade level configuration. The ANOVAs for the combined responses revealed 
that all of the comparisons were significant. Therefore, post hoc tests (Tukey’s HSD test) 
were performed to reveal where the differences lie. Importantly, all post hoes showed 
high school principal responses were significantly lower than the responses from middle 
and elementary principals for each of the domains.
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Table 42
Combined Responses for each Domain based on Grade Level Configuration
Survey Domains Grade Level Configuration Principals’ Means
Analyzing Data3 Elementary 4.46
Middle 4.42
High 4.14
Combined 4.13
Domain Grand Mean 4.37
Reporting and Elementary 4.30
Communicating Middle 4.24
through Datab High 4.00
Combined 4.17
Domain Grand Mean 4.22
Using Data Elementary 4.32
for School Middle 4.28
Improvement0 High 4.06
Combined 4.02
Domain Grand Mean 4.24
Creating a Elementary 4.41
Data-Friendly Middle 4.36
Cultured High 4.05
Combined 4.20
Domain Grand Mean 4.32
Total Overall Grand Mean 4.29
aF  (2, 393) = 16.31, p < .001
b F (2, 393) = 9.83, p < .001
c F (2, 393) = 8.19, p < .001
d F (2, 393) = 15.49, p<.001
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Research Question for Phase III
7. Is there a discrepancy between the major themes identified in the extant literature 
regarding school leaders ’ decision making and the ways in which Virginia principals use 
data to make decisions?
Phase III involved the exploration of principals use of student achievement data to 
make decisions and how those practices compare with the literature. Using the domains 
set forth in the literature review (see Table 9) it is clear that within the literature 
researchers place a major emphasis on the data-driven decision making practices of 
analyzing data and using data for school improvements. These two domains were cited 
most frequently in the literature. The other two domains, reporting and communicating 
through data and creating a data-friendly culture are less emphasized in the literature yet 
remain essential components to data-driven decision making. In an effort to determine 
the ways principals’ use data to make decisions, mean data from Section 1 of the survey 
addressing principals’ use of data were used (see Tables 10-13).
The survey items pertaining to principals’ use of student achievement data in 
decision making were coded such that responses of always were given a value of 5, often 
was given a value of 4, sometimes was given a value of 3, rarely was given a value of 2, 
and never was given a value of 1. In order to compare how principals use data to make 
decisions with the literature on data-driven decision making, the means from each 
domain were compared with the percentage for areas of emphasis in the literature.
Table 43 illustrates the mean data of principal responses of the four domains in 
comparison to the areas of emphasis based on the literature review. According to the 
survey results, the majority of principals describe themselves as using all four domains of
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data-driven decision making at least often if not always with means ranging from 4.22 to 
4.37, which is consistent with the literature. Although the literature considers all four 
domains as critical to data-driven decision making, analyzing data and using data for 
school improvement are the major emphasis. Survey results indicate principals’ highest 
mean was the analyzing data domain; again, consistent with the literature. Reporting and 
communicating through data is the least emphasized domain in the literature and also 
resulted in the lowest principals’ mean.
Table 43
Comparison o f Major Themes Identified in the Extant Literature Regarding School 
Leaders ’ Decision Making and the ways in which Principals use Data to Make 
Decisions
Survey
Domains
Corresponding Survey 
Section 1 Items
Principals’
Means
Percentage for Areas 
of Emphasis in the 
Literature
Analyzing Data Questions 1,2, 10, 12, 15 4.37 100%
Reporting and 
Communicating 
through Data Questions 6, 7, 9, 13, 14 4.22 63%
Using Data 
for School 
Improvement Questions 4, 5, 16, 17 4.24 92%
Creating a
Data-Friendly
Culture
Questions 3, 8, 11, 18 4.32 75%
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Chapter V: Summary, Discussion, and Recommendations 
This chapter presents: (a) an overview of research findings; (b) a discussion of the 
results; (c) recommendations for future research and practice related to parental 
involvement in preschool programs for at-risk learners; and (d) summary.
Overview of Research Findings 
This study examined Virginia principals’ use of data to make instructional 
decisions; perceptions of the importance of data-driven decision making; use of data 
sources and importance placed on such data sources; and operational definition of data- 
driven decision making. The study was conducted in three phases: (a) Phase I: 
Investigated the major themes of school leaders’ use of data-driven decision making 
according to the literature; (b) Phase II: Researched Virginia principals’ perceptions of 
data-driven decision making; and (c) Phase III: Compared Virginia principals’ 
perceptions with the research. A literature review was completed for Phase I. A survey 
was used for Part II of this study. Four-hundred fifty-two principals responded to the 
online survey with a response rate of 31%. A comparison with the literature base was 
used for Phase III to determine similarities and differences between the research and how 
principals describe their use of data.
Data analyses included descriptive statistics and ANOVA on close-ended survey 
items and content analysis of open-ended survey items. The findings are summarized as 
follows, organized by research questions.
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Research Question for Phase 1
1. What major themes are identified in the extant literature regarding school leaders ’ 
use o f student achievement data in decision making?
The survey used in this study was developed through information obtained by the 
review of the literature and information obtained by conducting a focus group and pilot 
testing. After conducting a thorough review of the literature on data-driven decision 
making, the following domains emerged: (a) analyzing data; (b) reporting and 
communicating through data; (c) use of data for school improvement; and (d) creating a 
data-friendly culture. Based on the literature review, the major areas of emphasis in data- 
driven decision making are analyzing data and using data for school improvement. The 
other two domains, reporting and communicating through data and creating a data- 
friendly culture were less emphasized in the literature but are still important components 
of data-driven decision making.
Research Questions for Phase II (2 -  6)
2. In what ways do Virginia principals use data to make instructional decisions?
This research question was analyzed using the four domains of data-driven 
decision making: (a) analyzing data; (b) reporting and communicating through data; (c) 
using data for school improvement; and (d) creating a data-friendly culture. The 
following overview includes research finding for each of the domains.
Analyzing Data
The majority of Virginia principals surveyed described themselves as using the 
practice of analyzing data. The mean rating of participants’ for the sample was 4.37 (SD 
= 0.67); the mean rating, therefore, was clustered between “often” and “always.”
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Principals’ responses were particularly favorable to survey items pertaining to 
certain analyzing data practices. Responses to, “I use student achievement data to guide 
instruction” yielded a mean rating of 4.62 (SD = 0.51); whereby all principals described 
themselves as taking part in this data analysis practice, the majority of whom chose 
“always” for this statement. Similarly and related to the practice of analyzing data, 
principals’ responses were also favorable to, “I use data to evaluate the alignment of the 
school’s actions with student achievement” that yielded a mean rating of 4.60 (SD =
0.52). The majority of participants chose “always” for this statement. Principals’ 
responses were favorable to, “I monitor student progress by analyzing student 
achievement data” (M= 4.51, SD = 0.59) the majority of principals chose “always.” 
Survey items yielding the lowest mean rating and the highest variability for 
analyzing data domain included “I evaluate the return on resources invested in 
intervention programs designed to address achievement gaps” (M= 3.93, SD = 0.85) and 
“I examine the relationship between students’ demographic variables and their academic 
achievement” (M=  4.19, SD = 0.81).
Reporting and Communicating through Data
The majority of Virginia principals surveyed described themselves as using the 
practice of reporting and communicating through data. The mean rating of participants’ 
reporting and communicating through data for the sample was 4.22 (SD = 0.75). The 
majority (84.1%) of principals chose often (44.4%) or always (39.7%).
Principals’ responses were particularly positive to survey items pertaining to 
certain reporting and communicating through data practices. Responses to, “I share 
student data with parents” yielded a mean rating of 4.37 (SD = 0.69); whereby all
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principals described themselves as taking some part in this practice, the majority of 
whom chose “always” for this statement. Similarly, principals’ responses were 
additionally favorable to, “I am proactive in communicating school performance data” 
that yielded a mean rating of 4.38 (SD = 0.65). The majority of participants chose 
“always” for this statement. Principals’ responses were favorable to, “I reference 
multiple assessment measures when communicating about school performance” (M= 
4.18, SD = 0.74) the majority of principals chose “often.”
Survey items yielding the lowest mean rating and the highest variability for 
reporting and communicating through data domain included “I conduct progress updates 
with stakeholders using student achievement data” (M= 4.12, SD = 0.77) and “I use 
student achievement data to advocate for financial support for school programs or 
initiatives” (M= 4.05, SD = 0.88).
Using Data for School Improvement
The majority of Virginia principals surveyed described themselves as using the 
practice of using data for school improvement. The mean rating of participants’ for the 
sample was 4.24 (SD = 0.72). Most principals (83%) chose often (37.3%) or always 
(45.7%) to describe their use of data for school improvement for the questions related to 
this domain.
Principals’ responses were particularly favorable to survey items pertaining to 
specific practices related to the use of data for school improvement. Responses to, “I use 
student achievement data to plan for school improvement” yielded a mean rating of 4.63 
(SD = 0.57); whereby all principals described themselves as using data for school 
improvement, the majority of whom chose “always” for this statement. Principals’
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responses were also favorable to, “When I make decisions about school improvement 
initiatives, I disaggregate student achievement data” that yielded a mean rating of 4.56 
(SD = 0.60). The majority of participants chose “always” for this statement.
Survey items yielding the lowest mean rating and the highest variability for using 
data for school improvement domain included “I use data to identify barriers to school 
improvement initiatives” (M= 4.16, SD = 0.73) and “I project school performance over 
the next 3 years using historical student achievement data” (M=  3.60, SD = 1.00). 
Importantly, the principal responses for the survey item on using historical data to project 
school performance resulted in the lowest mean for the 18 Likert-survey items for the 
four domains.
Creating a Data-Friendly Culture
The majority of Virginia principals surveyed described themselves as creating a 
data-friendly culture. The mean rating of participants’ for this domain was 4.32 (SD = 
0.71); the mean rating, therefore, was clustered between “often” and “always.”
Principals’ responses were predominantly favorable to survey items pertaining to 
certain practices for creating a data-friendly culture. Responses to, “I foster a data- 
friendly culture focused on school improvement” yielded a mean rating of 4.54 (SD = 
0.57); whereby all principals described themselves as taking part in this practice, the 
majority of whom chose “always” for this statement. Principals’ responses were 
favorable to, “I provide the staff with the information and skills needed to translate 
student achievement data” (M= 4.35, SD = 0.67) the majority of principals chose equally 
“always” and “often.”
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Survey items yielding the lowest mean rating and the highest variability for 
creating a data-friendly domain included “I allocate resources for the staff to analyze 
student achievement data” (M= 4.09, SD = 0.87) and “I use multiple methods for 
analyzing student achievement data” (M= 4.29, SD = 0.73).
3. What do Virginia principals feel are important reasons for using data-driven 
decision making?
A closed-ended survey item, “Select three phrases below you feel are the most 
important reasons for using data-driven decision making” yielded data on principals’ 
perceptions on the important reasons for using data-driven decision making. The most 
frequently chosen reasons for the importance for using data-driven decision making were 
measure student progress (69%), assess instructional effectiveness (67%), and address 
achievement gaps (53%). Results indicated that principals’ chose report to the 
community (1.8%) as the least important reason for data-driven decision making.
4. What data do Virginia principals use to make instructional decisions and how 
do they place relative importance on such data?
Section 3 of the survey asked principals to, “Select the data types you use to make 
instructional decisions. (Select all that apply).” The most frequently chosen data source 
was criterion tests (96%). Other commonly chosen data types were observations (78%) 
and performance tests (75%). The least selected data type was attrition rates (11.3%).
A content analysis of 74 principals’ responses to the open-ended choice “Other” 
for the survey data source yielded additional data. Specifically, a majority of the 
principals described criterion (31%) type data sources. Emergent categories included
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22% of the message units (n = 26) categorized by principals as formative assessment data 
sources and 13% (n=  15) as summative assessment data sources.
Section 4 of the survey asked, “Based on the data sources listed above, please list 
the top 3 data sources (in order of importance) you feel are critical to your decision 
making process as a principal.” The first, or most important, data source was criterion 
tests (70%). The highest rating for the second most important data source was 
performance tests (28%) and the most commonly listed third in reference to the 
importance of data sources was observations (18%).
5. How do Virginia principals operationally define data-driven decision making?
This open-ended question was addressed by Section 5 of the survey. A content 
analysis of principals’ responses to the survey item, “In one sentence, briefly state your 
working definition of data-driven decision making.” indicated that Virginia principals 
define it by practices indicated by the following domains: (a) analyzing data; (b) 
reporting and communicating through data; (c) using data for school improvement; and 
(d) creating a data-friendly culture. Of these, the most frequently cited was analyzing 
data (55%). The other domains were as follows: using data for school improvement 
(28%), reporting and communicating through data (11%), and creating a data-friendly 
culture (7%).
To further describe the ways principals operationally defined data-driven decision 
making, a second content analysis was conducted using word count. None of the 
responses contained the a priori term culture. The most commonly reported term was 
data, representing 15.0% (n = 335) of the frequency counts. Eleven and seven-tenths 
percent (n = 262) of the responses included the term making decisions and 9.0% (n =
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
129
201) of the operational definitions included the term curriculum/instruction. Other 
frequently used terms include: inform 6.1% (n =136), analyzing 5.1% (n = 113), data- 
driven 5.2% (n = 116), improvement 5.2% (n =117), school 5.3% (n =119), and student 
achievement 5.5% (n = 112). The least frequently used term in the principals’ operational 
definitions was data friendly with only one frequency count (0.1%).
6. Do Virginia principals differ in their use o f data based on the grade level 
configuration (e.g., elementary, middle, or high) o f their schools?
Analyses of Variances (ANOVAs) and post hoc tests were performed to compare 
group means on each of the four domains: (a) analyzing data; (b) reporting and 
communicating through data; (c) using data for school improvement; and (d) creating a 
data-friendly culture as combined domain item responses and individual items within the 
domains. The ANOVA for the combined responses revealed that all of the comparisons 
were significant. Notably, all post hoes showed high school principal responses were 
significantly lower than the responses from middle and elementary principals for each of 
the domains.
The following sections delineate the findings of the ANOVAs and post hoes for 
the individual item responses within the four domains. Several ANOVAs were 
significant and post hoc tests revealed where these differences lie.
Analyzing Data
Results for analyzing data revealed there were significant differences based on 
school level with respect to principals’ use of student achievement data to guide 
instruction, use of data to evaluate the alignment of the school’s actions with student 
achievement, and monitoring progress by analyzing student achievement data (alpha =
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.05). In regard to these practices, data revealed high school and combined school 
principals’ responses were significantly lower than those from middle school and 
elementary principals. There were no significant differences between groups in the 
practices of evaluating the return on resources invested in intervention programs designed 
to address achievement gaps and examining the relationship between students’ 
demographic variables and their academic achievement.
Reporting and Communicating through Data
Results for reporting and Communicating through data domain revealed there 
were significant differences based on school level with respect to principals’ referencing 
multiple assessment measures when communicating about school performance (alpha = 
.05). In regard to these practices, data revealed high school level principals’ were 
significantly lower than those from middle and elementary school level principals. There 
were no significant differences between groups in the practices of sharing student 
achievement data with parents, conducting progress updates with stakeholders using 
student achievement data, using student achievement data to advocate for financial 
support for school programs or initiatives, and being proactive in communicating school 
performance data.
Using Data for School Improvement
Results for using data for school improvement revealed there were significant 
differences based on school level with respect to principals disaggregating student 
achievement data when making decisions about school improvement initiatives and using 
student achievement data to plan for school improvements (alpha = .05). In regard to 
these practices, data revealed high school and combined school level principals’
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responses were significantly lower than those from elementary school level principals. 
Additionally, in reference to using student achievement data to plan for school 
improvements, responses from high school level principals were significantly lower than 
those from middle school. There were no significant differences between groups in the 
practices of projecting school performance over the next 3 years using historical student 
achievement data and using data to identify barriers to school improvement initiatives. 
Creating a Data-Friendly Culture
Results for creating a data-friendly culture revealed there were significant 
differences based on school level with respect to principals fostering a data-friendly 
culture focused on school improvement, providing the staff with the information and 
skills needed to translate student achievement data, and using multiple methods for 
analyzing student achievement data (alpha = .05). In regard to the practice of fostering a 
data-friendly culture, data revealed high school and combined school level principals’ 
responses were significantly lower from elementary school level principals’ responses. 
The practice of providing the staff with the information and skills needed to translate 
student achievement data showed significant lower responses from high school level 
principals in comparison to elementary and middle school level principals. The analysis 
of using multiple methods for analyzing student achievement data, revealed high school 
level principals’ responses were significantly lower from elementary school level 
principals. There were no significant differences between groups in the practice of 
allocating resources for the staff to analyze student achievement data.
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Research Question for Phase III
7. Is there a discrepancy between the major themes identified in the extant literature 
regarding school leaders ’ decision making and the ways in which Virginia principals use 
data to make decisions?
The review of the literature revealed four domains for data-driven decision 
making identified by the researcher as (a) analyzing data; (b) reporting and 
communicating through data; (c) using data for school improvement; and (d) creating a 
data-friendly culture. The research placed a major emphasis on the data-driven decision 
making practices of analyzing data and using data for school improvements. These two 
domains were cited most frequently in the literature. The other two domains, reporting 
and communicating through data and creating a data-friendly culture were less 
emphasized in the literature yet remain essential components to data-driven decision 
making.
When comparing principals’ use of data to make decisions with the literature, the 
principals’ means of all the domains reveal alignment with the practices found in the 
literature. The highest mean is reflective of the literature review that listed analyzing 
data 100% of the time. Although reporting and communicating through data was the 
least emphasized domain (59%) in the data-driven decision making literature, it was still 
an important practice. In regard to this domain, the principals’ mean of 4.37 was the 
lowest but still resulted between practices being done “often” or “always.” These 
findings reveal that there is alignment between the major themes identified in the extant 
literature regarding school leaders’ decision making and the ways in which Virginia 
principals use data to make decisions. However, the principals’ responses for data
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
133
sources and definitions in this study reveal the possibility that some principals are 
uniformed about data-driven decision making practices as described in the literature.
Discussion of Results 
The findings of this study are generally consistent with the practices described in 
the literature on data-driven decision making. Although expectations stemming from the 
accountability movement require school leaders to use data in decision making, other 
possible reasons exist for the principals’ overall high means on their use of data to make 
decisions. Expressly, the increase in available data collection and analysis tools (e.g., 
data warehousing, technology) and additional professional development on data-driven 
decision making skills (Creighton, 2007; Holcomb, 2004; Picciano, 2006; Streifer, 2002) 
are possible reasons for the high means. Additionally, only 31% of the sample 
participated in the survey. It is possible that the non-respondents were those principals 
least comfortable with the topic of data-driven decision making or with technology (e.g., 
electronic correspondence, online survey).
Moreover, it is feasible that the high means for the close-ended questions of the 
survey items were due in part because principals felt less comfortable with explaining 
data-driven decision making in their own words rather than choosing terms to describe 
their use of data. Considering the lower completion rate of the definition section and 
possible reasons for non-respondents coupled with the fact that data analysis is a 
mandated expectation for principals, the high means for all domains may not be an 
accurate depiction of what is occurring in Virginia schools. Furthermore, the largest 
number of respondents had zero to 10 years of experience as a principal. It could be that 
those principals who most recently entered the field are most comfortable with the topic
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and technology. Therefore, the barriers facing principals to take part in data-driven 
decision making may greatly impact those principals who did not participate in the study. 
Data-Driven Decision Making Domains
The initial phase of this research study investigated data-driven decision making 
as described in the literature. Based on the literature review, four domains emerged as 
important data-driven decision making. Importantly, the majority of principals described 
themselves as using student achievement data in their decision making on a regular basis 
defined by the four domains: (a) analyzing data; (b) reporting and communicating 
through data; (c) using data for school improvement; and (d) creating a data-friendly 
culture with domain means ranging between 4.22 (SD = 0.75) to 4.37 (SD = 0.67). All 
means fall between the descriptors of “Often” (4.0) and “Always” (5.0). Across the four 
domains, there were consistent, significant differences between the ways high school 
level principals and elementary school principals use data for decision making. The 
ANOVA for the combined domain responses revealed that all of the comparisons were 
significant. Importantly, all post hoes showed high school principal responses were 
significantly lower than the responses from middle and elementary principals for each of 
the domains.
Based on the literature, the Likert-scale survey items, and the principals’ 
definitions, the most emphasized domain was analyzing data. Similar to the literature, 
the principals’ definitions resulted in the lowest domain ratings for reporting and 
communicating through data and creating a data-friendly culture. In contrast, principals 
describing their practices for creating a data-friendly culture in Section 1 of the survey
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had the second highest mean following analyzing data. Unlike the literature and the 
principals’ definition, the use o f data for school improvement had the third lowest mean.
Analyzing data was the most frequently cited domain in the literature and 
principals’ responses reflected a similar trend with the highest domain mean of 4.37 (SD 
= 0.67). The majority of principals described themselves as using student achievement 
data to guide instruction. Again, consistent with the literature on analyzing data 
practices, principals identified the practices of using data to measure student progress and 
assessing instructional effectiveness as the most important reasons for conducting data- 
driven decision making. These practices fall into the domain of analyzing data.
One of the cautions in the literature was the possibility for principals to feel 
pressure due to the accountability movement and, therefore, relating the practice of 
analyzing data solely to high-stakes tests (Creighton, 2000; Creighton, 2005; Elmore & 
Fuhrman, 2001; Holcomb, 2004; Reeves, 2004; Picciano, 2006). The principals listed 
measuring student progress and assessing instructional effectiveness as the most 
important reasons for data-driven decision making. The least important reason was 
reporting to the community with only 1.8% of the principals choosing this as an 
important reason for data-driven decision making. The greatest variability in responses, 
and possible weakness, occurred in the using data for school improvement domain for the 
item on projecting school performance over the next three years using data.
Data Sources
The principals’ responses ranked criterion tests as the most important data source 
for decision making. High-stakes tests are often criterion assessments (Creighton, 2005; 
Streifer, 2001). In fact, principals choosing “other” as a data source listed examples of
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high-stakes, criterion tests such as the Standards of Learning assessments as the most 
important data source. Interestingly, more than 30% of the 74 principal responses for 
“other” listed criterion assessments despite examples of criterion assessments listed on 
the survey. A potential difficulty for principals practicing data-driven decision making 
could be the misunderstanding of basic knowledge or a common language of assessment. 
For example, the inconsistency in principals’ responses indicates a possible 
misunderstanding of the types of assessments within each data source.
The principals’ high rating for the analyzing data domain in both their use of data 
and working definition of data-driven decision making, along with 96.2% of principals 
selecting criterion tests as the data source used to make instructional decisions, further 
indicate the possibility that high-stakes testing might be the primary data source used by 
principals. Federal law under NCLB mandates schools to expand the testing of students 
and the monitoring of their progress. Efficient and accurate data-driven decision making 
allows school leaders to comply with the legal requirements thus securing federal funds 
(Picciano, 2006).
Prior to the standards-based movement, norm-referenced tests were a common 
data source used for decision making in schools. Based on the principal responses from 
this study, criterion assessments are used almost 100% of the time in contrast to norm- 
referenced assessments about 50% of the time.
Definition o f  Data-Driven Decision Making
Furthermore, principals operationally defined data-driven decision making by 
citing examples of practices from each of the four domains. Notably, principals describe 
themselves as using data to make decisions but in offering an operational definition for
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data-driven decision making they site practices at much lower levels. In fact, the word 
culture was not used in any principals’ definitions and the term data-friendly was only 
mentioned once.
Interestingly, the domain results from the Likert-scale items in Section 1 of the 
survey do not match the operational definitions in Section 5. Principals describe 
themselves as using data in decision making but in the definition, they site practices 
related to the four domains at a much lower rating: analyzing data (54.5%,); reporting 
and communicating through data (10.5%); use o f data for school improvement (27.6%); 
and creating a data-friendly culture (7.4%). The word culture was not used at all and 
data-friendly was used only once in the principals’ operational definition of data-driven 
decision making. This researcher further acknowledges that only 84% of the participants 
responded to the survey item asking principals to operationally define data-driven 
decision making. All other sections of the survey had a higher completion rate of 95% to 
100%.
Barriers to Data-Driven Decision Making
Research indicates the importance of data-driven decision making can be impeded 
by barriers facing school leaders attempting to implement the process (Bernhardt, 2004; 
Creighton, 2001; Cromey & Hanson, 2000; Elmore & Fuhrman, 2001; Holcomb, 1999; 
Holcomb, 2004; Lambert, 2003; Lashway, 2002; Picciano, 2006; Reeves, 2004; Streifer, 
2002; Taylor, 2002; Terry, 1996). This study revealed that Virginia principals are using 
data-driven decision making based on the four domains on a regular basis with 
principals’ means ranging between “often” and “always.”
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Although the principals in this study self-reported using data, the domain of using 
data for school improvement included the survey item with the lowest mean of 3.60 in 
Section 1 of the survey. This survey item asked principals to describe their use of 
historical student achievement data to project school performance over the next three 
years. Interestingly, the domain of using data for school improvement had an overall 
mean of 4.24 and was a major emphasis (92%) in the literature. It seems principals are 
using data for school improvement on a regular basis (between “often” and “always”) but 
the use of historical data to project school performance is being done less often (between 
“sometimes” and “often”). Perhaps barriers exist for principals to use historical data to 
project school performance consistently.
Recommendations 
Based on this study’s findings, the researcher offers the following 
recommendations to increase principals’ use and understanding of student achievement 
data in decision making, in order of priority:
1. Establish practices for school leaders to increase the possibility o f having a data- 
friendly school culture. Research indicates that triangulating data are an important part of 
data-driven decision making but the cautions state that often high-stakes tests are the only 
data used. Because principals in this study cited criterion tests as the primary data 
source, it is important a variety of data are being used including inputs, processes, and 
outcomes (Holcomb, 2004; Leithwood, Aitken, & Jantzi, 2001; McEwan, 2003; Picciano, 
2006; Streifer, 2002). Specifically, additional data sources such as promotion rates, 
observations, performance assessment, surveys and interviews should be used on a 
regular basis. Principals need to model using a variety of data sources and share the data
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in easy to understand formats with the school community (Holcomb, 2004). The concept 
of holistic accountability or student-centered accountability includes a variety of data 
sources to get a better understanding of what is occurring in schools (Reeves, 2004). It is 
more accurate, constructive, and motivating than focusing just test scores. Therefore, 
principals should be embracing the concept of holistic accountability.
Sharing simple strategies for data-driven decision making is another way to 
establish a data-friendly culture (Creighton, 2007; Holcomb, 2004; Lezette & McKee, 
2002; Streifer, 2004). One strategy is using technology effectively to conduct data-driven 
decision making by using data warehouses and information technologies (Streifer, 2002). 
Strategies include creating a common understanding of what data are, modeling 
immersion into the data, commitment to data for improvement, and presenting data in 
easy to understand formats to be meaningful to stakeholders. This study found 
differences between elementary and high school level principals’ use of data. One 
suggestion is to have principals from both levels share effective data-driven decision 
making strategies with each other.
One barrier to data-driven decision making in schools is the fear that the 
analyzing student achievement will be used against individual teachers, teams, or school 
(Holcomb, 2004). The pressures from NCLB and accountability movement related to 
sanctions and decreased school funding, have increased this fear. It is critical for school 
leaders to create a data-friendly culture by using multiple data sources to make decisions 
and use shared leadership to discuss what the data are showing. Ample data exist but 
school leaders need to use data to inform stakeholders and decision making (Holcomb, 
2004).
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2. Increase resources for data-driven decision making. Schools need to invest in 
sufficient resources for data-driven decision making (Holcomb, 2004; Kerr, 2006; 
Leithwood, Aitken, & Jantzi; Picciano, 2006). Increased resources will help principals 
cope with the many barriers facing school leaders attempting to implement the process of 
data-driven decision making (Bernhardt, 2004; Creighton, 2001; Cromey & Hanson, 
2000; Elmore & Fuhrman, 2001; Holcomb, 1999; Holcomb, 2004; Lambert, 2003; 
Lashway, 2002; Picciano, 2006; Reeves, 2004; Streifer, 2002; Taylor, 2002; Terry,
1996). Resources include increased release time and training for professional 
development on how to effectively engage in data-driven decision making. Increased 
resources will decrease the reluctance of some stakeholders to participate in using data to 
make decisions (Holcomb, 2004). Furthermore, the practice of data-driven decision 
making in education administration is still a relatively emerging field (Streifer, 2002) and 
will require additional resources to increase the practice in schools.
3. Increase principals ’ skills and resources to project school performance over the next 
3 years using historical achievement data. Effective data collection and analysis used 
to monitor continually the progress of student learning is a way for school leaders to 
achieve school improvement (McEwan, 2003). Using historical data to project school 
performance is an expectation of using data for school improvement domain. This was 
the lowest rated practice for principals and, therefore, increasing skills and devoting 
resources specifically for this practice is a recommendation of this researcher.
The accountability movement requires schools to monitor student progress based 
on testing results. Projecting school performance using historical achievement is 
considered good practice but is not mandated. Data-driven decision making allows
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school leaders to help meet the expectations of the accountability movement to use data 
to plan, monitor, and evaluate student achievement and use of resources (Picciano, 2006). 
A focus on increasing student achievement is one valid reason to expect schools to be 
accountable (Leithwood, Aitken, & Jantzi, 2001) and use data to make decisions. 
However, data-driven decision making still requires principals to make wise judgments 
based on experience (Streifer, 2002). Principals projecting school performance can make 
judgments about future needs and share the data to support their decision making to 
stakeholders. Additionally, principals can proactively advocate the need for resources 
required to make continuous school improvements based on data.
4. Create common terms and expectations for data-driven decision making. Corporate 
America has used data-driven decision making for many years but it is an emerging skill 
for educational leaders (Lezotte & McKee, 2002; Streifer, 2002). Effective instructional 
leaders monitor student progress and use data to make decisions (Cotton, 2003;
Creighton, 2000; King, 2002; Krug, 1993, Lezotte & McKee, 2002). Recently the term 
data-driven decision making has become a common term used in education. However, 
since it is an emerging skill for education leaders it appears differences exist in how 
principals describe and define data-driven decision making practices.
For example, the four domains consistently showed a significant difference 
between the ways high school level principals and elementary school principals use data 
for decision making. Possibilities for these differences may be due to the different 
organizational structure of each school level. The different available data sources, the 
various role of principals, and the length of years schools have been subjected to high- 
stakes testing differ between elementary and secondary schools. Furthermore, the
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domain results from the Likert-scale items in Section 1 of the survey asking principals to 
describe their data-driven decision making practices do not match the operational 
definition in Section 5. Principals describe themselves as using data in decision making 
but in the definition, they site practices related to the four domains at a much lower 
rating. In analyzing the definition by word, the term culture was not used by any 
respondents and data-friendly was only cited once. In order for principals to effectively 
engage and lead their staff in data-driven decision making, this researcher suggests a 
common language defining consistent practices, expectations, and practices involved in 
the process should be discussed with leadership teams (Holcomb, 2004). Additionally, 
principal responses were inconsistent and revealed confusion on what constitutes certain 
types of data sources.
One expectation of data-driven decision making is reporting and communicating 
through data. Principals described themselves as taking part in practices for this domain. 
However, using data to report to the community was the least important reason chosen by 
principals. Perhaps principals need to know the importance of how to effectively 
communicate data to report school progress and updates and make this a common 
expectation for schools.
5. Recommendations for further research on principals ’ use o f data-driven decision 
making. First, the topic of using technology is an important area for further research.
The use of technology can help make data-driven decision making more effective, but 
equally important, it can be a barrier. The processes for data gathering and analysis are 
complicated and time consuming. According to Streifer (2002), 90% of data-driven 
decision making time will be spent on gathering and analysis of data unless technology is
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used. Unfortunately, technology becomes a barrier if educators are unprepared to use 
statistics, including databases and spreadsheets, for data analysis (Creighton, 2000; 
Holcomb, 1999; Streifer, 2002). Furthermore, school and district data are often gathered 
using different systems (Streifer, 2002). Although data warehouses can link the data 
together, building a data warehouse is complicated and costly. This study did not explore 
the use of technology as a resource or a barrier. In addition, to help increase the use of 
data-driven decision making in schools, further research on the barriers facing principals 
would be beneficial to determine what other resources or strategies need to be 
recommended.
Further analysis of the topic could include focus groups or interviews. In 
particular, additional research focused on the non-respondents could reveal important 
findings on the topic of data-driven decision making. Clarification of data sources and 
data-driven decision making terms could reveal insights. Additional investigation could 
reveal why differences exist between elementary and secondary schools.
Summary
Data-driven decision making is critical to instructional leadership in an effort to 
increased student achievement. The process is much more than collecting and analyzing 
data. Principals need to have the resources to model and implement the practices of all 
data-driven decision making domains including: (a) analyzing data; (b) reporting and 
communicating through data; (c) using data for school improvement; and (d) creating a 
data-friendly culture. The accountability movement including standards and high-stakes 
testing is something that will continue in the future of education. Principals should 
integrate the practices of data-driven decision making with other leadership practices,
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which can help them gain control of their schools’ future (Picciano, 2006). Instead of 
fearing possible intrusion from external agencies because of sharing student achievement 
data, school leaders should analyze data to project school performance and make 
decisions leading to school improvement based on data. The more school leaders 
effectively communicate and report on their schools’ data to internal and external 
stakeholders, the more in control they will be in guiding their school improvements.
They can profoundly influence educational policy for the better (Reeves, 2004). This 
researcher chose to explore the topic of how principals are using student achievement 
data in decision making to compare it with the literature base. It is this researcher’s goal 
that these data will be useful in helpful to understand the current practices of data-driven 
decision making.
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Appendix A
Invitation to Virginia Principals to Participate in Survey
As a doctoral candidate at the College of William and Mary, I am conducting a study that 
involves an on-line survey that can be completed in 15 minutes or less. My doctoral 
research study is on how school principals use data. All survey responses will remain 
anonymous.
The survey is available at
http://www.survevmonkev.com/s.asDx?sm^7dYzflQ 2fLs2QSfmPZtDY4w 3d 3d
Would you please consider responding at your earliest convenience?
When you click on the link above, the first statement will ask for your participation in the 
study. If you agree, click next and you will be taken to the survey questions. The survey 
will be available through June 30, 2007.
If you have any questions, please contact me at sahutt@wm.edu or 757-377-7895. You 
may also contact my dissertation chair, Dr. James Stronge atjhstro@wm.edu.
If you would like an executive summary of this research study, please email me 
separately at sahutt@wm.edu or respond to this email stating that you would like a copy 
of the executive summary of this research study.
Thank you so much for your time and for your opinions.
Sincerely,
Susan Hutton, Doctoral Student 
College of William and Mary
THIS PROJECT WAS FOUND TO COMPLY WITH APPROPRIATE ETHICAL 
STANDARDS AND WAS EXEMPTED FROM THE NEED FOR FORMAL REVIEW 
BY THE COLLEGE OF WILLIAM AND MARY PROTECTION OF HUMAN 
SUBJECTS COMMITTEE (Phone 757-221-3966) ON 2007-05-30 AND EXPIRES ON 
2008-05-30.
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
156
Appendix B
Survey of Virginia School Leaders’ Use of Data-Driven Decision Making
urvey of VA School Leaders' Use of Data-Driven-i?e$s}p?Mfk?ng
Agree to do survey
By se lec ting  "Next," I ag ree  to p a rtic ip a te  m a  study  o f Virginia X -12 School Principals' u se  o f s tu d e n t  ach ievem en t d a ta  m decision making. My partic ipa tion  involves th e  com pletion 
of this online su rvey , which is anonym ous, if 1 am uncom fortable answ ering  any  question,. 1 h av e  th e  righ t to  refrain from answ ering w ithout pen a lty , 1 u n d ers ta n d  th a t  1 h a v e  th e  
"B ht to  re fu se  to  p a rtic ip a te  in th e  survey  a t  anytim e w ithout c o n se q u en ce s ,
if 1 hav e  q uestions regarding th e  s tu d y , I ca n  c o n ta c t  th e  p ro jec t advisor, Dr. Jam es S tro n g e a t  757-221-2339 or jh s tro ^ w m  sriu . To re p o rt any  d issa tisfac tio n  with th e  study,. I 
u n d ers ta n d  th a t  I m ay c o n ta c t  th e  Chair o f th e  Human S u b je c ts  com m ittee , Dr. Michael D ssch e n es a t  {757} 221-2778  or m rd es^ w m .a d u , or Dr. Thom as W ard, chair o f th e  School 
o f  Education In ternal Review C om m ittee a t  (?S7) 221-2358 or tjw ard ^ w m .e d u .
THIS PROJECT WAS FOUND TO COMPLY WITH APPROPRIATE ETHICAL STANDARDS AND WAS EXEMPTED FROM THE NEED FOR FORMAL REVIEW 8Y THE COLLECE OF WILLIAM AND 
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2 -  Rarely
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1 . P le a s e  s e l e c t  y o u r  u s e  o f  s tu d e n t  a c h ie v e m e n t  d a ta  In d e c is io n  m
I u se  s tu d e n t  a c h iev em en t d a ta  h> guide in struction .
I u se  d a ta  to  e v a lu a te  th e  alignm ent o f  th e  schoo l's  a c tio n s  with 
s tu d e n t  a c h ie v e m e n t.
T fo s te r  a  d a ta -fn e n d ly  cu ltu re  fo c u sed  on school im provem ent.
W hen i m ake dec isio n s  a b o u t  school im provem ent initiatives., i 
d is a g g re g a te  s tu d e n t  ac h ie v e m e n t d a ta .
I p ro je c t schoo l p erfo rm ance o v e r  th e  n e x t 3 y e a rs  using h istorical 
s tu d e n t  a c h iev em en t d a ta .
I sh a re  s tu d e n t  a c h ie v e m e n t d a ta  w ith p a re n ts .
I c o n d u c t p ro g ress  u p d a te s  w ith s ta k e h o ld e rs  using  s tu d e n t 
a c h iev em en t d a ta .
T a llo ca te  re so u rc e s  for th e  s t a f f  to  an a ly ze  s tu d e n t  ac h iev em en t 
d a ta ,
I u se  s tu d e n t  a c h ie v e m e n t d a ta  to  a d v o c a te  for financial su p p o rt 
for schoo l program s o r in itia tives.
I e v a lu a te  th e  re tu rn  on  re so u rc e s  in v e s te d  ;n in terv en tio n  
program s d esig n ed  to  a d d re s s  a c h ie v e m e n t g a p s .
I p rovide th e  s ta f f  -/nth th e  inform ation  an d  skills n e e d e d  to  
tra n s la te  s tu d e n t  ac h ie v e m e n t d a ta .
I exam ine th e  re la tionsh ip  b e tw e e n  s tu d e n ts ' dem ographic variables 
and  th e ir ac ad e m ic  a c h ie v e m e n t.
I am p ro a c tiv e  in com m unica ting  sch o o l perfo rm an c e  d a ta .
I re fe re n c e  m ultiple a s s e s sm e n t  m e a su re s  w hen  com m unicating  
a b o u t schoo l p erfo rm an c e.
I m onitor s tu d e n t  p ro g re ss  by analyzing  s tu d e n t  a c h ie v e m e n t d a ta .  
I u se  d a ta  to  identify  harriers to  school im provem ent in itia tives,
I u se  s tu d e n t  ac h ie v e m e n t d a ta  to  p lan  for school im provem ents.
I u se  multiple m e th o d s  for analyzing  s tu d en t, a c h ie v e m e n t d a ta .
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7.  S e le c t  ff tr e o  p h r a s e s  b e lo w  y o u  f e e l  a r e  th e  m o s t  im p o r ta n t r e a s o n s  fo r  u s in g  d a ta  d riv en
I M easure  s tu d e n t  p ro g re ss  f P rom ote ac co u n tab ility
I  A ddress a c h ie v e m e n t g a p s  T R eport to  t b s  com m unity
? M easure  program  e f fe c tiv e n e ss  I M ee t s t a t e  a n d  fe d era l reporting
T A ssess  in s tru c tio n a l e f fe c tiv e n e s s  f M aintain ed u c a tio n s!  focus
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3 , S e le c t  t h e  d a ta  t y p e s  y o u  u s e  to  m a k e  in str u c tio n a l d e c is io n s ,  ( s e l e c t  all th a t
I n o rm -re fe ren c ed  te s t s  (e .g . ,  lov^a, S ta n fo rd ;
I cn te rio n  (e .g . .  s t a t e  profic iency  a s s e s sm e n ts , AP e.sam s; 
t  p erfo rm ance te s t s  (e .g ., portfolio , p e rfo rm ance, experim en ts)
1 a ttritio n  r a ts s  
r  g ra d u atio n  ra te s
T prom otion ra te s  
I su rv ey s /g u e s tso n n a ires
)
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f g ra d e  poin t a v e ra g e
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T  O ther (p lea se  sp ec ify )
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4 .  B a s e d  o n  th e  d a ta  « 
principal.
a b o v e ,  p le a s e  l is t  t h e  lo p  3  d a ta  s o u r c e s  (in  <: i  cr itica l t o  y o u r  d e c is io n  m a k in g  p r o c e s s  a s  a
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mmnn
t  P re 7 | f~ i t o P
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
Y  ?T :T ryw t"-,Kj.ra
Demographic Data
P lease se lec t th e  dem ographic lntoimat-c.r
6 . Y our g e n d e r
Gander
7 . E xperience
Your num ber of y ea rs  of ex p e rien c e  as  a principa
8 .  S ch o o l L ev el
T he school level you  se rv e  as  a  principal
9 . E d u cation
H ighest level o f  e d u c a tio n  e a rn ed
ich b e s t describes you from the drop-down m enus.
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Appendix C 
Survey Participation Reminder
Last Friday, I sent an e-mail invitation requesting you to complete a brief survey about 
principals’ use of data. As a reminder the survey is available until June 30th.
The survey is available at
httD://www.survevmonkev.com/s.asr>x?sm=7dYzflQ 2fLs20SfmPZtDY4w 3d 3d
If you have not yet taken the survey, please consider taking 15 minutes or less to take the 
survey.
When you click on the link above, the first statement will ask for your participation in the 
study. If you agree, click next and you will be taken to the survey questions.
THANK YOU if you have already done the survey. Since all survey responses will 
remain anonymous and IP addresses are not being tracked, I am unable to see who 
responded.
If you have any questions, please contact me at sahutt@wm.edu or 757-377-7895. You 
may also contact my dissertation chair, Dr. James Stronge atjhstro@wm.edu.
If you would like an executive summary of this research study, please email me 
separately at sahutt@wm.edu or respond to this email stating that you would like a copy 
of the executive summary of this research study.
Thank you so much for your time and for your opinions.
Sincerely,
Susan Hutton, Doctoral Student 
College of William and Mary 
Assistant Principal 
Yorktown Elementary, YCSD
THIS PROJECT WAS FOUND TO COMPLY WITH APPROPRIATE ETHICAL 
STANDARDS AND WAS EXEMPTED FROM THE NEED FOR FORMAL REVIEW 
BY THE COLLEGE OF WILLIAM AND MARY PROTECTION OF HUMAN 
SUBJECTS COMMITTEE (Phone 757-221-3966) ON 2007-05-30 AND EXPIRES ON 
2008-05-30.
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Appendix D
A  P r i o r i  Categories for Survey Sections 3 & 4
Data Source Category Examples (if given on the survey)
Norm-referenced tests Iowa, Stanford
Criterion State proficiency assessments, AP exams
Performance tests Portfolio, performance, experiments
Attrition rates
Graduation rates
Promotion rates
Surveys/questionnaires
Interviews/focus groups
Observations
Grade point average
Discipline data
Course grades
A  P r i o r i  Categories for Survey Section 5
Domain Description
Analyzing Data
Select Student Achievement Data 
Gather Student Achievement Data 
Analysis of Data to Guide Instruction 
Data Mining
Evaluate Return on Resources
Achievement Gap (Compare Demographics with Achievement)
Reporting and Share Student Achievement Data with Parents
Communicating Conduct Progress Updates with Stakeholders
through Data Data used to Advocate for Financial Support
Proactive in Communicating School Performance Data
Decisions made to Increase Achievement based on Data
Using Data for Data used to Plan for School Improvement
School Improvement Projecting School Performance
Data used to Identify Barriers
Foster a Data-friendly Culture focused on School Improvement
Creating a Allocate resources for Staff to Analyze Data
Data-Friendly Culture Provide Staff with Information and Skills to Translate Data
Multiple Methods for Analyzing Data
Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.
